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Abstract: In this article, we present deterministic single objective economic order quantity model with limited storage 
capacity in neutrosophic environment. We consider variable limit production cost and time dependent holding cost into 
account. Here we minimize total average cost of proposed model by applying neutrosophic geometric programming, 
which is obtained by extending existing fuzzy and intuitionistic fuzzy geometric programming for solving resultant 
non-linear optimization model. Next we consider numerical application to show that optimal solution obtained by 
neutrosophic geometric programming is more desirable than that of crisp, fuzzy and intuitionistic fuzzy geometric 
programming. Also we perform sensitivity analysis of parameters and present key managerial insights. Finally we 
draw the conclusions. 


Keywords: Economic Order Quantity, Neutrosophic geometric programming, Non-linear optimization, Limited 
storage capacity, Shape parameter. 


1 Introduction 


We define inventory as anidle resource of any e nterprise. Although idle, a certain amount of inventory is 
essential for smooth conduction of organisational activities. We find control of inventory as one of the key 
areas for operational management. We observe that an adequate control of inventory significantly brings 
down operating cost and increases efficiency [1,2]. So we determine Economic Order Quantity (EOQ) to 
minimize total cost of inventory e.g., holding cost, order cost, and shortage cost. In most cases, optimization of 
corrosponding mathematical model requires Non-Linear Programming(NLP). And one of the most popular and 
constructive method for solving NLP problem is Geometric Programming (GP). It is convenient in applications 
of variety of optimization models and is under general class of signomial problems. We employ it to solve large 
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scale, real life based models by quantifying them into an equivalent optimization problem. Also GP allows 
sensitivity analysis to be performed efficiently. 

Historically, F. Harries [3, 4] first presented concept of EOQ and subsequently Wilson applied it. Hoon 
Jung et al. [5,6] discussed optimal inventory policies for maximizing profit of EOQ models under various cost 
functions. N. K. Mondal et al. [7] considered a model with deteriorating items. S. Islam [8] formulated multi- 
objective inventory model with capacity constraint and shortage cost. S. Sadjadi et al. [2] considered a model 
with cubic demand function. L. Janseen et al. [9] presented one extensive literature review of deteriorating 
inventory models. In recent era, development of EOQ model is primarily based on several constraints, among 
which budgetary and limited storage capacitys generate considerable attention of researchers. 

Again through investigation of cost minimization techniques for engineering and designing problem [10, 

11] Zenner introduced notion of GP. Later, Duffin et al. [12,13] presented the mathematical formulations of GP. 
Kochenberger [14] was the first scientist to solve non-linear EOQ problem by GP. Beightler and Phillips 
[15] studied advantages of applying GP to real life based problems. Afterwards, Cheng [16, 17] 
formulated an EOQ model with unit production cost. Lee [18] proposed GP formulations for optimal order 
quantities and prices with storage capacity limitations. Nezami et al. [19] determined optimal demand rate 
and production quantity by GP. Sadjadi et al. [1,2] investigated the integrated pricing, lot sizing and marketing 
planning model and reviewed literature of last two decades. Tabatabaei et al. [20] discussed optimal 
pricing and marketing planning for deteriorating items. Again total inventory cost of an EOQ model is 
controlled by constraints in real life based imprecise environment. Among numerous constraints that affect 
optimal inventory cost, e.g. ceiling on storage capacity, number of orders and production cost, In this 
article, we consider upper limit on storage capacity to be imprecise in nature. The much needed paradigm 
shift to bring impreciseness in math-ematics was formaly acted by Zadeh [21]. Next Bellman and Zadeh 
[22] used fuzzy set in decision making problems. Tanaka et al. [23] proposed objectives as fuzzy goals. 
Zimmerman [24] presented solution method for multi-objective linear programming problem in fuzzy 
environment. In subsequent years, mathematicians developed various optimization methods and employed 
them in different directions. Sommer [25] employed fuzzy concept to inventory and production-scheduling 
problem. Park [26] examined fuzzy EOQ model. Roy and Maiti [27] solved single objective EOQ model 
using GP technique in fuzzy environment. Islam and Mon-dal [28] formulated one fuzzy Eeconomic 
Production Quantity (EPQ) model having flexibility and reliability considerations. Mahapatra et al. [29] 
considered fuzzy EPQ model and solved by applying parametric GP technique. 

On the other hand, fuzzy set theory has been widely developed and recently several modifications have 
appeared. Atanassov presented Intuitionistic Fuzzy (IF) set theory, where we consider non-membership func- 
tion along with membership function of imprecise information. Whereas Atanassov and Gargov [30] listed 
optimization in IF environment as an open problem, Angelov [31] developed optimization technique in IF 
environment. Pramanik and Roy [32] analyzed vector operational problem using IF goal programming. A 
transportation model was elucidated by Jana and Roy [33] by using multi-objective IF linear programming. 
Chakraborty et al. [34] applied IF optimization technique for Pareto optimal solution of manufacturing 1n- 
ventory model with shortages. Garai et al. [35,36] worked on T-Sets based on optimization technique in 
air quality strategies and supply chain management respectively. Pramanik and Roy [37-39] applied IF goal 
programming approach to solve quality control problem and multi objective transportation problem also they 
investigated bilevel programming in said environment. 


Again F. Smarandache [40, 41] introduced Neutrosophic (NS) Set, by combining nature with philosophy. 
It is the study of neutralities as an extension of dialectics. Interestingly, whereas IF sets can only handle 
incomplete information but failed in case of indeterminacy, NS set can manipulate both incomplete and im- 
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precise information [40]. We characterize NS set by membership function (or, truth membership degree), 
hesitancy function (or, indeterminacy membership degree) and non-membership function (or, falsity mem- 
bership degree). In NS environment, decision maker maximizes degree of membership function, minimizes 
both degree of indeterminacy and degree of non-membership function. Whereas we find application of NS in 
different directions of research, in this article, we concentrate on optimization in NS environment. Roy and 
Das [42] solved multi-criteria production planning problem by NS linear programming approach. Baset et 
al. [43] presented NS Goal Programming (NSGP) problem. Pramanik et al. [44] presented TOPSIS method for 
multi-attribute group decision-making under single-valued NS environment Basset et al. [45] used Analytic 
Hierarchy Process (AHP) in multi-criteria group decision making problems in NS environment. Also they 
extended AHP-SWOT analysis in NS environment [46]. Sarkar et al. [47] used NS optimization technique in 
truss design and multi-objective cylindrical skin plate design problem. S. Pramanik [48, 49] discussed multi- 
objective linear goal programming problem in neutrosophic number environment. 


Recently Several researcher has worked on Multi-Criteria Decision Making (MCDM) or Multi-Attribute 
Decision Making (MADM) problem using neutrosophic environment. Biswas et al. [50] discussed neutro- 
sophic MADM with unknown weight information. Mondal and Pramanik [51] extended Multi-Criteria Group 
Decision Making (MCGDM) approach for teacher recruitment in higher education in neutrosophic environ- 
ment. Also, Biswas et al. [52] discussed MADM using entropy based grey relational analysis method under 
SVNSs environment. Afterwards, Mondal and Pramanik [53] explained neutrosophic decision making model 
for school choice. Pramanik et al. [54] investigated the contribution of some indian researchers to MADM in 
neutrosophic environment. Later on, Mondal and Pramanik [55] applied tangent similarity measure to neutro- 
sophic MADM process. Mondal et al. [56] developed MADM process for SVNSs using similarity measures 
based on hyperbolic sine functions. Mondal et al. [57,58] used hybrid binary logarithm similarity measure 
and refined similarity measure based on cotangent function to solve Multi-Attribute Group Decision Making 
(MAGDM) problem under SVNSs environment. Recently mondal et al. [59] analyzed interval neutrosophic 
tangent similarity measure based MADM strategy and its application to MADM problems. In recent era, Pra- 
manik et al. [60-62] solved MAGDM problem using NS and IN cross entropy, also they investigate 
MAGDM problem for logistic center location selection. Recently Biswas et al. [63-69] discussed distance 
measure based MADM and TOPSIS strategies with interval trapeziodal neutrosophic numbers, also they 
worked on aggrega-tion of triangular fuzzy neutrosophic set, value and ambiguity index based ranking 
method of SVTNs, hybrid vector similarity measures and their application to MADM problem respectively. 


Although we have performed extensive literature reviews and have found case studies of EOQ models 
in NS environment, we observe that in most cases, models are optimized through various existing software 
packages only. In this article, we consider one EOQ model with limited storage capacity. Next we solve it by 
using NSGP method. 


We organize the rest of the article as follows. In Section 2, we present elementary definitions. In Section 
3, we construct single objective EOQ model with limited storage capacity. In Section 4, we solve the model 
in crisp environment by applying classical GP. In Section 5, we present optimal solution of proposed model 
in fuzzy GP. In Section 6, we present optimal solution of proposed model in IFGP. In Section 7, we consider 
the model in NS environment and solve it by applying NSGP. Next numerical application in Section 8.1 shows 
that optimal solution in NS environment is more preferable than crisp, fuzzy and IF environment. Also we 
perform sensitivity analysis and present key managerial insights. Finally in Section 9, we draw conclusions 
and discuss future scopes of research. 
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2 Definitions 


2.1 Intuitionistic fuzzy set 
Let X be an universal set. An intuitionistic fuzzy set A in X is an object of the form: 
A= (#@;Ha(@), vat) ee X} 


Here p4(x) : X — [0,1] and v4(x) : X — [0,1] are membership function and non-membership function of 
Ain X respectively and satisfy the condition 0 < wa(@) +va4(z) < 1,Vr EX. 


2.2 Neutrosophic set 
Let X be an universal set. A neutrosophic (NS) set A € X is defined by: 
A= {(%, wale), oa(e),valz)): 2 eX}. 


Here j14(x),o,4(x) and v,(x) are called membership function, hesitancy function and non-membership func- 
tion respectively. They are respectively defined by: 


pa(z): X > |07,17[, oa(x): X 407,17 |, vale): X 9 [07,17 


subject to0- < sup wa(x) + sup o4(x) + sup va(a) < 3°. 


2.3 Single valued NS set 
Let X be an universal set. A single valued NS set A €_X is defined by: 
wa(x): X > [0,1],o4(2) : X > [0,1], v4(x2) : X - [0,1] 


subject to 0 < a(x) + o,4(4) + v4(x) < 3. here w(x), o,4(x) and v,(x) are called membership function, 
hesitancy function and non-membership function respectively. 


2.4 Union of two NS sets 


Let X be an universal set and A and B are any two subsets of X. Here a(x) : X — [0,1], c4(a) : X > [0,1] 
and v4(x) : X -—> [0,1] are membership function, hesitancy function and non-membership function of A 
respectively. Then union of A and B is denoted by A U B and is definded as: 


AUB= {(a,max(ua(x), up(z)), max(o,(x), op(x)), min(va(x),ve(z))): 2 EX}. 


2.5 Intersection of two NS sets 


Let X be an universal set and A and B are any two subsets of X. Here u4(x) : X — [0,1], c4(x) : X — [0,1] 
and v4(x) : X -—> [0,1] are membership function, hesitancy function and non-membership function of A 
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respectively. Then intersection of A and B is denoted by AN B and is definded as: 


AN B= {(a,min(ua(2), Ua(x)), min(o,4(x), oB(x)), max(va(x),ve(z))): 2 EX}. 


3 Formulation of single objective KOQ model with limited storage ca- 
pacity 


In this article, we take a single objective EOQ model, along with limited storage capacity. Here we take 
following unit production cost: 
PDs) =0D- 6. 


We note that shape parameter (x) should lie within pre-determined values so as to satisfy positivity conditions 
of Dual Geometric Programming Problem (DGPP). We present the notations and assumptions of proposed 
model, for which explanations are given in Table 9, as follows: 


3.1 Assumptions 


To specify scopes of study and to further simplify the proposed EOQ model, we consider following assump- 
tions 

(1) proposed EOQ model shall involve exactly one item; 

(11) we consider infinite rate for instantaneously replenishment; 

(111) lead time is negligible; 

(iv) we take demand rate as constant; 

(v) the holding cost of proposed model is a funtion of time, i.e. we take H(t) = at; 

(v1) upgradation to modern machineries involves higher costs, which is a part of set up cost. Since these ma- 
chineries have higher production rates and other advantages, large scale production can bring down the unit 
production cost and it is generally adopted when demand 1s high. Therefore we find that unit production cost 
is inversely releated to set-up cost and rate of demand. Hence we get as follows: 


POD, S\=0D S50. eR 


(vi1) We do not allow any shortage in inventory. 


3.2 Formulation of model 


In this article, we take initial inventory level at t = 0 as Q. Also inventory level gradually decreases in [0, T] 
and it is zero at time T. Since we do not allow shortage, the cycle is repeated over time period T. We 
illustrate the proposed inventory model graphically in Fig.l. Here inventory level at any time t in [0, T] is 
denoted by Q(t). Hence differential equation for instantaneous inventory level Q(t) at time t in [0, T] is as 
follows: ane 

at) = —) for 0<t<T 

dt 
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I(t) 


(0.Q) 


(T,0) (2T,0) (3T,0) 


Figure |: Inventory model 


with boundary conditions as /(0) = Q, [(T’) = 
By applying those conditions, we obtain as follows: 


I(t) = D(T -t) 


Therefore inventory holding cost becomes as follows: 


at)? 
H(t ee 
[om ~ 6D? 
Hence total average inventory cost per cycle [0, T] 1s as follows: 
TAC(D, S,Q) = — an a” ope Go 
_ % 6D 


Here maximum floor capacity for storing items in warehouse is W. So storage area woQ for production quan- 
tity @ can never go beyond maximum floor capacity in warehouse for storing items at any time t. Therefore 
limited storage capacity is as follows: 


wo) < W 


Finally we have inventory model in crisp environment as follows: 


min TAC(D,S,Q) = os a a +@D**s* (3.1) 
subject to 
D,S,Q > 0. 
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4 Solution of EKOQ model by crisp GP 


We apply classical or crisp GP to solve proposed EOQ model. Here DD is 0. We apply Duffin and 
Peterson theorem [13] of GP on equation (3.1) and obtain DGPP as follows: 


a ; 1 WO1 a W02 6G W03 Wo W111 an 
max =, l= —. Ww 
i. WOl OWo2 W093 Wwiy " 


subject to 








Wo1 + Wo2 + Wo3 = I, 

Wo1 — Wo2 + (1 — x) wWo3 = 0, 
Wo1 — Wo3 = JU, 

—wo1 + 2Wo2 + Wi = 9, 


Wo1, Wo2, Wo3, Wi1 = O. 


The optimal solution in crisp environment is as follows: 


1 : 7 Aiea : YA ioe) 
——, Wy = Ci 
a ae on, ee en, 








* — * +! 
Wo1 — Wo3 = 


Since value of shape paremeter x has to lie in interval [1.5, 2], all dual variables remain positive. Thus optimal 
values of primal variables are as follows: 


>=(i(wta) &)}" 
oa { (Me) (enteseny 


W 


Wo 


with optimal TAC as follows: 


TAC*(D*, 8*,Q*) = (4—2) f (aye (aia) t eit teal 


5 Solution of EOQ model by fuzzy GP 


We apply max-additive operator to solve proposed EOQ model in fuzzy environment. Here we compute 
individual optimum values of objective function: TAC and constraint: limited storage capacity of model (3.1), 
as given in Table 1. Also DM supplies goal and goal plus tolerance values for membership functions of 
objective function and constraint. For sake of simplicity, we consider linear membership function for TAC 
and limited storage capacity as follows: 
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——— 1: Individual maximum and minimum values of decision variables and TAC 
Maximum value Minimum value 


a 1 ( 7 y (wy alia 
unit time ( 0 ess wo 


_ cost (aw) (sub a)" 2 Ga (ote x) 


w a(W+wpy)? 


veal ction a W+wp 
per batch (Q zn wo 
Total Average oa 
TAC(D, S, Q) 





Ho(TAC(D,S,Q)) 
1 


Ho(TAC(D,S,Q)) 


To T; TAC( D,S,Q) 


Figure 2: Membership function of fuzzy objective function 


1 if TAC(D,S,Q) < 
He(TAC(D, S,Q)) = 4 AFL SS) if Ty < TAC(D,S, “e 
0 if otherwise. 
He(S(Q)) = 4 NE if W<wQ<W+u, 
0 if otherwise. 
Uc (S(Q)) 
Uc (S(Q)) 

° Ww W+Wp S(Q) 


Figure 3: Membership function of fuzzy constraint 


Next we formulate the mathematical model as follows: 


max {u6(TAC(D, S,Q))He(S(Q))} 


subject to 
0 < wo(TAC(D, S,Q)) + na(S(Q)) <1, 
D,S,Q > 0. 
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By applying max-additive operator, we get crisp Primal Geometric Programming Problem (PGPP) and use 
convex combination operator to obtain as follows: 


max V Fra(D, D. Q) = PK —_ VFrai(D, D ()) 





Here Pk = F a + ate and VFrai(D,S,Q) = mes) -- se 


Therefore the problem reduces to the following model: 





SD al)? gDi-* woQ 
min VFrai(D,S,Q) = ———— + = 4 eH 
rai Q) Oh =1)° 60 =F) Cis ws, 
subject to 
D,S>0,Q«€ ES “st PACD.S.0)e 7,7. (5.1) 
Wo Wo 


It is unconstrained PGPP with DD = 0. Hence optimal values for primal variables of model (5.1) are as follows: 
3 2e—3 a 
pi => Jage-» (2 wo ( 2a — 3 . 
2 2—2 Wp T} — To 
3sx—2 2x2—3 1—22 a 
gr od gegen (Ma BD\P (wo\ (_a VOY 
Ip: Ail 2—2£ 
1 (4-2) a (2-2) ie (22-3) ) z+ 
= 2 =o) < O ———— —___—___ 
sata r la-n) (seca) (ects) | 


with optimal TAC as follows: 


recursos)" (BiB) "}" (+ G)" +) 


provided Q* € ae, we) TAC*(D*, S*, Q*) € [To, Th]. 

















6 Solution of EOQ model by IFGP 


We employ IF optimization method and solve proposed EOQ model (3.1). Goal and goal plus tolerance values 
of non-membership functions of TAC and limited storage capacity, as obtained from DM, are given in Table 
1. Based on these values, we construct following linear non-membership functions of TAC and limited storage 
capacity: 


0 if TACO S,O) <7 +6, 
vo(TAC(D, S,Q)) = 4 eset if Ty +e. < TAC(D,S,Q) <T 
1 otherwise. 
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Ho (TAC(D,S, Q)).90(TAC(D,S, Q)) 









I 
80 (TAC(D,S,Q)); 
Uo (TAC(D,S, Q)) 


To  Tot€o T, TAC(D,S,Q) 
Figure 4: Membership and non-membership function of IF objective function 


Uc (S(Q)),8c(S(Q)) 
1 


W Wtéc W+Wp SQ) 


Figure 5: Membership and non-membership function for IF constraint 


0 if wQ<Wt+eEe 
Ve(S(Q)) = me if W+eco cc wQ<W+u, 


Next we formulate EOQ model as follows: 


max {6(TAC(D, S,Q))He(S(Q))} 

min {v6(7(D, 5, Q)), ve(S(Q))} 

subject to 

0 < mg TAC), 5,0) 67 ACD ,5,0Q)) < 1 


0 < pa(S(Q)) + ve(S(Q)) <1, 
D,S,Q > 0. 


By applying max-additive operator and then GP in IF environment, we obtain optimal decision variables as 


follows: 
pr_Je a ° Te Op 38) _ 
6(2 = x) Tiga Wo 
eee Tico Wo (82—2) ‘i (1-22) ) «+1 | 
Ixy (2x — 3) 6(2 — x) 
or = 6 |r Coens) ala a om Ne 
7 Tiga Wo 6(2 = x) 
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with optimal TAC as follows: 


eee ee a\ (2-2) ( 1K,(2x2 —3)\%-*) ) 1 \ Gen) i “ew 


providedQ* € Wetec, Weve! TAC*(D*, S*, Q*) € [To + €o, Ti]. 





_ 








WO 


7 Solution of EOQ model by NSGP 


The world is full of indeterminacy and hence we require more precise imprecision. Thus the concept of NS set 
comes into picture. We consider membership function, hesitancy function, non-membership function for each 
objective function and constraint of proposed model. we consider same memebership function, as given in 
Section 5 and same non-membership function, as given in Section 6. We take hesitancy functions for objective 
function and constraint as follows: 


Uo (TAC(D,S,Q)). d9(TAC(D,S, Q)) 80 (TAC(D,S,Q)) 





T, Toes To+50 T, TAC(D.S.Q) 


Figure 6: Membership, hesitancy and non-membership function of objective function in NS environment. 


1 if TAC(D,S,Q) < Tp 
06(TAC(D, S,Q)) = ¢ Bete 82) if Ty < TAC(D,S,Q) < Ty +4, 
0 if TAC(D,S,Q) > T+ 6. 


Uc (S(Q)),40(S(Q)),9e(S(Q)) 
1 





Figure 7: Membership, hesitancy and non-membership function of constraint in NS environment. 


76(S(Q)) = 4 eee if WK wmQ<Wt+e 
0 if wQ>W+60 


Bappa Mondal, Chaitali Kar, Arindam Garai and Tapan Kumar Roy, Optimization of EOQ Model with 
Limited Storage Capacity by Neutrosophic Geometric Programming. 


16 Neutrosophic Sets and Systems, Vol. 22, 2018 


We note that 0 < €c , 0. < W,. Here we consider the case when hesitancy function behaves like non- 
membership function. We present several more cases in Table 2. Then linear hesitancy functions of objective 
function and constraint are as follows: 


Table 2: On different natures of hesitancy function 


Nature of hesitancy function in Value of parameter 
Objective Function 


a ee 
non-increasin non-increasin a a1,il1, 1 
& & T= | 65° Geo wp | dc | Wp—eo 
+ ——— 


non-decreasing non-decreasing Tro ae Foo + Toten 
non-increasing non-decreasing | (ate + x = Toten _ + | 
d 1 1 1 1 1 1 
non-decreasing non-increasing Tom + momo + Reh oa a 
oO Pp c Pp 





Uo(TAC(D,S,Q)) 60(TAC(D,S, Q)) 90 (TAC(D,S, Q)) 
1 







8o(TAC(D,S,Q)) 0 


Ho (TAC(D, S,Q)) 





90 (TAC(D,S, Q)) 





To Tot€o To+5o T; TAC(D.S.Q) 


Figure 8: Membership, hesitancy and non-membership function of objective function in NS environment. 


0 t TAC DS.0) 71,46, 
76(TAC(D, $,Q)) =) Sa if To + do < TAC(D, 5,Q) < Th 
1 if TAC(D,S,Q)>T 


Uc(S(Q)),¢0(S(Q)),8c(S(Q) 


1 1 
Wc(5(Q)) Y | ! 
W/, 70(5(Q)) 










W W+éc W+6¢ W+Wpy S(Q) 


Figure 9: Membership, hesitancy and non-membership function of constraint in NS environment. 


0 if wQ<W+6. 
g@(S(Q)) = 4 ed if W+ be <wQ<W+ uy 


Bappa Mondal, Chaitali Kar, Arindam Garai and Tapan Kumar Roy, Optimization of EOQ Model with 
Limited Storage Capacity by Neutrosophic Geometric Programming. 


Neutrosophic Sets and Systems, Vol. 22, 2018 17 


Then we obtain following optimization model in NS environment: 


max {u6(TAC(D, S,Q))e(S(Q))} 
max {06(T(D,5,Q)), 74(S(Q))} 
min {vg(T(D, 5, Q)), va(S(Q))} 


subject to 


NN 


ig(TAC(D, 8,Q)) > og(TAC(D, S,Q)), wel$(Q)) = e(S(Q)) 
Wg(TAC(D, 8,Q)) > v6(TAC(D, 8, Q)), ne(S(Q)) = velS(Q)) 
0 < Wo(TAC(D, 8, Q)), 06(TAC(D, 8, Q)), Vo (TAC(D, §,Q)) <1 


0 < pe($(Q)), 76(5(Q)), v6(S(Q)) <1 
D,S,Q > 0. 


The corrosponding single objective optimization model is as follows: 


Maz V Fyra(D,S,Q) = pg(TAC(D, S, Q)) + pal(S(Q)) + og(LAC(D, S, Q)) 
+ o4(S(Q)) —ve(TAC(D, S,Q)) — va(S(Q)) 


subject to 

ig(T AC(D, 8, Q)) > o6(TAC(D, S, Q)), e(S(Q)) = 7@(S(Q)) 
Ho (TAC(D,S,Q)) 2 va(TAC(D, 5, Q)), Me(S(Q)) 2 valS(Q)) 
0< pa(TAC(D, S, Q)),06(TAC(D, S, Q)), va(TAC(D, S,Q)) <1 


0 < ne(S(Q)), 76(S(Q)), ve(S(Q)) <1; 
D,5,Q > 0. 


We rewrite the above model as follows: 


max VF yra(D,S, Q) = Nx — VF neai(D,5, Q) 

subject to 

W+eoe WH Wp 
Wo ~~ Wo 


D,S>0,Q€ | |, TAC(D,S, Q) € [To + ¢0, Ti] 





To—-€0o Wp Wp—€C 


VFwrai(D, S,Q) = sug ae Nir a" + Nx 0D) *S* + No woQ, 


_ a ed 1 1 
with Nr = (ace —T) “lS ye at =) and Nero = (2 + bs + ts) : 
Hence unconstrainted POPP j is as follows: 


W 
Here Nx = (os a Tot. oil m#Ss) ED (ote Wee Wt. 4 wie) | 





NxiSD Nx, aQ? Nx, 6D! 
Sew me Q NEI 





min VF yrai(D,S,Q) = O 6D g + Nx2 woQ 
subject to 
W W 
D,S>0,Q€ <2, “te ; PAC(D 35, Qe | Loses 1 rl: (7.1) 
0 0 
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Here DD=0. we solve above model by NSGP [8, 14] and obtain as follows: 


max d(w) = Ni aie aN “a ON aac woN Ke a 
Wo1 OwWo2 W093 Wo4 


subject to 











Wo1 + Wo2 + Wo3 + Woa = I, 
Wo1 — Woz + (1 — x)wo3 = 0, 
Wo1 — Wo3 = V, 

—Wo1 + 2Wo2 + Wos = 9, 


Wo1, Wo2, Wo3, Wos = O. 


Therefore optimal dual variables are as follows: 


1. 8k | 1 8 
—_ yw, = ——__w, = —_ w= 
Age Ne ag U8 feng he Nicene 





*k — 
Wo. = 


Hence optimal decision variables are as follows: 
. a SNe Og 3) Vee" 
ee) oe ae 
6(2 — x) NK2 Wo 
ena Nees (32—2) e (1-22) ) «+1 
7 Nx (2x — 3) 6(2 — =) 
or = 26 Na OP—3)\ > © a Se) Vale 
Nero Wo 6(2 = i) 


with optimal TAC as follows: 


* * * *\ 6] (2-2) Nxr(2x —_ 3) (3-22) e+1 1 (Say 1 (ta2 


providedQ* € Wetec, rad , TAC*(D*, S*, Q*) € [To + €0, Ti]. 











8 Numerical application 


We consider a simple numerical application to solve proposed model in NS environment as follows: 

A manufacturing company produces machines PBAso97. The inventory carrying cost for the machines 
is Rs.105 per unit per year. The production cost of this machine varies inversely with the demand and set- 
up cost. From the past experiences, we can consider the production cost of the machine PB Aso7 at about 
120D~°-°S~, where D is the demand rate and S' is the set-up cost. The company has storage capacity area 
per unit time (wo) and total storage capacity area (W’) as 100 sq. ft. and 2000 sq. ft. respectively. The task is 
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to determine the optimal demand rate (D), set-up cost (S'), production quantity (Q) and hence optimal TAC of 
the production system. 
Here mathematical model is of the following form: 


2 
min TAC(D,S,Q) = — + = 





109 6G (8.1) 


subject to 
S(Q) = 100Q < 2000, 
D,S,Q > 0. 


We consider goal and goal plus tolerance values for TAC and limited storage capacity as given in Table 3. 
Based on these values, we construct following linear membership, hesitancy and non-membership functions 
of TAC and limited storage capacity: 


Table 3: Goal and goal plus tolerance values of TAC and variables 


Production | Total Average Cost 
Demand (D) | Set-up cost (5) quantity (Q) | (TAC(D. §.Q)) 


047.477 0.034 20.000 | 15.565 


Goal plus | 5551 645 0.028 23.000 15.089 
tolerance 





1 if TAC(D,S,Q) < 15.089 


5S TACP SO) if 15.089 < TAC(D, S,Q) < 15.565 


Ug (TAC(D,S,Q)) = 
0 if otherwise. 


1 if 100Q < 2000 
He(S(Q)) = ¢ Se ce if 2000 < 100Q < 2300 
0 if otherwise. 
: if TAC(D,S,Q) < 15.089 


o5(TAC(D,S,Q)) = ¢ Bete 2) if 15.089 < TAC(D,S,Q) < 15.389 


0.3 
0 if TAC(D,S,Q) > 15.389 
1 if 100Q < 2000 
oe(S(Q)) = 4 HR we if 2000 < 100Q < 2170 
0 if 100Q > 2170 
0 if TAC(D,S,Q) < 15.306 
vo(TAC(D,S,Q)) = ¢ ACP 8.2)-15.308 if 15.306 < TAC(D, S,Q) < 15.565 
1 if otherwise. 
0 if 100Q < 2070 
ve(S(Q)) = 4 Ss if 2070 < 100Q < 2300 
1 if 100Q > 2300 
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Therefore single objective EOQ model with limited storage capacity is as follows: 


9.295SD  162.663Q? 


min TAC(D,S,Q) = 0 D 


5A OS B60) 


subject to 
D,S > 0,Q € [20.5, 23], TAC(D, S, Q) = [15.089, 15.565] (8.2) 


We solve the model (8.2) by GP. Here DD = 0. Hence DGPP of (8.2) is as follows: 


9,295 \ °°" (162.663 \ °°? (1115.4 \ ° (1.356 \ 7 
max d(w) = { —— a acaeadok dey 

W001 Wo2 Wo3 Woda 
subject to 
Wo1 + Woz + Wo3 + Wos = I, 
Wo1 — Wo2 + (1 — ©) wo3 = 0, 
Wo1 — Wo3 = V, 
—Wo1 + 2Wo2 + Wos = DO, 


Wo1; Wo2, Wo3, Wo = O. 
Therefore optimal values of dual variables are as follows: 
Oe = 0444 ws = Ow = 044 a, = 0222. 
Hence optimal values of decision variables are as follows: 
D* = 5575.110, S* = 0.028, Q* = 22.998, TAC™ (D*, S*, Q*) = 15.094. 


We note that optimal TAC is 15.094 units with demand as 5575.110 units, set-up cost as 0.030 units and 
production quantity as 22.998 units. Also the optimal order quantity and TAC satify the necessary conditions. 
Next we compare the relative performance of proposed model by comparing its result with that obtained by 
employing crisp GP, fuzzy GP and IFGP and present it in Table 4. We find that optimal TAC is more 
preferable in NS environment than that of crisp, fuzzy and IF environments. Also NS environment yields 
higher demand for the machine PBAs97 with lower set-up cost. Moreover production quantity increases in NS 
environment. 


Table 4: Optimal solutions of model (3.1) in different environments 


Production | Total Average Cost 
Demand (D) | Set-up cost (S) quantity (Q) | (TAC(D, S,Q)) 
4047.477 0.034 20.000 15.565 


4742.869 0.031 21.479 15.320 
4998.630 0.030 21.993 15.240 
S575 10 0.028 22.998 15.094 
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8.1 Sensitivity analysis 


In this article, we investigate optimal policy of DM of proposed model in real life based NS environment. We 
perform sensitivity analysis of following key parameters 

(i) storage capacity per machine ’wy’ (Table 5) 

(iz) shape parameter ’x’ (Table 6) 

(i272) variational parameter ’a’ (Table 7) 

(iv) shape parameter ’@’ (Table 8) 

and present corresponding optimal solution in NS environment. 


8.1.1 Managerial insights 


We present phenomenon of change of storage capacity per machine ’wy’ in Table 5 . We observe that optimal 
TAC is most preferable to DM in NS environment, which is well explained in Fig.10 . Also we find that 
each reduction in storage capacity per machine reduces TAC not only in NS environment but also in other 
environ-ments. Hence the management should trim down the size of packet of finished goods to reduce TAC. 


Table 5: Sensitivity analysis in different environments of storage capacity per machine ‘w» 


TAC in Storage capacity 'w» 


30 
(5.208 


15.379 











Srsens Crisp 


r/~ ~ ~ Intuitionistic Fuzzy 
Neutrosophic 





Total Average Cost (TAC) 











80 90 100 110 120 
Storage Space 


Figure 10: Effect on TAC in different environment due to change in storage space per machine ’wo’. 


Next we consider change of shape parameter ’x’ in Table 6. Here we find that optimal TAC rapidly reduces 
for every increment in value of shape parameter and hence for every rise in demand in each of the said 
environments. It is consistent with common knowledge. Also in nearly all cases, we get most preferable 
optimal TAC in NS environment. This can be observed in Fig. 11. Again we perform sensitivity analysis of 
variational parameter ’a’ and present in Table 7. Here in all cases, we obtain most desirable TAC in NS 
environment among said environments. It can be visualized in Fig. 12. Also optimal TAC reduces as 
holding cost decreases in all said environments. 
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Table 6: Sensitivity analysis in different environments of shape parameter ‘x’ 
TAC in Shape parameter ‘x’ 
16 


[2.585 





a 
on 
T 


Total Average Cost (TAC) 
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a EY TZ 1.74 1.76 1.78 1.8 
Variational Parameter 


Figure 11: Effect on TAC in different environments due to change in shape parameter’ x’. 


Table 7: Sensitivity analysis in different environments of variational parameter ‘a’ 
Variational parameter ‘a’ 
15.481 
15.307 
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Figure 12: Effect on TAC in different environments due to change in variational parameter ’a’. 
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Also we consider change of shape parameter ’@’ and present result in Table 8. As before, we find that optimal 
TAC is most favourable to DM in NS environment among said environments. Fig.13 brings clarity to this 
phenomenon. Additionally, we observe that optimal TAC can be further reduced by decreasing the value of 
shape parameter. 


Table 8: Sensitivity analysis in different environments of shape parameter ‘0’ 
Shape parameter ‘x’ 


) a 
_—e 
14.354 | 14.975 | 15.565 | 16.129 | 16.669 
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Figure 13: Effect on TAC in different environments due to change in shape parameter ’@’. 


9 Conclusions 


In this article, we consider deterministic single objective EOQ model with limited storage capacity and solve 
it by applying GP in NS environment. We know it well that fuzzy set can better represent real life cases 
than crisp set. Again Ranjit Biswas [70] has shown how IF set can better represent real life cases than fuzzy 
set in many cases. Next Smarandache introduced NS set by generalizing IF set and at which we consider 
hesitancy function along with membership and non-membership function with appropriate constraints. Again 
advantages of GP among non-linear optimization methods are manifold. As per Cao [71], GP provides us with 
a systematic approach for solving a class of non-linear optimization problems by determining optimal values 
of decision variables and objective functions. 

Whereas existing literature survey finds that GP is extended and thereby employed to solve mathematical 
models in fuzzy and IF environment, we can find very few articles, where EOQ models with limited storage 
capacity are solved by GP in NS environment. In this article, we employ max-additive operator to convert 
EOQ model with limited storage capacity to single objective PGPP and thereby solve it by applying NSGP. In 
numerical application, we find that optimal solution, obtained by NSGP is more preferable to DM than those 
obtained in crisp GP, fuzzy GP and IFGP. Next we perform sensitivity analysis of key parameters of proposed 
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model and list several key managerial insights. Also we explain them graphically. 


Future scopes of research 

We locate lot of scopes for further research and enlist few of them as follows: 

(1) Wecan consider multiple products scenario. In this case, we can employ modified GP in NS environment. 
(11) Shape parameters can be neutrsophic in nature. 

(1) We can allow shortage of items in inventory and update the mathematical model accordingly. 

(iv) We can use other optimization methods to solve non-linear models in NS environment. 

(v) And last but not the least, we can discuss present model in other imprecise environments. 
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D 

H(t) 

I(t) 

P(D, S) 

Q 

S 

T 

TAC(D, S, Q) 
W 

Wo 


Table 9: Notations and their explanations 
Demand per unit time, which is constant 
Holding cost per unit item, which 1s time (t) depended 
Inventory level at any time, t > 0 
Unit demand (D) and set-up cost (S) dependent production cost 
Production quantity per batch 
Set-up cost per unit time 
Period of cycle 
Total average cost per unit time 
Total storage capacity area 
capacity area per unit quantity 
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Abstracts In this paper, we introduce and study some neutrosophic probability distributions, The study is done through generalization 


of some classical probability distributions as Poisson distribution, Exponential distribution and Uniform distribution, this study opens 
the way for dealing with issues that follow the classical distributions and at the same time contain data not specified accurately. 


Keywords: Poisson, Exponential & Uniform distributions, Classical Logic, Neutrosophic Logic, Neutrosophic crisp sets. 


1 Introduction: Neutrosophy theory introduced by Smarandache in 1995. It is a new branch of philosophy, presented 
as a generalization for the fuzzy logic [5] and as a generalization for the intuitionistic fuzzy logic [6]. The fundamental 
concepts of neutrosophic set, introduced by Smarandache in [7, 8, 9, 10], and Salama et al. in [11, 12, 13, 14, 15, 16, 17, 
18, 19, 20, 21, 22, 23], provides a new foundation for dealing with issues that have indeterminate data. The indeterminate 
data may be numbers, and the neutrosophic numbers have been defined in [24, 25, 26, 27]. In this paper, we highlight the 
use of neutrosophic crisp sets theory [3,4] with the classical probability distributions, particularly Poisson distribution, 
Exponential distribution and Uniform distribution, which opens the way for dealing with issues that follow the classical 
distributions and at the same time contain data not specified accurately. The extension of classical distributions according 
to the neutrosophic logic , means that parameters of classical distribution take undetermined values, which allows dealing 
with all the situations that one may encounter while working with statistical data and especially when working with vague 
and inaccurate statistical data, Florentin Smarandache presented the neutrosophic binomial distribution and the 
neutrosophic natural distribution [1,2] in 2014 , In this paper, we will discuss continuous random distributions such as the 
Exponential distribution and Uniform distribution , and discontinuous random distribution such as Poisson distribution by 
using neutrosophic logic. 


2 TERMINOLOGIES: We recollect some relevant basic preliminaries, and in particular, the work of Smarandache in [1, 9, 
10], and Salama et al. [22, 23]. We consider the following classic statistical distributions Poisson distribution, Exponential 
distribution and Uniform distribution. 


3 Neutrosophic probability Distributions: 


3.1 Neutrosophic Poisson Distribution: 


3.1.a Definition: Neutrosophic Poisson distribution of a discrete variable X is a classical Poisson distribution of X, 
but its parameter is imprecise. For example, 4 can be set with two or more elements. The most common such 
distribution is when A is interval. 


NP(x) = en, Qn)" a 2. —) (sl pee 


x! 


Ay : Is the distribution parameater . 





e An : 1s equal to the expected value and the variance . 
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NE(x) = NV (x) = An 


Where, N = d+] is a neutrosophic statistical number in [2]. 


3.1.6 Example for Case study: 


In a company, Phone employee receives phone calls, the calls arrive with rate of [1, 3] calls per minute, we will calculate 
the probability that: 


- The employee will not receive any call within a minute: 


Assuming x: the number of calls in a minute. 


Then: 

NP(x=0) =e, On e-ANn = e113] 
0! 

For A= 1: 

NP(0) = e+ = 0.3679 

For A=3: 


NP(0) =e? = 0.0498 
Thus, the probability that employee won't receive any call, within a minute 
, ranges between [0.0498, 0.3697]. 
- the probability that employee won't receive any call ,within 5 minutes: 
Then: 
Ay = 5. [1,3] = [5,15] 
NP(x) = e755], (5a5)* 


x! 


= — a-An An)? _ SAN as a [5,15] 
NP(x=0)=e% . e e 


0! 
For A=5: 
NP(0) =e? = 0.0067 
For A= 15: 


NP(0O) = e+? = 0.000000306 


Thus, the probability that the employee will not receive any call within 5 minutes ranges between 
[0.000000306, 0.0067]. 
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3.2 The Neutrosophic Exponential Distribution: 


3.2.a Definition: Neutrosophic exponential distribution [21] is defined as a generalization of classical exponential 
distribution , Neutrosophic exponential distribution can deals with all the data even non-specific, we express the density 
function as: 


Xy ~expGy) = fyOQ =Ave*“N 5  O<x<e@ , 
exp(Ay) : Neutrosophic Exponential Distribution. 
xX yn: X neutrosophic random variable [22]. 


Ay : distribution parameater. 


3.2.b the distribution properties: 


1- Expected value: 





1 
E(x) = An 
Variance: 
1 
var(x) = 


(A,,)° 


2- Distribution function: 


Probability to terminate the client's service in less than a minute: 


NF(x) = NP(X < x) = (1—e7*4) 





Figure 1 


3.2.c. Example for Case study: 
The time required to terminate client's service in the bank follows an exponential distribution, with an average of one 


minute, let us write a density function that represents the time required for terminating client's service, and then calculate 
the probability of terminating client's service in less than a minute. 
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Solution: 


-Assuming x: represents the time required for termination of the client's service per minute. 


-Theaveragee 1I/A=1 > A=1 


Therefore, the Probability density function: 
fi)=e* 3; Ox<x<o 
-The possibility of client's service terminated in less than a minute: 


p(X <1)=(1-e°-*%) =(1-e ©) = 0.63 


-The above example is a simple example practically, but if it is changed to the following: 


The time required to terminate client's service in the bank follow an exponential distribution, with an average of [0.67, 2] 
minute. We know that classical exponential distribution only deals with data defined accurately, note that the average here 
is an interval, how we will deal with this situation. 

So, we will turn to the neutrosophic exponential distribution to solve this issue: 


For exponential distribution, its average [0.67, 2] minutes, we write: 


(0672) & Ae 


= [0.5,1.5] 
The probability density function: 
Po =ine ee ¥ 0<x<om , 


fy(x) =[0.5,1.5]e195251% 5 O<x<0@ 


Probability to terminate the client's service in less than a minute: 


NF(x) = NP(X <x) = (1—e*4) 


NP(X <1) = (1 — e— [0.5.1.5] x) = (1 _ en l0ee helt) — 1 —e—[0.5,1.5] 


We note: 


For A= 0.5 
NP(X <1) =1-—e°% =0.39 


For A=1.5 
NP(X <1) =1-—e°'' =0.78 


That is, the probability of terminating client's service in less than a minute ranges between [0.39, 0.78]. 
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- Note that, the value of the classic probability to terminate client's service in less than a minute is one of the domain 
values for the neutrosophic probability: 


p(X < 1) = 0.63 € [0.39 0.78] = NP(X < 1) 
And the solutions are the shaded area in Figure 1. 


3.2.d Note: We also mention the relationship of exponential distribution with Poisson distribution, If the occurrence of 
events follows the Poisson distribution, the duration between the occurrence of two events follow exponential distribution. 
For example, arrival of customers to a service centre follows the Poisson distribution, the time between the arrival of a 
customer and the next customer follow the exponential distribution. Thus, when the parameter A is inaccurately defined, 
we are dealing with the neutrosophic exponential distribution and the neutrosophic Poisson distribution 

, and we write: 

If an event is repeated in time according to the neutrosophic Poisson distribution: 


NP(x) = eA’. Any" e SO awe 


xX: 


Then, the time between two events follows the neutrosophic exponential distribution: 


fu(t) =Ay . ANE ; t>0 


3.2.d.i. Example: 

Assuming that we have a machine in a factory. The rate of machine breakdowns is [1, 2] per week, let's calculate the 
possibility of no breakdowns per week, and calculate the possibility that at least two weeks pass before the appearance of 
the following breakdowns. 


Solution: 
- The possibility of no breakdowns in the week: 
Assume x: variable represents occurrence of breakdowns in the week. 


We note that, x is a variable that is subject to the neutrosophic Poisson distribution, the distribution parameter 1s 


Ay = [1,2], thus: 


NP(x = 0) = e7AN F Gn) = e AN ; Qn)" = e AN — e7 [1,2] 
x! 0! 


Then, the possibility of no breakdowns in the week ranges between [0.135, 0.368]. 


- Assuming y: 1s represent the time before the appearance of the following breakdowns, we note that y is a variable 
following the neutrosophic exponential distribution, then: 


NF (x) = NP(X <x) = (1 = eran) 
NP(y > 2) =1-—NP(y $2) =1—NF(2) = 1-(1-e724N) 


2D = w= 2[0 2] [—4,-2] 


=e =e 
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Thus, the possibility that at least two weeks pass before the appearance of the following breakdowns, ranges 
between [0.018, 0.135]. 


3.3 Neutrosophic Uniform Distribution: 
3.3.a Definition: Neutrosophic Uniform distribution of a continuous variable X, is a classical Uniform 


distribution , but distribution parameters a or b or both are imprecise. For example, a or b or both are sets 


with two or more elements (may a or b or both are intervals) with a < Db. 


3.3.6 Example for Case study: 


Assuming x is a variable represents a person's waiting time to passengers' bus (in minutes), bus's arrival time is not 
specified, the station official said: 


1- the bus arrival time is: either from now to 5 minutes [0,5] or will arrive after 15 to 20 minutes[ 15,20], then: 


a=[0,5] , b=([15, 20] 
Then, the density function: 


1 1 1 


fy(x) = = _ = 


b-a _ [15,20]-[0,5] [10,20] 





= [0.05,0.1] 


The solution in the Graph is the shaded area, with the probability to moving (a) between [0, 5] and (b) between [15, 20]. 











Figure 2 


2- The bus arrives after five minutes or will arrive after 15 to 20 minutes [15 , 20] , then: 
a=5 b=[15, 20] 
Then, the density function: 


1 1 1 
fy (x) = b-a [15,20]-5 [10,15] [0.067 , 0.1] 


The solution is the shaded area, with the probability to moving (b) between [15, 20]. 
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- There are many non-specific situations that we encounter about the values a, b such as a, b or both are intervals 
(a, b or both are sets with two or more elements), we deal with these situations as the cases studied above. 


4 The research gap 

The classical probability distributions only deal with the specified data. The classical distribution parameters 
are always given with a specified value. This paper contributes to the study of classical distributions with 
undetermined values, and distribution parameters such as periods. We call these distributions neutrosophic 
probability distributions. 


Conclusion: 

We conclude from this paper that the neutrosophic probability distributions gives us a more general and 
clarity study of the studied issue, So that the classical probability is one solution among the solutions 
resulting from the study, of course, this is produced by giving the distribution parameters several options 
possible and does not remain linked to a single value. This paper is to present some the neutrosophic 
probability distributions, and we present various solved for the problems that classic logic is not deal with it. 
We look forward in the future to study other types of probability distributions according to the neutrosophic 
logic, especially the gamma distribution and student distribution and other distributions that have not yet 
been studied. 


References 


[1] Smarandache .F, Neutrosophical statistics. Sitech & Education publishing, 2014. 

[2] Patro.S.K, Smarandache. F. the Neutrosophic Statistics Distribution, More Problems, More Solutions. Neutrosophic Sets and 
Systems, Vol. 12, 2016. 

[3] Salama.A.A, Smarandache. F, Neutrosophic Crisp Set Theory. Education Publishing, Columbus, 2015. 

[4] Salama. A.A, Smarandache. F, and Kroumov. V, Neutrosophic Crisp Sets & Neutrosophic Crisp Topological Spaces. Neutrosophic 
Sets and Systems, Vol. 2, pp.25-30, 2014. 

[5] Zadeh. L, Fuzzy Sets. Inform. Control 8, (1965). 

[6] Atanassov .k, Intuitionistic fuzzy sets. In V. Sgurev, ed., ITKRS Session, Sofia, June 1983, Central Sci. and Techn. Library, Bulg. 
Academy of Sciences, 1984. 

[7] Smarandache, F, Neutrosophy and Neutrosophic Logic, First International Conference on Neutrosophy , Neutrosophic Logic, Set, 
Probability, and Statistics University of New Mexico, Gallup, NM 87301, USA,2002. 

[8] Smarandache, F. A Unifying Field in Logics: Neutrosophic Logic. Neutrosophy, Neutrosophic Set, Neutrosophic Probability. 
American Research Press, Rehoboth, NM, 1999. 

[9] Smarandache, F, Neutrosophic set a generalization of the intuitionistic fuzzy sets. Inter. J. Pure Appl. Math., 24, 287 — 297, 2005. 
[10] Smarandache. F, Introduction to Neutrosophic Measure, Integral, Probability. Sitech Education publisher, 2015. 


Rafif Alhabib: Moustafa Mzher Ranna: Haitham Farah: A.A. Salama: Some Neutrosophic Probability Distributions 


Neutrosophic Sets and Systems, Vol. 22, 2018 


[11] Hanafy, I. M, Salama, A. A and Mahfouz, K, Correlation of Neutrosophic Data, International Refereed Journal of Engineering and 
Science (IRJES), 1(2), PP39-33, 2012. 

[12] Hanafy, I. M., Salama, A. A, and Mahfouz, K. M, Neutrosophic Classical Events and Its Probability. International Journal of 
Mathematics and Computer Applications Research IJMCAR), 3(1), 171-178, 2013. 

[13] Salama, A. A, and Alblowi, S. A, Generalized Neutrosophic Set and Generalized Neutrosophic Spaces. Journal Computer Sci. 
Engineering, 2 (7), 129-132, 2012. 

[14] Salama, A. A, and Alblowi, S. A, Neutrosophic Set and Neutrosophic Topological Spaces, ISOR J. Mathematics, 3(3), 31-35,2012. 
15] Salama, A. A, Neutrosophic Crisp Point & Neutrosophic Crisp Ideals. Neutrosophic Sets and Systems, 1(1), 50-54, 2013. 
16] Salama, A. A, and Smarandache, F, Filters via Neutrosophic Crisp Sets. Neutrosophic Sets and Systems, 1(1), 34-38, 2013. 
17] Salama, A. A, and Alblowi, S. A, Intuitionistic Fuzzy Ideals Spaces. Advances in Fuzzy Mathematics, 7(1), 51- 60, 2012. 
18] Salama, A. A, and Elagamy, H, Neutrosophic Filters. International Journal of Computer Science Engineering and Information 
Technology Research (IJCSEITR), 3(1), 307-312, 2013. 

[19] Salama, A. A, Smarandache, F, and Kroumov, V, Neutrosophic crisp Sets & Neutrosophic crisp Topological Spaces. Sets and 
Systems, 2(1),25-30,2014. 

[20] Salama, A. A, Smarandache. F, and ALblowi, S. A, New Neutrosophic Crisp Topological Concepts. Neutrosophic Sets and Systems, 
2014. 

[21] Alhabib.R, Ranna.M, Farah.H and Salama, A. A, Neutrosophic Exponential Distribution. Albaath University Journal, Vol.40, 2018. 
(Arabic version). 

[22] Alhabib.R, Ranna.M, Farah.H and Salama, A. A, studying the random variables according to Neutrosophic logic. Albaath- 
university Journal, Vol (39), 3, pp129-151, 2018. (Arabic version). 

[23] Alhabib.R, Ranna.M, Farah.H and Salama, A. A, "Foundation of Neutrosophic Crisp Probability Theory", Neutrosophic 
Operational Research, Volume III , Edited by Florentin Smarandache, Mohamed Abdel-Basset and Dr. Victor Chang (Editors), 
pp.49-60, 2018. 

[24] Mondal, K., Pramanik, S., & Smarandache, F. NN-harmonic mean aggregation operators-based MCGDM strategy in a neutrosophic 
number environment. Axioms 2018, 7, 12; doi: 10.3390/axioms7010012. 

[25] Pramanik, S., & Dey, P.P. (2018). Bi-level linear programming problem with neutrosophic numbers. Neutrosophic Sets and 
Systems, 21, 110-121. 

https://do1.org/10.528 1/zenodo. 1408669 

[26] Pramanik, S., Banerjee, D. (2018). Neutrosophic number goal programming for multi-objective linear programming problem in 
neutrosophic number environment. MOJ Current Research & Review, 1(3), 135-141. do1:10.15406/mojcrr.2018.01.00021 

[27] Banerjee, D. Pramanik, S (2018). Single-objective linear goal programming problem with neutrosophic numbers. International 
Journal of Engineering Science & Research Technology, 7(5), 454-469. 

[28] Smarandache, F. & Pramanik, S. (Eds). (2018). New trends in neutrosophic theory and applications, Vol.2. Brussels: Pons Editions. 
[29] Smarandache, F. & Pramanik, S. (Eds). (2016). New trends in neutrosophic theory and applications. Brussels: Pons Editions. 

[30] Broumi, S., Bakali, A., Talea, M., Smarandache, F., Ulucay, V., Sahin, S., Dey, A., Dhar, M., Tan, R. P., de Oliveira, A., & 
Pramanik, S. (2018). Neutrosophic sets: An overview. In F. Smarandache, & S. Pramanik (Eds., vol.2), New trends in neutrosophic 
theory and applications (pp. 403-434). Brussels: Pons Editions. 

[31] Pramanik, S., Dalapati, S., Alam, S., Smarandache, S., & Roy, T.K. (2018). NS-cross entropy based MAGDM under single valued 
neutrosophic set environment. Information, 9(2), 37; doi:10.3390/info9020037. 

[32] Dalapati, S., Pramanik, S., Alam, S., Smarandache, S., & Roy, T.K. (2017). IN-cross entropy based magdm strategy under interval 
neutrosophic set environment. Neutrosophic Sets and Systems,18, 43-57. http://doi.org/10.528 1/zenodo.1175162 

[33] Biswas, P., Pramanik, S., & Giri, B. C. (2018). Distance measure based MADM strategy with interval trapezoidal neutrosophic 
numbers. Neutrosophic Sets and Systems, 19, 40-46. 

[34] Biswas, P., Pramanik, S., & Giri, B. C. (2018). TOPSIS strategy for multi-attribute decision making with trapezoidal numbers. 
Neutrosophic Sets and Systems,19, 29-39. 

[35] Biswas, P., Pramanik, S., & Giri, B. C. (2018). Multi-attribute group decision making based on expected value of neutrosophic 
trapezoidal numbers. In F. Smarandache, & S. Pramanik (Eds., vol.2), New trends in neutrosophic theory and applications (pp. 103-124). 
Brussels: Pons Editions. 

[36] Mondal, K., Pramanik, S., & Giri, B. C. (2018). Single valued neutrosophic hyperbolic sine similarity measure based MADM 
strategy. Neutrosophic Sets and Systems, 20, 3-11. http://doi.org/10.528 1/zenodo.1235383 

[37] Mondal, K., Pramanik, S., & Giri, B. C. (2018). Hybrid binary logarithm similarity measure for MAGDM problems under SVNS 
assessments. Neutrosophic Sets and Systems, 20, 12-25. http://doi.org/10.528 1/zenodo.1235365 

[38] Biswas, P, Pramanik, S. & Giri, B.C. (2016). Aggregation of triangular fuzzy neutrosophic set information and its application to 
multi-attribute decision making. Neutrosophic Sets and Systems, 12, 20-40. 

[39] Biswas, P, Pramanik, S. & Giri, B.C. (2016). Value and ambiguity index based ranking method of single-valued trapezoidal 
neutrosophic numbers and its application to multi-attribute decision making. Neutrosophic Sets and Systems, 12, 127-138. 


[ 
[ 
[ 
[ 


Rafif Alhabib: Moustafa Mzher Ranna: Haitham Farah: A.A. Salama: Some Neutrosophic Probability Distributions 


37 


38 


Neutrosophic Sets and Systems, Vol. 22, 2018 


[40] Pramanik, S., Biswas, P., & Giri, B. C. (2017). Hybrid vector similarity measures and their applications to multi-attribute decision 
making under neutrosophic environment. Neural Computing and Applications, 28 (5), 1163-1176. DOI 10.1007/s00521-015-2125-3. 
[41] Mondal, K., & Pramanik, S. (2015). Neutrosophic decision-making model for clay-brick selection in construction field based on 
grey relational analysis. Neutrosophic Sets and Systems, 9, 64-71. 

[42] Mondal, K., & Pramanik, S. (2015). Neutrosophic tangent similarity measure and its application to multiple attribute decision- 
making. Neutrosophic Sets and Systems, 9, 85-92. 

[43] P. Biswas, S. Pramanik, B.C. Giri. (2016). TOPSIS method for multi-attribute group decision making under single-valued 
neutrosophic environment. Neural Computing and Applications, 27(3), 727-737. doi: 10.1007/s00521-015-1891-2. 

[44] Biswas, P., Pramanik, S., & Giri, B.C. (2015). Cosine similarity measure based multi-attribute decision-making with trapezoidal 
fuzzy neutrosophic numbers. Neutrosophic Sets and Systems, 8, 46-56. 

[45] Biswas, P, Pramanik, S. & Giri, B.C. (2014). A new methodology for neutrosophic multi-attribute decision-making with unknown 
weight information. Neutrosophic Sets and Systems, 3, 42-50. 

[46] Biswas, P, Pramanik, S. & Giri, B.C. (2014). Entropy based grey relational analysis method for multi-attribute decision making 
under single valued neutrosophic assessments. Neutrosophic Sets and Systems, 2, 102-110. 

[47] Abdel-Basset, M., Mohamed, M., & Smarandache, F. (2018). An Extension of Neutrosophic AHP—SWOT Analysis for Strategic 
Planning and Decision-Making. Symmetry, 10( 4), 116. 

[48] Abdel-Basset, M., Mohamed, M., Smarandache, F., & Chang, V. (2018). Neutrosophic Association Rule Mining Algorithm for Big 
Data Analysis. Symmetry, 10(4), 106. 

[49] Abdel-Basset, M., Mohamed, M., & Smarandache, F. (2018). A Hybrid Neutrosophic Group ANP-TOPSIS Framework for Supplier 
Selection Problems. Symmetry, 10(6), 226. 

[50] Abdel-Basset, M., Gunasekaran, M., Mohamed, M., & Smarandache, F. (2018). A novel method for solving the fully neutrosophic 
linear programming problems. Neural Computing and Applications, 1-11. 

[51] Abdel-Basset, M., Mohamed, M., & Chang, V. (2018). NMCDA: A framework for evaluating cloud-computing services. Future 
Generation Computer Systems, 86, 12-29. 

[52] Abdel-Basset, M., Zhou, Y., Mohamed, M., & Chang, V. (2018). A group decision-making framework based on neutrosophic 
VIKOR approach for e-government website evaluation. Journal of Intelligent & Fuzzy Systems, 34(6), 4213-4224. 

[53] Abdel-Basset, M., Mohamed, M., Zhou, Y., & Hezam, I. (2017). Multi-criteria group decision making based on neutrosophic 
analytic hierarchy process. Journal of Intelligent & Fuzzy Systems, 33(6), 4055-4066. 

[54] Abdel-Basset, M., & Mohamed, M. (2018). The role of single valued neutrosophic sets and rough sets in smart city: imperfect and 
incomplete information systems. Measurement, 124, 47-55. 

[55] Abdel-Basset, M., Manogaran, G., & Mohamed, M. (2018). Internet of Things (IoT) and its impact on supply chain: A framework 
for building smart, secure and efficient systems. Future Generation Computer Systems. 

[56] Abdel-Basset, M., Gunasekaran, M., Mohamed, M., & Chilamkurti, N. (2018). Three-way decisions based on neutrosophic sets and 
AHP-QFD framework for supplier selection problem. Future Generation Computer Systems. 

[57] Chang, V., Abdel-Basset, M., & Ramachandran, M. (2018). Towards a Reuse Strategic Decision Pattern Framework—from Theories 
to Practices. Information Systems Frontiers, 1-18. 

[58] Abdel-Basset, M., Manogaran, G., Gamal, A., & Smarandache, F. (2018). A hybrid approach of neutrosophic sets and DEMATEL 
method for developing supplier selection criteria. Design Automation for Embedded Systems, 1-22. 


Received: September 6, 2018. Accepted: October 1, 2018 


Rafif Alhabib: Moustafa Mzher Ranna: Haitham Farah: A.A. Salama: Some Neutrosophic Probability Distributions 


Neutrosophic Sets and Systems, Vol. 22, 2018 39 








University of New Mexico 2 





A framework for selecting cloud computing services 
based on consensus under single valued neutrosophic 
numbers 


: me - 3 : 4 
Karina Perez Teruel’, Juan Carlos Cedeno . Hector Lara Gavilanez’, Carlos Banguera Diaz -, 


Maikel Leyva Vazquez” 


' Universidad Abierta para Adultos,Santiago de los Caballeros, Republica Dominicana,E-mail: karinapt@gmail.com 

* Escuela Superior Politécnica del Litoral, Guayaquil , Ecuador. E-mail: jcedeno@edina.com.ec 

Universidad de las Fuerzas Armadas - ESPE, Quito,Ecuador. E-mail: heclarrg@guayaquil.gob.ec 

“Universidad de Guayaquil, Facultad de Ciennccias Matematicas y Fisicas, Guayaquil Ecuador. E-mailcarlos.bangguuerad@ug.edu.ec 
Universidad de Guayaquil, Facultad de Ciencias Matematicas y Fisicas, Guayaquil Ecuador. E-mailmleyvaz@ug.edu.ec 


Abstract.Many organizations are seeking to contract services from cloud computing with many cloud services available and 
numerous criteria that should be counted in the selection process. Therefore, the selection process of cloud services can be con- 
sidered as a type of multi-criteria decision analysis problems with multiples stakeholders. In this paper a framework for select- 
ing cloud services taking into account consensus and using single valued neutrosophic numbers for indeterminacy representa- 
tion is presented.The proposed framework is composed of five activities: framework, gathering parameters, eliciting prefer- 
ences, computing consensus degree, advice generation, rating alternatives and cloud service selection. The model includes 
automatic search mechanisms for conflict areas and recommendations to the experts to bring closer their preferences.An illus- 
trative example that corroborates the applicability of the model is presented. The paper ends with conclusion and further areas 
or research recommendations. 


Keywords:Decision Analysis, SVN Numbers, Cloud Service, Consensus. 


1 Introduction 


Cloud Computing is experiencing a strong adoption in the market and this trend is expected to continue [1]. 
Due to the diversity of cloud service providers, it is a very significant defy for organizations to select the appro- 
priate cloud services which can fulfil requirements, as numerous criteria should be counted in the selection proc- 
ess of cloud services and diverse stakeholders are involved. Therefore, the selection process of cloud services 
can be considered as a type of multi-criteria multi-expert decision analysis problems [2, 3]. In this research paper, 
we present how to aid a decision maker to evaluate different cloud services by providing a neutrosophic multi- 
criteria decision analysis including a consensus process. To demonstrate the pertinence of the proposed model 
and illustrative example is presented. 

Neutrosophy is mathematical theory developed by Florentin Smarandache for dealing with indeterminacy[4- 
6]. It has been the base for developing of new methods to handle indeterminate and inconsistent information like 
neutrosophic sets and neutrosophic logic, especiallyused on decision making problems [6-8] . Because of the im- 
precise nature of the linguistic assessments new techniques have been developed. Single valued neutrosophic 
sets (SVNS) [9] for handling indeterminate and inconsistent information is a relatively new approach.In this pa- 
per a new model for cloud service selection is developed based on single valued neutrosophic numbers (SVN- 
number) allowing the use of linguistic variables [10, 11]. Group decision support and complex systems model- 
ling makes recommendable to develop a consensus process [12-14]. Consensus is defined as a state of agreement 
among members of a group. A consensus reaching process is iterative process comprising several rounds where 
the experts adapt their preferences [13]. 

This paper is structured as follows: Section 2 reviews some preliminaries concepts about neutrosophic deci- 
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sion analysis and consensus process. In Section 3, a framework for selecting cloud computing services based on 
single valued neutrosophic numbers and consensus process is presented. Section 4 shows an illustrative example 
of the proposed model. The paper ends with conclusions and further work recommendations. 


2 Preliminaries 


In this section, we first provide a brief revision of neutrosophic multicriteria decision analysis, consensus 
process and cloud computing. 


2.1Neutrosophic multicriteria decision analysis 


Fuzzy logic was initiallyproposedby Zadeh [15], for helping in modeling knowledge in a more natural way. The 
basic idea is the notion of the membership relation which takes truth values in the interval [0, 1] [16]. 

The intuitionistic fuzzy set(IFS) on a universe was introduced by K. Atanassov as a generalization of fuzzy sets 
[17, 18]. In IFS besides the degree of membership (u,(x) € [0,1] ) of each element xEX to a set A there was 
considered a degree of non-membership v,(x) € [0,1], such that: 

Vx © Xu,4(x) + vg(xX) < 1 (1) 

Neutrosophic set (NS) introduced the degree of indeterminacy (1) as independent component [6, 19]. 

The truth value in neutrosophic set is as follows [20, 21]: 

Let N be a set defined as: N = {(7,1,F): T,1I,F © [0,1]}, a neutrosophic valuation n is a mapping from the 
set of propositional formulas to N , that is for each sentence p we have v (p) = (7,/,F). 

Single valued neutrosophic set (SVNS ) [9] was developed to facilitate real world applications ofneutrosophic set 
and set-theoretic operators. A single valued neutrosophic set is a special case of neutrosophic set proposed as a 
generalization of intuitionistic fuzzy sets in order to deal with incomplete information [10]. 

Single valued neutrosophic numbers (SVN number) are denoted by A= (a,b,c), where a,b,cE[0,1] and 
at+b+c<3[22]| . In real world problems, sometimes we can use linguistic terms such as ‘good ’, ‘bad ’ to obtain 
preferences aboutan alternativeand cannot use some numbers to express some qualitative information [23, 
24|.Some classical multicriteria decision models[25, 26] have been adapted to neutrosophic for 
exampleAHP[27], TOPSIS[28] and DEMATEL [29]. 


2.2 Consensus reaching process 


Consensus is an active area of research in fields such as group decision making and learning [30, 31]. A consen- 
sus reaching process is defined as a dynamic and iterative process composed by several rounds where the experts 
express, discuss, and modify their opinions or preferences[13, 32]. The process is generally supervised by a 
moderator (Fig. 1), who helps the experts to make their preferences closer to each other’s. 
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Figurel. Phases of the consensus process supervised by the moderator [32]. 


A frequent approach to consensus modeling involves the aggregation of preferences and the computing of indi- 
vidual differences with that value[33]. In each round the moderator helps to make closer the opinions with dis- 
cussions and advices to experts to change preferences in case [12]. A consensus previous to group decision mak- 
ing allows the discussion and change of preferences helping to reach a state of agreement satisfying experts. 
Consensual points of view obtained from this process provide a stable base for decisions making[31 ]. 


2.3 Cloud computing services 


Cloud computing has emerged as a paradigm to deliver on demand resources like infrastructure, platform, soft- 
ware, among others,to customers similar to other utilities. Traditionally, small and medium enterprises (SMEs) 
had to make high capital investment for procuring IT/software infrastructure, skilled developers and system ad- 
ministrators, which results in a high cost of ownership. Cloud computing aims to deliver virtual services so that 
users can access them from anywhere in the world on subscription at competitive costs for SMEs [34].. 

Due to the fast expansion of cloud computing, many cloud services have been developed [35]. Therefore, given 
the diversity of Cloud service offerings, an important challenge for customers is to discover who are the ‘‘right’”’ 
Cloud providers that can satisfy their requirements. Numerous criteria should be counted in the selection process 
of cloud services and various stakeholders are involved. Consequently, the selection process of cloud services 
can be considered as a type of multi-criteria multi-expert decision analysis problems [2, 3]. 


3 Proposed framework. 


Our aim is to develop a framework for cloud service provider selection based on a consensus process. The model 
consists of the following phases (fig. 2). 
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Figure 2: A framework for cloud serivece selection. 


The proposed framework is composed of five activities: 
e Framework 
Gathering parameters 
Eliciting preferences 
Computing consensus degree 
Advice generation 
Rating alternatives 
e Cloud service selection. 
Following, the proposed decision method is described in further detail, showing the operation of each phase 
1. Framework: In this phase, the evaluation framework, for the decision problem of cloud serviceselection 
is defined. The framework 1s established as follows: 
e@ C={c1,C2,..,Cy} withn = 2, aset of criteria. 
e E={e,,@2,..,e,} with k > 2, a set of experts. 
e = X = {x1,X2,..,Xp} with m = 2, a finite set of information technologies cloud services alternatives. 
Criteria and experts might be grouped. The set of experts will provide the assessments of the decision problem. 
Main criteria for cloud service selection are visually summarizes as follows. 
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Figure 3. Cloud service selection criteria. 


Di 


Gathering parameters: The granularity of the linguistic term is selected. Parameters are gathered for 
controlling the consensus process: consensus threshold w € [0,1] and MAXROUND € N to limit the 
maximum number of discussion rounds. Acceptability threshold e = 0, to allow a margin of accepta- 
bility for prevents generating unnecessary recommendations is also gathered. 


Eliciting preferences: for each expert his /her preference is gathered using the linguistic term set chosen. 
In this phase, each expert, e, provides the assessments by means of assessment vectors: 

OF S(O 0 = Lye hf = Vyas) (2) 

The assessmentv*, provided by each experte,,, for each criterion c; of each cloud service alternativex,, is 
expressed using SVN numbers. 


Computing consensus degree: The degree of collective agreement is computed 

in [0,1]. 

For each pair of experts e,, €;, (kK < t), a similarity[36, 37] vector SM,; = (smi') , sm‘ € [0,1], is 
computed: 


1 
va! 
sft = 1 — (50R i { (ltr) +(hitil) +n) HY 3) 
(i= 1,2,...,m) 


A consensus vector CM = (cm;) is obtained by aggregating similarity values: 
cm; = OAG,(SIM;) (4) 


1m (m-1)m 
l l 


where OAG, is an aggregationoperator, SIM; = {smj*,...,smj™, ...,sm } represents all pairs of 
experts’ similarities in their opinion on preference between (1;, v;) and cm; is the degree of consensus 
achieved by the group in their opinion. 
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Finally, an overall consensus degree is computed: 


og = Hem (5) 


n 


Consensus Control: Consensus degree cg is compared with the consensus threshold (uw). Ifcg = wu, the 
consensus process ends; otherwise, the process requires additional discussion. The number of rounds 1s 
compared with parameter MAXROUND to limit the maximum number of discussion rounds. 


Advice generation: When cg < pw, experts must modify the preferences relations to make their prefe- 
rencescloser to each other and increase the consensus degree in the following round. Advice generation 
begin computing a collective preferences W*. This collective preference model is computed aggregating 
each experts’ preference vector: 


wf = OAG2 (Vj, .., V7") (6) 
where v € U and OAGyis anaggregation operator. 


After that, a proximity vector (PP*) between each one of the e, experts and W° is obtained.Proximity 
values, Dis € [0,1] are computed as follows: 


1 
“Cc 2 pa 
ppy = 1- ( ms {(lteae]) +(lisif) +(8-6°1) iy (7) 


Afterwards, preferences relations to change (CC) are identified. preference relation between criteriac; 
andc; with consensus degree under the defined (1) are identified: 


CC = {wf |cm; < yp} (8) 


Later, based on CC, those experts who should change preference are identified. To compute an average 
proximity pp; , proximity measures are aggregate 


ppi = OAG, (ppj....,PPi") (9) 
where OAG, is a SVN aggregation operator. 
k 


Experts e, whose pp < pp* are advised to modify their preference relation w;*. 


Finally direction rules are checked to suggest the direction of changes proposed. Thresholde > Ois es- 
tablished to prevents generating an excessive number of unnecessary advice . 


DR 1: If v —w§ < —ethen e, should increase his/her the value of preference relation Vj. 

DR 2: Ifv * — w§ > ethen e, should decrease his/her the value of preference relation vj. 

DR 3: If-e < vk —w‘S <e then e, should not modify his/her the value of preference relation vj. 
Step from3-6 are repeated until consensus reachedor maximum number of rounds. 


Rating alternatives: The aim of this phase is to obtain a global assessment for each alternative. Taking 
into account the previous phase, an assessment for each alternative is computed, using the selected solv- 
ing process that allows managing the information expressed in the decision framework. 


In this case alternatives are rated according to single valued neutrosophic weighted averaging (SVNWA) 
aggregation operator as proposed by Ye [38] for SVNSs as follows[ 10]: 
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wij 


iA (Fy, (x))’) ) 


where W = (Wj, W4,...,Wp) is the weighting vector ofA;(j = 1,2,...,2) , Wy, € [0,1Jand YF w; = 1. 


Fiy(Ay, Aay om An) = (1 Ta (1-409) Ts (la, 29) 


8. Cloudserviceselection: In this phase of the alternatives are rankedand the most desirable one is chosen- 
by the score function [39, 40].According to the scoring and accuracy functions for SVN-sets, a ranking 
order of the set of the alternatives can be generated [41]. Selecting the option(s) with higher scores. 


For ordering alternatives a scoring function is used [42]: 
s(Vj)=2+7)-R-} (11) 
Additionally an accuracy function 1s defined: 
a(Vj) = Tj — Fj (12) 
And then 
l. Ifs(Vj) < s(Vi), then Vj is smaller thanVi, denoted by Vj < Vi 
2. Ifs(Vj) = s(Vi) 
a. Ifa(Vj ) < a(Vi), then Vj is smaller than Vi, denoted by Vj < Vi 
b. Ifa(Vj ) = a(Vi), then Vj and Vi are the same, denoted by Vj = Vi 
Another option is to use the scoring function proposed in[28]: 
s(V;) = (1+ 7; — 2F, -1))/2 (13) 
where s(V;) € [-1,1]. 
Ifs(Vj ) < s(Vi), then Vj is smaller thanVi, denotedby Vj < Vi 


According to the scoring function ranking method of SVN-sets, the ranking order of the set of cloud service 
alternatives can be generated and the best alternative can be determined. 


4 Illustrative example 


In this case study three experts E = {e,,e5,¢3}(n = 3) are inquired about their preferences. A linguistic term 
sets with cardinality nine (Table 1) is used. 


Linguistic terms SVNSs 


Extremely good | (1,0,0) 
(EG) 


Very very good | (0.9, 0.1, 0.1) 
(VVG) 


Very good (VG) (0.8,0,15,0.20) 
Good (G) (0.70,0.25,0.30) 
Medium good (MG) 0.60,0.35,0.40) 


0.40,0.65,0.60) 
Very very _ bad | (0.10,0.90,0.90) 
(VVB) 


Extremely bad (EB) (0,1,1) 


Table 1. Linguistic terms used to provide the assessments [28] 


i ( 
(0.50,0.50,0.50) 
i ( 
( 





The scope of the consensus processis defined by five criteria C = (cy, ..., Cs) Shown in Table 2. 
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a 
a 
| 


F Security 





Table 2. Criteria for Cloud service selection 
Parameters used in this case study are shown in Table 3. 


Consensus threshold u=0.9 


Maximum number of discussion rounds | MAXROND = 10 
Acceptability threshold €=0.15 


Table 3.Parameters defined 





Initially, the experts provide the following preferences. 





Table 4. Preferences Round 1. 


First round 

Similarity vector are obtained 

S+4=[0.9, 0.682, 0.782, 1,0.9] 

$+3=[1, 0.782, 0.564, 1,0.465] 

S3= [0.9, 0.9, 0.782, 1, and 0.365] 

The consensus vector CV=[0.933, 0.676, 0.79, 1, 0,577] 


Finally, an overall consensus degree is computed:cg = 0.795 
Because cg = 0.795 < p = 0.9 the advice generation is activated. 


The collective preferences is calculated using the SVNWA operator giving in this case equal importance to each 
expertW*° =[(0.64, 0.246, 0.377),(0.591,0.303, 0.427), (0.437,0.492, 0.578), (0.62, 0.287,0.416), (0.428, 0.495, 
0.587)| 


Proximity vectors are calculated PP*: 
PP'*= [0.944, 0.68, 0.817, 0.916, 0.823] 
PP*= [0.852, 0.801, 0.942, 0.916, 0.632] 
PP?=[0.944,0.899, 0.739, 0.916, 0.632] 
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After that preference to change (CC) are identified (11). 
CC = {Wi|cv; < 0.9 J={W2, w3, Ws} 


Average proximity for this value is computed as follows: 
(pp} = 0.793, pp = 0.833, ppé = 0.696) 
Proximity values for each expert in preferences {Ww , W3, Ws} is as follows: 
(pp; = 0.68, pp3 = 0.817 pps = 0.823) 
(pp? = 0.81, ppz = 0.942, ppz = 0.632)) 
(pp3 = 0.899, pp? = 0.739, pps = 0.632) 
The sets of preferences to change (pp* < pp*) are: 
{v2, 03,05, 03 V5} 
According to rule DR1, the experts are required to increase the following relations: 
{v3, V5 } 
According to rule DR2, the experts are required to decrease the following relations: 
{v3.5} 
And According to rule DR3 this relations should not be changed: 
{v3} 


Second Round 


According to the previous advices, the experts implemented changes, and the new elicited preferences 





Table 4. Preferences Round 2. 


Similarity vector are obtained again: 
S*2=[0.9, 0.682, 1, 1,1] 
$*3=[1, 0.782, 1, 1,1] 
$?3=[0.9, 0.9, 1, 1,1] 
The consensus vector CV=[0.933, 0.676, 1, 1, 1] 

Finally, an overall consensus degree is computed: 

cg = 0.922 

Because cg=0.93>u = 0.9 the desired level of consensus is achieved. 


5 Conclusions. 


The fast expansion of cloud computinghas caused the development of many cloud services. Given the diver- 

sity of cloud service offerings, an important challenge for customers is to discover who are the ‘‘right’’ cloud 
providers that can satisfy their requirements with numerous criteria that should be counted in the selection 
process and diverse stakeholders involved. Therefore, the selection process of cloud services can be considered 
as a type of multi-criteria multi-expert decision analysis problems.A consensus process allows developing a bet- 
ter group decision process. 
Recently, neutrosophic sets and its application to multiple attribute decision making have become a topic of great 
importance for researchers and practitioners alike. In this paper a new framework for selecting cloud services 
taking into account consensus and using single valued neutrosophic numbers for indeterminacy representation 1s 
presented. 

The proposed framework is composed of five activities: framework, gathering parameters, eliciting prefe- 
rences, computing consensus degree, advice generation, rating alternatives and cloud service selection. The 
model includes automatic search mechanisms for conflict areas and recommendations to the experts to bring 
closer their preferences. To demonstrate the applicability of the proposed model and illustrative example ispre- 
sented. 


Karina Perez Teruel, Juan Carlos Cedeno, Héctor Lara Gavilanez, Carlos Banguera Diaz, Maikel Leyva Vazquez. 
A framework for selecting cloud computing services based on consensus under single valued neutrosophic numbers 


48 


Neutrosophic Sets and Systems, Vol. 22, 2018 


Further works will concentrate in extending the model for dealing with heterogeneous information and the 


development of a software tool. New measures of consensus based on neutrosophic theory will be additionally 


developed. 
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Abstract. Neutrosophic (over, off, under) set and logic were defined for the first tume in 1995 by 
Florentin Smarandache, and presented during 1995-2018 to various national and international 
conferences and seminars. The (over, off, under) neutrosophic geometric programming was put forward 
by Huda et al. in (2016) [8]. m an attempt to define a new type of geometric programmung using (over, 
off, under) neutrosophic less than or equal to. This paper completes the basic notions of (over, off, under) 
neutrosophic geometric programming illustrating its convexity condition, and its decomposition 
theorems. The definitions of (@, 5, y) — cut and strong (a, 5,y) — cut are mtroduced, and some of 
their important properties are proved. 


Keyword: Neutrosophic Set (NS), Neutrosophic Geometric Programming (NGP), (Over, Off Under) 
Neutrosophic Convex Set, (sleeves, neut-sleeves, anti-sleeves) of Neutrosophic Sets, Ideal Sleeves, 
(a, 6, ¥) — cut, Strong (a, 6B, y) — cut , Excluded Middle Law, Decomposition Theorems: 


Introduction 

B. Y. Cao set up the mathematical fundamentals of fuzzy geometric programming (FGP) [1]. and 
introduced it at the second IFSA conference, in 1987, in (Tokyo). The formulation and uniqueness of the 
maximum solution of fuzzy neutrosophic geometric programmung in the type of relational equations were 
firstly introduced by H_E. Khalid [14], later there was a novel method for finding the minimum solution 
in the same fuzzy neutrosophic relational equations on geometric programming presented on 2016 [15]. 
The most important paper which related with the basic role of this paper which regarded as the first 
attempt to present the notion of (over, off, under) neutrosophic less than or equal in geometric 
programming was established by Florentin S. and Huda E. [8]. The NGP method has been admitted by 
specialists and created a new branch of neutrosophic mathematics. Inspired by Smarandache’s 
neutrosophic sets theory and (over, off, under) neutrosophic set theory [?, 5, 6]. neutrosophic geometric 
programming emerges from the combination of neutrosophic sets with geometric programming. The 
present paper intends to discuss the (over. off, under) convexity in neutrosophic sets, introducmmg a new 
definition for convexity, and graphing the geometrical representations for (over, off. under) convexity 
property. Neutrosophic sleeves, neutrosophic neut-sleeves and neutrosophic anti-sleeves are also 
introduced in this research. Because each neutrosophic set can uniquely be represented by the family of 
all its (a, 8, y) — cut, it 1s useful to enunciate the definition of (a, 8,y) — cut and prove some of its 
properties, similarly talking for strong (a, 8,y) — cut. Any neutrosophic mathematical programming 
cannot be generated from the womb of fuzzy mathematical programming without the passage through 
intuitionistic fuzzy mathematical programming [17, 18], so we should be famuliar with all aspects of 
intuitionistic mathematical programming fundamentals from the pomt of view of K. T. Atanassov [13. 
16]. 


1 (Over, Off, Under) Convexity Property in Neutrosophic Sets 


In this section, a new convexity behavior of the neutrosophic set will be given. Let X be an ordinary 
set whose generic elements are denoted by x. N(X) 1s the set of all neutrosophic sets mcluded im X. 
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1.1 Definition [19] 

A neutrosophic set AG N(x) is defined as A= {< u,(x),o,(x),v,(x) >: x € X} where 
uslx),o4(x),va(x) represent the membership function, the indeterminacy function, the non- 
membership function respectively. 


1.2 Definition [4] 

A mapping A:X— [0,1], x— ug(x), x 7 og(X),xX— vValx)1s called a collection of 
neutrosophic elements, where py, a membership x corresponding to a neutrosophic set A. o,(x) an 
indeterminacy membership x corresponding to a meutrosophic set A.v,(x) a non-membership x 
corresponding to a neutrosephic set A. 


1.3 Definition 
Suppose A € N(x). If Wx,,x2 € X. we call that A is an (over, off, under) convex neutrosophic set. 
iff the following conditions hold together: 


1-  pa(Ax, + (1 —A )x2) > min(Wa(xy).Halx2) Vxy,x2 © KX 
2- Let o,g(x) = ualx) Nvalx) and 
a- o,(x) satisfies the convex condition, 
1.e. gg(A x, + (1 —A.)x2) > min(o,4(x,),0,4(x2) for some x,,x> E X. 
b- o,(x) satisfies the concave condition. 
1e.d,(A x, + (1—A )x2) < max(o,(x,), og(%2)) for some x,,x € X. 
c- o,(x) is neither convex nor concave at t, € X, where ft, = Ax, + (1—A )x,. anda = 0.5. 
(1e. O4(x1) = o4(*2) = a4(t,) = 0)- 
3- valAx, +(1—A )}x,) < max(v,(x,), valx2)) Vxy,x2 € X. 


For more details, see Figures 1, 2. and 3. 


2 Geometrical Representation 


This section illustrates the geometrical representation of the (over, off, under) convexity 
behavior in neutrosophic sets. Figures 1.2 and 3 illustrate the given notion as follow: 


At \ 





Figure 1: The convex condition of the truth membership function p,(x). 


Here. p(t) > min(u,(x,),u,l(x>) . where t = (Ax, + (1 —A)x,); 4 € [0,1], satisfying the condition 
for allx,,x, EX. 
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Figure 2: The concave condition of the falsehood membership function v(x) 


Here. v,(t) < max (v,(x,),v,(x.)). where t = (Ax, +(1—A)x.);A€[0,1] the condition 1s 
happening for all x,,x. € X. 


N(X) 





Figure 3: Here the indeterminate function is constructed from the intersection between the truth and 
falsehood membership functions: ie. o4(x) = walx) N v,(x). In this figure, the dashed point lines (1. 
shaded with green poimts represent the indeterminate region. here o,(x) 15 neither convex nor concave 
at o4(x,) = o4(x2) = o,(t,) = 0, where t, = Ax, + (1 —A )x,, and A= 0.5. 


3 Neutrosophic Sleeves, Neutrosophic Anti-sleeves, Neutrosophic Neut-sleeves 


This section introduces for the first time the notion of neutrosophic sleeves. its contradiction and its 
neutrality. Together with the definitions of the neutrosophic sleeve, neutrosophic anti-sleeve, 
neutrosophic unit-sleeve, we provided graphs: however, the graphs are imprecise, offering an illustration 
of the meaning of composite sleeves. 
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3.1 Definition 
If a set-valued mapping H: [0,1] — N(x) satisfies Vay,a. € [0,1], a, < a, > H(a,) > H(z), then 
H is called a collection neutrosophic sleeve on XY . A set composed of all the collections of neutrosophic 


sleeves on ¥ is written as (X) . The ideal sleeve occurs when H(a@,) = H(a;3). 


N(x) 





O 


Figure 4: Neutrosophic sleeve 


N(x) 


H(a,) = H(a@z) 


a, as 1 


Figure 5: Neutrosophic ideal sleeve 


3.2 Definition 

If a set-valued mapping H:[0,1] — N(x) satisfies V aj, @2,2a.—a, € [0,1]),a. < 2a,.-—a, = 
H(a@a,) 2 H(2e@, —a@,), then H is called a collection of neutrosophic anti-sleeves on X. A set composed 
of all the collection of neutrosophic anti-sleeves on X is written as anti U(X). The ideal neutrosophic 
anti-sleeve on ¥ occures when H(a2) = H(2a2— a@y,). 
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Figure 6: Neutrosophic anti-sleeve 


N(x) 





H(a,) = H(2a, — a) 


Qt, Ms 2Q> aoe (t, 


Figure 7: Neutrosophic ideal anti-sleeve 


3.3 Definition 

If a set-valued mapping H:[0,1] — N(x) satisfies V @,,a2,2a.—a, € [0,1),a, < a. < 2a,-—a, > 
H(a@,) AA(2a, — a,) = min{ H(a@,),H(2@a, —a@,)} = H(a@2), then H is called a collection of 
neutrosophic neut-sleeves on X . A set composed of all the collection of neutrosophic neut-sleeves on Y 
is Written as neut U(X). The ideal neutrosophic neut-sleeve on Y occurs in the case of 0 < a, < a. < 
2a, —a, <1=> H(a,) = H(a,) = H(2a, — a). 
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Note that: 


The ideal case of neutrosophic neut-sleeve is composed from the ideal case of the neutrosophic sleeve 
combined with the ideal case of the neutrosophic anti-sleeve. 


H(a,) H(2a, —a,) 





0 aA 
ct, a, Aa, — m, 
Figure 8: Neutrosophic neut-sleeve 
H(a,) = H(a,) = H(2a, — a,) 
: ~ ” ; Xx 


Figure 9: Neutrosophic ideal neut-sleeve 
Note that: 


All figures from 4 to 9 are just indicative graphs employed to understand the meaning of neutrosophic 
sleeves, neutrosophic anti-sleeves and neutrosophic neut-sleeves_ but are not necessary accurate. 


Huda E. Khalid, Florentin Smarandache & Ahmed K. Essa, The Basic Notions for (over, oft, under) 
Neutrosophic Geometric Programming Problems 


Neutrosophic Sets and Systems, Vol. 22, 2018 36 


4 A new insight of the excluded-middle law in neutrosophic theory 
4.1 The excluded-middle law in classical and fuzzy logics 


In classical dialectics, the excluded middle law is the third of the three classic laws of thought. 
It states that for any proposal, erther that proposal is true, of its contradictory is true. The earliest known 
formulation was in Arstotle’s discussion of the principle of non-contradiction, where he said that of two 
contradictory suggestions, one of them must be true, and the other 1s false. Aristotle 384 BC, saad that it 
is necessary for every claim there are two opposite parts, either confirm or deny and it is unattainable 
that there should be anything between the two parts of an opposition. We point out that fuzzy logic. 
intuitionistic fuzzy logic and neutrosophic logic no longer satisfy the excluded-muiddle law [3]. 
Let X be an ordinary fuzzy set, whose generic elements are denoted by x, a mapping A: X —@ 
[0,1], x - w(x) called a fuzzy set A, and let the complement of A be A® with its membership function 
meaning u4c(x) = 1—yw,(x), then it is obvious that the excluded-middle law is not satisfied. u(x) U 
pae(x) #X (1) 
a(x) N pae(x) # @ (2) 


Example: 


Let ¥ = [0,1], wa(x) = x, then pyac(x) = 1 — x, while 


1 
i:—x x= > 
(Ha U Mat)(x) = 1 (3) 
x x 
2 
1 
(Ha M1 wae (x) = 1 (4) 
(1- ee 
| x X>5 
Hence 
Ha U Mage HX & Ha Nae +O 
Especially, 
fl | i, 1 
(Ha U war) (5) = (ea ta) (5) = 5 6) 


A fuzzy set operation does not satisfy the excluded-muiddle law, which complicates the study of 
fuzzy sets. The fuzzy sets can provide more objective properties than the classical sets [1]. 


4.2 The excluded middle law with the perspective of (over, off, under) neutrosophic 
geometric programming 


In the two-valued logic. all the designated values as types of truth and all the anti-designated values 
as types of untruth with gaps between truth-value (or falsehood-value). In the neutrosophic theory, one 
specifies the non-designated values as types of indeterminacy and thus. each neutrosophic consequences 
have degrees of designated, non-designated, and anti-designated values. However. the excluded middle 
law in the neutrosophic system does no longer work [7]. 

Even more, Smarandache (2014) [3] generalized the Law of Included Middle to the Law of Inciuded 
Multiple-Middles, showing that in refined neutrosophic logic (2013). between trith (7) and falsehood 
(F) there are multiple types of sub-indeterminacies (J), J2, ...) [10.11.12]. 

In upcoming definitions, the authors affirm that u(x) M wae(x) + © in neutrosophic environment: for 
example but not limited to, the nonlinear neutrosophic programming ( 1¢. example of neutrosophic 
geometric programming (NGP})). 
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4.2.1 Definition 


Let N(X) be the set of all neutrosophic variable vectors x,;,i=1,2,..,m. 1e. N(X) = 
oe oe | x; € X}. The function g(x): N(X) — RU J 1s said to be neutrosophic GP function of 
x, Where g(x) = ee can | ha c, = 01s a constant . y,; bemg an arbitrary real number. 


4.2.2 Definition 


Let g(x) be a neutrosophic geometric function m any neutrosophic geometric programming, and let Ap 
be the neutrosophic set for all functions g(x) that are neutrosopluically less than or equal to one. 


Ag = {x, EX: g(x) <¥1} = {x, © X: g(x) < 1,anti( g(x)) > 1,neut( g(x)) = 1} (6) 
4.2.3 Definition 


Let g(x) be any neutrosophic geometric function written as a constraint in any neutrosophic geometric 
programming (NGP), where x, € ¥ = [0,1] U [0,nJ] and x = (x,,%5,...,x,,)’ 15 an m-dimensional 
neutrosophic variable vector. 
Call the mequality 
g(x) < #1 (7) 
where " < #" denotes the neutrosophied version of " = " with the linguistic imterpretation being "less 
than (the original claimed), greater than (the anti-claim of the original less than), or equal (neither the 
original claim nor the anti-claim)" 
The constraint (7) can be redefined mto three constraints as follow-- 
g(x) <1 
anti (g(x)) > 1) (8) 
neut( g(x)) =1 


4.2.4 Definition 
Let Ay be the set of all neutrosophic geometric functions that neutrosophically less than or equal to one, 
re. Ag = {x; EX, g(x) < 81} 4 A, = {x; € X: g(x) < 1, anti( g(x)) > 1,neut( g(x)) = 1} 


It is significant to define the following membership functions: 





1 0= g(x) =1 
i (x)) = ar 71, — 71, oe | (9) 
Ha,( 9(*)) (<0 D , gilanti( 2-2) _ ), ieapteyea ae idee (9. 
0 é O= g(x) <1 
eee a ee 4 ; ere : 
aa aaa (3 ie ais eT lame ») 1—d,In0.5 < g(x)<=1+d, mm) 


It is clear that 4, (neut( g(x))) consists from the intersection of the followimg functions: 


—(a(x)-1) —(anti( g(x))—1) 
eo : efo 


1- 


Le. 


ne 5{anzi{ g(x))-1) 295 ae | 
Ha, (neut( g(x))) = ¢ aks » isg)=<1-d,m05 


| —Yg(x)-1) i 
eto” ,1—d,1n0.5 < g(x) =1+4+d, 
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Note that d, > 01s a constant expressing a limit of the admissible violation of the neutrosophic geometric 
function g(x). 


Consequently. 
Ha( 9(x)) Mua, (anti( g(x))) #0, 


Here p24, ( g(x) 9 ug, (anti( g(x))) = ug, (neut( g(x))). 
5 (a,8,y) —cut and strong (a,6,y) — cut of Neutrosophic sets 
We put the following definitions as an initial step to prepare to prove the properties of 
(a, 8,¥) — cut and strong (a, 8,y) — cut of neutrosophic sets. 
9.1 Definition 


Let A € N(x),V (a@,6,y) € [0,1] . written Ace gy) = {x: Ma(X) = a, 04(x) = B,v4(x) = ¥}. Atagy 
is said to be an (a, 8, y) — cut set of a neutrosophic set A. Again, we write 

Atapyyt = {X:Ha(X) > a,o4(x) > B,vg(x) < ¥}. Acag yt 1 said to be a strong (a, 8,y) — cut set of 
a neutrosophic set A. (a, §,y) are confidence levels and a + 6 + y = 3. 


5.2 Definition 


Let A € N(x), written Apgoyy+ = {%: Hal(®) > 0, a4(x%) > 0, v4(x) < 1} = supp A, Apgy y+ 15 calleda 
support of a neutrosophic set A. Again. ker A = {x:u4(x) = 1,0,4(x) = 0, v4(x) = O}1s called a kemel 
of neutrosophic set A, and A is anormal neutrosophic set for kerA + ©. 


5.3 Definition 


Let A € N(x), written A U B = (x. max (11,(x), H,(x)), 

max(¢,(x).¢,(x)), min(v,(x).v,(x))): x € X}, the union of A&B 

ANB= (x min (u, (x). Hp (x)) »min(o,(x).o,(x)), max(v,(x). vg(x))): x € X}, the 
intersection of A&R. 


5.4 Theorem 


We have the following properties for (a, 6, y) — cut and strong (a, B, y) — cut neutrosophic sets: 
1- ACB => Avapiy) Cc Brapy) 
2- (AUB) ae, = Ace YU Bragy cauality holds 1f a + B + y = 3. 
(AN B)iagy) = Atapy) 1 Bragy): 
4- (A e B) va.8.y)* — Ara.p-yit W BeaBy)*- equality holds if « + 6 + ¥= 5. 
(AN B)agy)* = Ag@gyy* 9 Brapy)- 
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Proof 


l- Let x € Atay) > Ha(X) 2 @04(x) = B. vale) <7 
ButB2A => u,(x) =u, (%) = a,0,(x) = o,(x) = B.v,(x) = vA) sy 
=> p(x) = a,o,(x) = B v(x) <¥ 
=> xz€E BraBy) : theretore Arapy) i Bra.B.y) 


2- (AU B)(a.8,y) = Atapy) U Brag.y) 
Since AC (AUB), BC (AUB) and from 1 above, we have: 


Avapy) & (AU B)tagy (12) 
Brap.y) S (AY B)agy (13) 

Combine (12) with (13). The proof of property 2 is complete, ie. 

(AU B)rapy) 2 Acag.y) U Bragy) (14) 


Ifa +B +y = 3, we show that (AU B)i,¢.) = Atagy YU Bagy 
Letx € (AUB) py) > Hal®) U ug (*) = a, 04(x%) U og(*) = B,vyg(x) Uvg(x) Sy 
if u,(x) > a and o,(x) > B thenv,(x) =< 3-a—-—B=y >x € Aggy S Aen U Brgy 
also if g(x) = a and og(x) = B thenvg(x) = 3-—a—B=y >*x € Beapy © Atagy YU Brgy 
=x € Avapy) U Brag) 
and so (AU B)ia.g.y) S Avagy) U Brgy) (15) 
From (14) and (15). we get 

(AU B)ic.gy) = Atagy) U Bragy) 
We still need to prove that (AN B)agy) = Aragy) 9 Bragy) 
Proof 
Since ANBCA and ANBCB 

= (AN B)agy) S Atagy) ®@ (AN B)apy & Brgy (16) 
Let x € Avapy) 9 Boagy) 
> x € Ap py & x © Brapy 
= Ha(X) 2 a, a4(x) = B,v4(x) Sy and pg(x) = a,op(x) = B,vp(*) Sy 
=> Ha(x) 1 ug(X) = a, o4(x) 0 op(%) = B,v4(X) Uvg(e) = y 
=>x € (ANB)apy 
= Afapiy) 1 Bragy) S (ANB) apy) (17) 
From (16) and (17), we have 

(AN B)tagy) = Atagy) 1 Bragy) 
Note that: 
The same technique that used for proving 2 will be employed to prove the properties of strong 
(a,B.y)-cut in 3. 


6 Representations of neutrosophic sets 


The decomposition theorems of neutrosophic sets 1s a bridge between neutrosophic sets and ordinary 
ones. The principal feature of (a, B, y) — cut and strong (a, B, y) — cut sets in neutrosophic set theory 1s 
the capability to represent neutrosophic sets. We show in this section that each neutrosophic set can 
uniquely be represented by either the famuly of all its (a, 6,y) — cuts or the family of all its strong 
(a, B, y) — cuts. 

We can convert each of (a,8,y) — cut and strong (a, 6,y) — cut to special neutrosophic sets denoted 
bY ca,g,y4 and (apy: as follows: 


for a, B,y € [0,1] witha + B+y <3. we have: 
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A= ps B,y) if x € Atapy) oH 
(x,By) (0,0,1) if x € Avagy) 

tA —, (a, B, Y) if xe Avapyy* (19) 
(o.Bey? (0,0,1) if x € Ava py)* 


The representation of an arbitrary neutrosophic set A in terms of the special neutrosophic sets 
(apyi4 - Which are defined in terms of the (a, B, ¥) — cuts of A by (18). 1s usually referred to as 
decomposition of A. In the following, we formulate and prove two basic decomposition theorems of 
neutrosophic sets. 


6.1 First Decomposition theorem of neutrosophic set (NS) 
sei U , 
For every A € N(x), A = a, By € [0,1] (apy - Where (..¢,)4 1s defined by (18) and U denotes the 


standard neutrosophic union. 

Proof 

For each particular x € X, let 

pa(x) = a,o,4(x) = b, v(x) = c. Then, 


U \ _ (suppalx), sup d4(x), infv,(x)’ 
s By E [0,1] py) (x) = & Ee [0.4] BE 0.1) ye a 


SUD [4(x), sup o,4(x), infv,(x) sup pt4(x), supo,(x), inf v4(x)) 
ia Me E[0.a] gef01] ye (0,1) ( a€(a,1] BE [01] ye [01 ) 


For each @ € (a, 1]. we have wa(x) = a < a@ and, therefore, (, 9,4 = (0,0,1). On the other hand, for 
each a € [0,a], we have u4(x) = a = a, therefore, (apy) = (a, 8, ¥). 


The second step of the prove is to complete the maximum value for the second component 


- sup a4(x)) : 
(1. BE = as follow: 


ia jee [0,1] aay) (x) 


ax (EPMA, supeals), intvaCe)) (sup nas), supoa(s), infeaC=)y 
i. @E€[0,a] BeElO,b] y E€[0,1)]/"\eE[0,e] FE(b,1) y €[0,1]/ 

For each 6 € (b, 1]. we have o4(x) = b < 6 and, therefore, «2,4 = (0,0,1). On the other hand, for 

each 6 € [0,5]. we have a,(x) = b = £. therefore. (apyi4 = (a, B,y). 

7 ee ua(x), supa,(x), infvy 4 

~\a@e[0,a] gp e[0,b] y © [0,1]/ 


The final step of the proof 1s to complete the maximum value for the third component ( i.é. 


ea 
y €[0,1)/ 


U ; 
(a,.8y€ [01] ev) @) 
= max (PMA) suPgAC, intva(2)),—(supal),supa(s)intva(2)) 
_ a@€[0,a] 6 €[0,b] y €[0,c)/" a€[0,a] 6 € [0,5] y € [e,1] 
For each y € [c, 1]. we have va(x) = c = y, therefore, ,,.2,,4 = (a, B, y). On the other hand, for each 
y € [0,c). we have vg(x) = c > y, therefore, (aby = (0,0,1). 
Consequently. 
/ U ‘V7. (sUpHa(*) supa,g(x), infvg(x)\ ees 
(a,p,y € {01} Gen) ) = i E[0,a] @E[0,b] y€[e, i) ie Bey} AG) 
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Since the same argument 1s valid for each x € X, the theorem 1s proved. 
6.2 Second Decomposition Theorem of Neutrosophic Set (NS) 


Let X be any non-empty set. For a neutrosophic subset A € NX). 


UW - 
ae a, B,y € [0,1] (apyy4 - Where (..2,)4 is defined by (19) .and U denotes the standard 


neutrosophic union. 


Proof: 
For each particular x €.X, let u(x) = a,o4(x) = b, vg(x) = c. Then 


U +,\-.\ _ (SUP Ha(x), supoy(x), infv,y(x) 
le Bye [0,1] capa) (x) 7 ( ae [0,1] Be [0,1] ye ‘oy) 


cz Ha(x), sup o4(x), inf vg 4 & Ha(x), sup o4(x), inf eo 
= WME , ga 
\a € [0,a) 6 € [0,1] y € [0,1] /' a€[a,1] ge[0,1] y € [0,1] 

For each a@ € [a, 1], we have u4(x) = a = a@ and, therefore, (apy) = (0,0,1). On the other 
hand, for each a € [0, a), we have wz(x) = a > a, therefore. (apy = (a, 8, y) the second step of the 
proof 1s to complete the maximum value for the second component ( i.e. Pde ) 


Again. 


& g, ee [0,1] fap.) (x) 
sup a(x), supo,(x),infv,(x) sup a(x), supa,y(x), infvy(x) 
salva ( a€[0,a) 8 €[0,b) ye 0.1)) ( a€[a,i] Beli] ye fo.) 
For each B € [b, 1]. we have o,(x) = b = B and. therefore. (apy = (0,0,1). On the other hand. for 
each 6 € [0,b). we have a,(x) = b > f, therefore. (apy 4 = (a,B,y). 
sup a(x), supo,(x), infvy(x)\ 
E[0a) fel[0b) ye 1) 


| * nee 
x B, ¥ = [0,1] (pri) (x) = 
The final step of the proof1s to complete the maximum value for the third component ( ce: oan a} 


Finally. 


U eds: 
cS BY = [0,1] aay) (x) 
_ ‘- Ha(x), supo,(x), inf oO we Ha(x), supgg(x), infva(x) ) 
~™O*1\ a €[0,a) BE [0,b) y €[0,c]/’ a€[0,a) 6E[0,b) y€(c1] 
For each y € (c, 1], we have v(x) = c < y,. therefore, (apy = (a, 8, y). On the other hand, for each 
y € [0,c]. we have vg(x) = c = B, therefore. (apy)4 = (0,0,1). 


Consequently. 


U rt _, _ (suppa(x), supa,(x),infvglx)\_ . Seed Ses 
bee By € [0,1] ea) (x) = ( a€[0,a) BE[0,b) YE a = (a,B,y) = A(x) 


Since the same argument 1s valid for each x € X, therefore the theorem 1s proved. 
a 

Conclusion 

Neutrosophic geometric programming (NGP) can find many application areas, such as power 
engineering, postal services, look for exemplars for eliminating waste-water in a power plant. of 
determming the power equipping radims im the electrical transformers. All the above-mentioned 
applications require building a strong neutrosophic theory for neutrosophic geometric programming 
(NGP), these aims lead the authors to present the (over, off, under) convexity condition in neutrosophic 
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geometric functions. The needed of establishing the aspects of sleeves, neut sleeves and anti-sleeves were 
necessary. Furthermore, the basic concept of (a.6.¥)-cut and strong (a_B-y)-cut of neutrosophic sets have 
been given. By strong definitions and given example, the authors proved that the excluded middle law 
has no longer satisfied in neutrosophic theory, this proof has been made by neutrosophic geometrical 
programming. 
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Abstract. Neutrosophic sets and their application to decision support have become a very important topic. In real situations, 
there are different sources of indeterminacy. This paper suggests a new decision-making model based on Neutrosophic Cogni- 
tive Maps (NCMs) for making comprehensive decisions from a multi-objective approach (diagnosis, decisions, and prediction) 
during the execution of many projects simultaneously. A Soft Computing technique like Fuzzy Cognitive Maps (FCMs) has 
been widely used for decision-making process in project management, but this technique has the limitation of not considering 
the indeterminacy between concepts. This limitation is overcome by the proposed model since NCMs can represent the inde- 
terminacy or neutrality. The new model includes neutrosophic sets in the map’s connections. Finally, the suggested model has 
been compared with traditional FCM-based model considering efficiency and efficacy 


Keywords: Neutrosophic cognitive maps, neutrosophic sets, project management, single valued neutrosophic numbers. 


1 Introduction 


Project management is characterized by being a complex and dynamic system with high degrees of uncertainty [1]. 
Consequently, there is a low percentage of success in projects as shown in the reports of the Standish Group International 
Incorporated. Standish Group is continuously studying the behavior of different companies since 2004; these studies 
address around 5000 projects annually. Reports of this group show that the numbers of satisfactorily delivered, closed or 
failed, and renegotiated projects have moved by around 35%, 18%, and 43% respectively [2]. 

To mitigate this situation, many international project management schools like Project Management Institute (PMI) 
with its PMBOK standard [3], ISO 21500 standard developed by the International Standards Organization (ISO) [4], and 
CMMI proposed by Software Engineering Institute [5] have developed guidelines and recommendations for project 
managers. However, these guides are very generic and frequently need to be personalized to be applied in different con- 
texts. Besides, the techniques they propose do not define clearly how to deal with uncertainty, impression, and 
incomplete information [6]. In other words, these guidelines are not enough to solve the problems and limitations still 
presented in project management. Nevertheless, many of these problems are associated with the decision-making process 
in project management. 

In this sense, different authors have referred to decision making as an essential process in project management [7], 
and others like Trumper et al. [8] defined the project management as the art of making right decisions. Cunha et al. [9] 
stated that project success depends on how software project managers deal with the problems and make decisions. 

In project management, the main decision-making process occurs in project’s cuts, see Figure 1. In this respect, 
decisions should be made out of a multi-objective approach, which includes a diagnosis to know the real state of the 
ongoing project, making corrective decisions in order to mitigate delays and deviations, and finally predict the project 
evolution according to the decisions made. It is also important in project management to consider an adequate balance 
between time, cost, and quality [10]. 
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Figure 1. Decision making by cuts in projects. 
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Generally, the decision-making process in project management involves multiple stakeholders with different 
degrees of expertise; hence, a consensus process should be carried out in order to reach a generally accepted 
opinion. Besides, experts on many occasions need to express indeterminacy relationships existing between con- 
cepts. 

From the previous analysis, it is perceived that there are opportunities to improve the guidelines and 
recommendations provided by international Standards and schools for project management through the use of 
Soft Computing techniques. Fuzzy Cognitive Maps (FCMs) is a suitable tool for the representation and 
simulation of dynamic and complex systems with the presence of uncertainty and incomplete information [11]. 

FCMs were introduced by Kosko in 1986 [12] as an extension of the Cognitive Maps Theory developed by 
Axelrod in 1976 [13]. In FCMs, there are three possible types of relations between concepts: positive relation, 
negative relation, or non-existence of relations, see Figure 2. The widespread use of Fuzzy Cognitive Maps 1s 
due to its features of simplicity, adaptability, and capability of dealing with uncertainty, vagueness and 
incomplete information, besides their capacity to represent feedback relationship [14]. For this reason, FCMs 
have been widely employed for modeling complex and dynamic systems such as project management [15]. 





Figure 2. Representation of a basic Fuzzy Cognitive Map. 


Some authors have focused on IT projects, such is the case of Rodriguez-Repiso, Setchi, and Salmeron who 
used FCMs in [16] to model critical success factors and the relationships between them. Following this line, 
Salmeron et al. [17] presented a model for predicting the impact of risks in ERP maintenance projects. Leyva et 
al. [18] presented a model to select IT projects using the business modeling and FCMs. Zare Ravasan et al. [19] 
proposed a dynamic model based on FCMs to identify the most important ERP projects failure factors. 

In construction projects, Ahn et al. [20] used FCMs for the prediction of labor productivity. Bagdatl1, 
Akbiyikli, and Papageorgiou developed in [21] a decision-making model based on FCMs for the cost-benefit 
analysis, taking into account the risk analysis. Khanzadi et al. [22] presented an FCM model for dynamic 
analysis of changes in construction projects. 

Regarding risk analysis, Jamshidia et. al [23] had developed an FCM model for risk analysis in maintenance 
outsourcing projects, and in another work [24] he proposed the use of FCM to support decision making for the 
dynamic risk assessment in project management, taking into account the probability of occurrence and the 
impact of each risk factor. Other authors following different approaches developed models based on FCMs for 
stakeholders evaluation [25], and project schedule overrun prediction [26]. 
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From the previous revision, it was perceived that the mentioned models based on traditional FCMs in project 
management do not consider, despite its importance, the indeterminacy between concepts. Indeterminacy is 
frequently presented in the decision-making process [27], mainly, when experts are not sure if one factor may or 
may not impact another. 

However, traditional FCMs have the limitation of not considering the indeterminacy relations between 
concepts [28]. In this respect, Smarandache in 1995 introduced the Neutrosophic Theory, making possible the 
representation of indeterminacy [29]. Such characteristic is helpful for modeling decision-making problems [30] 
since it considers all aspects of decision such as agree, not sure, and disagree [31]. For this reason, Neutrosophic 
Logic has been widely used in decision-making environments [32], [33], [34]. 

An application of this theory in FCMs is the Neutrosophic Cognitive Maps (NCMs) developed by Vasantha 
& Smarandache in 2003 [35]. NCMs overcomes the drawback presented in traditional FCMs of not representing 
the indeterminacy relations between concepts. 

However, NCMs have been little applied in project management. Bhutani et al. [36] used NCMs for the 
identification and evaluation of success factors in IT projects. Betancourt, Leyva, and Pérez proposed in [37] a 
new method for modeling risk interdependencies ing projects. In another context, Pramanik and Chackrabarti 
carried out in [38] a study to assess the impact of problems faced by construction workers in West Bengal, India, 
based on NCMs to find its solutions. Following this line, Monda and Pramanik modeled in [39] the problems of 
Hijras in West Bengal, India, using NCM. 

It was noticed that in the previous papers, the linguistic evaluations are not represented by neutrosophic sets, 
but by a single number which represents the degree of causality between two concepts or by the letter J to 
indicate the indeterminacy, without sufficiently exploiting all the potentialities of neutrosophic sets. 

In general, many of the aforementioned articles about decision making in project management, only make a 
diagnosis without making decisions or predictions. In some of them, the map is constructed with the help of 
multiple experts without proposing any method for the consensus process. On the other hand, in the majority of 
these papers, the concepts of time, cost, and quality were not properly considered. 

This article aims at proposing a model based on neutrosophic cognitive maps for making comprehensive 
decisions out of a multi-objective approach (diagnosis, decision, and prediction) during projects execution, 
considering the indeterminacy relations between concepts. In the proposed model, experts’ evaluations are 
expressed by neutrosophic sets, taking into account an adequate balance between cost, time, and quality. 

The remaining of the paper is structured as follows: Section 2 describes preliminary concepts and notation of 
Neutrosophic theory. In section 3, the neutrosophic cognitive map for decision making in project management 1s 
introduced. In section 4, authors compare the results of project management decisions by using a traditional 
fuzzy cognitive map with the neutrosophic cognitive map. The paper ends with conclusions in Section 5. 


2 Preliminary concepts and notation 


The traditional fuzzy set introduced by Zadeh in 1965 [40] uses one real value uA(x) € [0,1] to represent the 
grade of membership of fuzzy set A defined on universe X. 
Definition 1. A fuzzy set consists of two elements, a linguistic label, and a membership function ~. Function 
of X is a mapping from the set_X to the unit interval ~: X — /0, 1], where w (x) is called a degree of member- 
ship. 

An example of a fuzzy set is represented by the triangular functions as shown in Figure 3. Let A be a fuzzy 
set represented by the following function of membership: 








O,x<a High 
- x 
: i pees LL a (X) 
—a 

(x bao 

D6 eae cea 6: 

c—b 
O.x >c 








Figure 3. Fuzzy set “High” based on triangular membership [ 4 (X) with values (a, b, c) and its graphical representation. 


In this case, a triangular number (a, b, c) represents the membership function. However, fuzzy set only 
considers the membership degree of an element x of a fuzzy set A and fails to consider falsity-membership [41 ]. 

In 1986, Atanassov introduced the intuitionistic fuzzy sets (IFS) [42] which is a generalization of fuzzy sets. 
The intuitionistic fuzzy sets consider both truth-membership j.4(x) and falsity-membership f4(x), with w4(x), f4(0) 
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E [0,1] and 0 < u(x) +f4(0) < 1. Intuitionistic fuzzy sets can only handle incomplete information but not the inde- 
terminate and inconsistent information [43]. 

An alternative that extends the theory of fuzzy logic and helps to improve the treatment of uncertainty is the 
introduction of concepts of neutrality dealing with neutrosophic numbers. Neutrosophy logic was introduced by 
Smarandache in 1995 [44]. 

Definition 2. Let / be a neutrosophic set in universe X characterized by a quintuple (Label, X, tu(x), tu(x), 
ov(x)) where: Label is a linguistic term which represents the name of set, X represents the universe of discourse, 
Lu(x) € [0,1] represents a membership function, t(x) € /0,1/ represents a indeterminacy-membership function, 
and oxu(x) € [0,1] represents a falsity-membership function, where 0 < u(x) + tu(x) + ou(x) < 3. 

This definition implies that each value of the domain x € X when evaluated in neutrosophic set M, such that 
M(x) returns the value (iy (x), Ti (x), Oy (x)) where the first component represents the membership degree of the 
value x to the set M, the second component represents the indetermination degree of the value x to the set M, and 
the third component means the non-membership degree of the value x to the set . 

Single Valued Neutrosophic Set (SVNS) is an instance of a neutrosophic set which can be used in real scien- 
tific and engineering applications, see definition 3. 

Definition 3. Let X be a space of points (objects), with a generic element in X denoted by x represents a 
single valued neutrosophic number (SVN) and is characterized by a vector (V, J, F) where V indicates truth-value, 
I indeterminacy-value, and F' falsity-value. 

In order to extend fuzzy logic definitions with neutrosophic theory, authors include a definition 4 of neutro- 
sophic linguistic variables. 

Definition 4. A neutrosophic linguistic variable consists of quintuple (Var, T(x), X, G, M) in which Var is 
the name of the variable, T7(X) is the set of linguistic terms associated with the variable, X is the universe of dis- 
course, Mis a semantic rule which associates to each linguistic value z E7(x) its meaning M(z), where M(z) de- 
notes a neutrosophic set in_X, see definition 2, and G 1s the set of syntactic rules for the generation of compound 
terms, based on the atomic terms that make up the sentences that give place to each linguistic value. 


(x-—a)u,/(b-—a) (asx<b) 


_)uU (x = b) 
Ha) (c—x)ug/(c—b) (b<x<sc) 
0 otherwise 
(b — x + v4(x — a))/(b — a) (as x-<B) 
_J% (x = b) 
ta) (x — b + v4(c — x))/(c — b) (b<x<c) 
1 otherwise 
(b—x + f(x — a))/(b — a) (ax<x<b) 
o,4(x) = fa (x = b) 


(x —b+f,(c- x))/(e —b) (b<x<c) 


1 


otherwise 











Figure 4. Neutrosophic set, /44(x) membership function, 74(x) indeterminacy-membership function and o4(x) falsity-membership function. 


Other important concept is a T-norm and S-Conorms functions. Let T be a T-norm function and S' a co-norm 
function: 


TNorma funtion 7: [0,1] x [0,1] — [0,1] for example (min), with following properties: 


o Ta, b) =T(b, a) Commutativity 
o T(T(a, b), c) = T(a, T(b, c)) Associativity 
o Sia>byc=d then T(a, c) = T(b, d) Monotony 


o Tfa,l)=a Neutro element 
Conorma funtion S: /0,1/ x [0,1] — [0,1] for example (max), with following properties: 


o S(a, b) = S(6, a) Commutativity 
o S(S(a, b), c) = S(a, S(b, c)) Associativity 

o Sia=>byc=d then S(a, c) =S(b, d) Monotony 

o S(a,0)=a Neutro element 


In order to operate with single valued triangular neutrosophic numbers, Sahin, Kargin, and Smarandache in 
[45] describe operations as follows: 


Let A, be represented by number ((a@;, 5), c)); Ws, rs, f4) and B» 1s represented by number ((@2,b2,C2); us, rs, fz) 
with T as T-norm and S,, Sj two co-norms then: 


Sum: A; (+) Bo= ((a;+a,, b;+b2, c;+C2); T(us, us), Si(r4, 18), Sofa fa) (I) 
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Difference: A, (-) B>= ((a)-C2, bj-b2, Cj-a2); T(us, us), Si(ra, re), Sofa, fe )) (2) 
Product: 4, es, B= ((a)Q>, bybo, CC); T(us Up ), Si (V4, re), Sofa, fe) if Cc), C,>0 (3) 
A, (*) By= ((ajC2, bjb2, C12); T(us, us), Si(ra, 18), Sofa fa) if cr< 0 ,c2>0 (4) 
A, (*) Bo= ((€)C2, bjb2, ajaz); T(us, Us), Si(r4, 18), Sofa fe)) if C1, C2 <0 (5) 
Division: A; (/) B= ((aj/C2, bj/b>, C,/a>); T(us, Up), Si(V4, re), Sofa, fe) if c), C2) > 0 (6) 
A, (/) By= ((aj/2, bj/b2, Ci/C2); T(Us, Us), Si(t4, 18), Sofas fa)) if cp< 0 ,02>0 (7) 
A, (/) Bo= ((€1/2, bj/b2, aj/C2); Tuas, Us), Si(r4, re), Sof fa) tf C7, C2 < 0 (3) 
Product by scalar: kA; = ((ka;, kb, kcj); us, rs fy) if k > O (9) 
kA, = ((kc,, kb, kaj); us, ra, fy) if k < 0 (10) 
Inverse: (A,)' = (l/c, 1/b,, I/a,); us, 14, fy) with A, # (0,0,0) (11) 


3 A Neutrosophic Cognitive Map for decision making in Project Management 


In this section, the model based on a NCMs for making comprehensive decisions out of a multi-objective 
approach (diagnosis, decision, and prediction) during projects execution, considering the indeterminacy relations 
between concepts is proposed. The main characteristics of the model are: 

o It is based on expert triangulation methods to avoid high dependence of one expert and mitigate the 
experts slant. 
o Introduces a new representation of neutrosophic cognitive maps by including neutrosophic sets into 
maps connections. 
o Manages two types of indeterminacy, the first one is when the value of some indicators is unknown 
and the second one is when experts declare indeterminacy between two concepts, see Figure . 
o Takes into account an adequate balance between cost, time, and quality. 
Provides solutions for diagnosis, decision, and prediction simultaneously. 
o Uses computing with word techniques to aggregate the individual cognitive maps. 


O 
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_ 
=- 
=- 
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= 
- 
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very high indeterminacy 


Figure 5. Neutrosophic cognitive map with indeterminacy relationships between concepts 
The proposed model consists of two algorithms: 
Algorithm PM NCM 1: the construction of the neutrosophic cognitive map 


1. Defining the project management’s problems, context, and particularities. 
Selecting k experts in project management. 
3. Evaluating the expertise degree for each expert, by using co-evaluation methods and computing with 
word techniques (t-tuples technique [46]). 
for each Expert; 
for each Expert; : i Aj 
Expert; = Aggregate(Expert;, Evaluation (Expert; ) ) // Expert; represents evaluation of expert j 
over expert I. 
end for 
end for 
4. Establishing indicator, diagnosis, decision, and prediction concepts associated with project manage- 
ment problems by using brain storming techniques (carrousel style). 
5. Building the individual maps for each expert 
For each Expert; 
QueueMaps € Expert; builds a map by considering identified concepts in the previous step. 
Each map edge is represented by a neutrosophic set represented in Table I 
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End for 
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6. Nem = AggregateMaps(QueueMaps) //Finally getting a map, where each map’s node represents one of 


In the proposed 


the following elements: a cause of project delay, a 
decision, a prognosis. 
model, five experts were selected, who identified the following concepts for the construction 


of the individual maps: 

e Indicators: these reflect the current state of the project under evaluating, they can be expressed in 
different domains, numerical, linguistic or interval. the Indicators are calculated by project 
management systems and they are associated with each project management knowledge area such 
as performance, quality, and logistic. For the construction of the individual maps, experts have 
identified the following indicators concepts: 


O 


OO Oi @) 


O 


O 


SPI: scheduling performance indicator. 

CPI: cost performance indicator. 

EFPI: efficacy performance indicator, represents the quality of the project. 

LPI: logistic performance indicator. 

DQPI: data quality performance indicator, representing the quality of data in project man- 
agement information system. 

HRCPI: human resource correlation performance indicator, which represents the correla- 
tion between the plan and real-time in human resource scheduling. 

HREPI: human resource efficacy performance indicator, which represents the efficacy of 
human resources. 

HREFI: human resource efficiency performance indicator. 


e Diagnosis concepts reflect the causes of project difficulties. In order to improve the project 
performance, these elements should be identified carefully, since they have a crucial impact on 
projects decisions. The following factors were selected by experts as diagnosis concepts: 


FI. 
Po. 
F3. 
F4. 
ae 
Fo. 
we 
F8. 


Defects quality control. 

Defects tasks control. 

Defects HR efficiency: defects on human resource efficiency. 
Defects HR efficacy: defects on human resource efficacy. 
Defects on scheduling. 

Defects on logistic. 

Defects on cost management. 

Defects on cost scheduling. 


e Decision concepts represent the possible decisions to be made in order to correct project deviation 
and they are mainly related to the causes of the problems. Decision concepts were identified as 
follows: 


D1. Increase quality control. 

D2. Leave the project manager. 

D3. Increase control milestones. 

D4. Rewards HR: rewards to human resources. 
D5. Penalize HR: penalize to human resources. 
D6. New HR contracts: contracts more human resources. 
D7. Rescheduling. 

D8. Extra hours scheduling. 

D9. Improve logistics management. 

D10. Decrease cost. 

D11. Rescheduling scope. 


e Prediction concepts are identified to know what will happen to the project if a certain decision is 
made. Experts defined the following prediction concepts: 


Pl. Improve quality. 

P2. Recover delays. 

P3. Improve cost balance. 

P4. Increase perceived quality. 

P5. Increase HR motivation: increase human resource motivation. 
P6. Decrease quality. 

P7. Increase delays. 

P8. Increase costs defects. 

P9. Increase scope defects. 

P10. Decrease HR motivation: decrease human resource motivation. 
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In the algorithm 1, each expert builds his own map establishing his preferences by using the neutrosophic 
sets defined in Table 1. The relations are represented with positive influence, negative influence or without in- 
fluence (indeterminacy). Experts describe their preferences by using the following linguistic terms LB7TL = 
{negative highest, negative very high, negative high, negative mean, negative low, negative very low, none, very 
low, low, mean, high, very high, highest, indeterminacy} 


(-0.83, -1.0, -1.0, 0.95, 0.45, 0.15) 
(0.67, -0.83, -1.0, 0.95, 0.45, 0.15) 
(-0.5, -0.67, -0.83, 0.95, 0.45, 0.15) 
(-0.33, -0.5, -0.67, 0.95, 0.45, 0.15) 
(-0.17, -0.33, -0.5, 0.95, 0.45, 0.15) 
(0, -0.17, -0.33, 0.95, 0.45, 0.15) 
(0, 0.07, 0.17, 0.95, 0.45, 0.15) 
(0, 0.17, 0.33, 0.95, 0.45, 0.15) 


mean (0.33, 0.5, 0.67, 0.95, 0.45, 0.15) 


(0.5, 0.67, 0.83, 0.95, 0.45, 0.15) 
(0.67, 0.83, 1.0, 0.95, 0.45, 0.15) 
(0.83, 1.0, 1.0, 0.95, 0.45, 0.15) 
(0, 0, 0, 0.1, 0.9, 0.1) 


Table 1. Neutrosophic sets to represent map relationships. 


(0.17, 0.33, 0.5, 0.95, 0.45, 0.15) 





Algorithm PM NCM 2: the simulation process of the neutrosophic cognitive map 


Inputs 

nom: neutrosophic cognitive map 

maxepoch: max number of epoch 

indicators: means project indicators to evaluate project during cut 
Initialize(prediction_ memory) 


continue_criteriom = true 
diagnosis = do_initial_diagnosis(indicator, ncm) 
epoch = I 
while continue_criteriom && epoch <= maxepoch do 
decisions = do_aggregate_svns(diagnostic, decisions, ncm) 
prediction = do_aggregate_svns(decisions, prediction, , ncm) 
continue_criteriom = do_compare_ distance (prediction _memory, prediction, epsilon) 


SSeS sae oS rs 


if continue_criteriom 


~~ 
= 


prediction memory = prediction 

di. diagnosis = do_aggregate_svns(prediction, diagnosis, ncm) 

d2. end if 

13. epoch+=1 

14. end while 

15. Sort diagnosis, decisions, prediction 

16. Return diagnosis, decisions, prediction 

In the simulation process, users can exploit the map, using it to make comprehensive decisions. The process 
is started with the activation of some of the map’s indicator nods during the execution of a project, triggering off 
the activation of the rest of the map’s concepts (diagnosis, decisions, and predictions). The simulation process 1s 
carried out by using equations (12) and (13), where Wj; represents a neutrosophic set, not a single value, such is 
the case of traditional FCMs or other neutrosophic cognitive maps’ approaches. In order to operate with 


neutrosophic sets between neutrosophic sets and numbers, the equations (2), (3), (4), (5), (6), (7), (8), (9), (10) 
and (11) were used. 


i=l 


A (epoch +1)= f A (epoch) + y W,,-A (epoch) (12) 
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The hyperbolic tangent function is used in order to force the concept value to be monotonically mapped into 
the range [-1,1] [47]. 


AW —AW , 


S,(W,) = tanh W,)=—-—— (13) 
Cee 


4 Analysis and discussion. 


To validate the proposed model, the authors selected the database DPME5 from the Research Database Re- 
pository for Project Management provided by UCI [48]. This database contains 6115 records with 8 attributes. 
All attributes are represented by real values in [0, 1] interval. This database contains 3175 projects evaluated as 
“bad performance”, 607 project evaluated as “regular performance”, and 2333 projects evaluated as “correct per- 
formance”’. 

Authors implemented two cognitive maps. The first map “PM FCM” is based on a traditional fuzzy cogni- 
tive map FCM for decision making in project management. The Map was constructed by means of the concepts 


and relations illustrated in tables 2.3.4.6. 


Defects Defects Defects HR | Defects HR | Defects on Defects on Defects on | Defects cost 
quality tasks con- efficiency efficacy F4 scheduling logistic F6 cost man- scheduling 
control F1 trol F2 F3 F agement F7 F8 
lo 


5 
EFPI very high 
very high 


SPI 
veryhigh | very high veryhigh | very high 
DQPI none 


very high | _ very high very high 
OW 


HRCPI very high very low 
REPL |_ very high very high 
RFPI very high 


Table 2. Initial diagnosis: the relations between indicators and diagnosis concepts. 





very 
low 
very 
high 
[mein | igh | ieee 
l ia l 
O OW 
ii high 
low 
ery 
‘W 
low 


iw | oe | ato 
F 
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Fl 
F2 
F3 
F4 
FS 
F6 
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clelieiwleiae «isis 
very very neg very 
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Table 5. Represents the prediction process through relations between decisions and prediction concepts, used by PM NCM model. 
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Table 6. Represents the prediction process through relations between prediction and diagnosis concepts. 
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The second map “PM NCM” is based on a neutrosophic cognitive map NCM for decision making in project 
management. The Map was constructed by means of the concepts and relations illustrated in tables 2.3.5.6, and 
according to the algorithms (1) and (2) explained previously, see Figure 6. 
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Figure 6. Partial representation of the aggregated neutrosophic cognitive map “PM NCM”. 


The relationships between the maps’ concepts are shown in the following tables: Table 2 represents the in1- 
tial diagnosis process of both maps, which connects the indicator and diagnosis nods. Table 3 represents the de- 
cision process of both maps through the connection between diagnosis and decision nods. Tables 4 represents the 
prediction processes in PM FCM through the connection between decision and prediction nods whereas table 5 
represents the same process in PM NCM, in which the indeterminacy relations were considered, see Figure 6. 
Table 6 represents the prediction process of both maps through the connection between prediction and diagnosis 
nods, in which the feedback relationships is expressed. 

The two models were compared considering efficiency and efficacy. Concerning efficiency, PM FCM ob- 
tained better results, PM FCM was 6.9 times faster than PM NCM. The model PM FCM evaluated the 6115 
records in 9.8 sec as an average, while PM NCM evaluated the same records in 63.22 sec. 

In regards to the indeterminacy relations between concepts, the simulation results showed that PM NCM 
have the capability to represent efficiently the indeterminacy relations, in contrast with PM FCM. Hence, 
PM NCM is better than PM FCM when it comes to dealing with uncertainty, missing values, and incomplete 
information. 

In terms of efficacy, the authors of this paper introduced a metric success C to evaluate the two models as 
follows: Let p be a model, a metric success C is defined in (14) as a percentage of records classified as experts 
do, where n represents the number of records. This equation was applied in order to evaluate the result of diag- 

nosis, decisions, and prediction of both PM FCM and PM NCM. 


y S,(p) S(3)= ‘ if not coincidence with experts 
Cp )=100=——__ (14) | 
n 


1 if comcidence with experts 


The authors of this paper consider model’s efficacy metrics to be the capacity to detect true indeterminacy 


records. In this sense, this paper redefines precision P (15) and recalls R (16) metrics to evaluate the models 
capacity to detect the indeterminacy as follows: 


LZ pnt Lip) 
P( = 100 29 (15) Rio )=100 22.4 (16) 
Z(p) 
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Let p be a model, Z(p) is the set of records that a model p detects with high indeterminacy and J is the set of 
records with true high indeterminacy. 


84,1% 
i 


Precision on indeterminacy detection (decisions) i se 
Precision on indeterminacy detection (prediction) a 


Recall on indeterminacy detection (diagnosis) 
Recall on indeterminacy detection (decisions) 
Recall on indeterminacy detection (prediction) 


Table 7. The comparison results between PM FCM and PM NCM. 
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Respecting successful evaluation in diagnosis, decision, and prediction, PM NCM reported better results 
than PM FCM. Regarding precision on indeterminacy detection (P) and recall of indeterminacy detection (R), 
PM _NCM reported good results. PM FCM did not report any results since it does not consider the indetermi- 
nacy relations between concepts. 


5. Conclusions 


In this paper, we proposed a new decision-making model based on Neutrosophic Cognitive Maps (NCMs) 
for making comprehensive decisions from multi-objective approach (diagnosis, decisions, and prediction), con- 
sidering an adequate balance between time, cost, and quality, during the execution of many projects simultane- 
ously. The suggested model overcomes the drawback of not representing indeterminacy relations between con- 
cepts presented in traditional Fuzzy Cognitive Maps FCMs. Besides, the NCM model constitutes a more realistic 
and robust tool to decision support through considering all aspects of the decision-making process and dealing 
efficiently with uncertainty, missing values, and incomplete information. The suggested model was compared 
with a traditional FCM-based model, showing its superiority regarding successful evaluation in diagnosis, deci- 
sion, and prediction; and when it comes to dealing with uncertainty, missing values, and incomplete information. 
The traditional FCM-based model provided better results in respect to efficiency. In the future, we will extend 
the application of the proposed model to other disciplines, mainly, in medical diagnosis. 
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Abstract: In many real-life situations, it is often observed that the degree of indeterminacy (neutrality) plays an important role along with the 
satisfaction and dissatisfaction levels of the decision maker(s) (DM(s)) in any decision making process. Due to some doubt or hesitation, it 
may necessary for DM(s) to take opinions from experts which leads towards a set of conflicting values regarding satisfaction, indeterminacy 
and dis-satisfaction level of DM(s). In order to highlight the above-mentioned insight, we have developed an effective framework which reflects 
the reality involved in any decision-making process. In this study, a multiobjective nonlinear programming problem (MO-NLPP) has been 
formulated in the manufacturing system. A new algorithm, neutrosophic hesitant fuzzy programming approach (NHFPA), based on single- 
valued neutrosophic hesitant fuzzy decision set has been proposed which contains the concept of indeterminacy hesitant degree along with truth 
and falsity hesitant degrees of different objectives. In order to show the validity and applicability of the proposed approach, a numerical example 
has been presented. The superiority of the proposed approach has been shown by comparing with other existing approaches. Based on the 
present work, conclusions and future scope have been presented. 


Keywords: Indeterminacy hesitant membership function, Neutrosophic hesitant fuzzy programming, Multiobjective nonlinear programming problem. 


1 Introduction 


Many decision-making processes inherently involved different conflicting objectives which are to be optimized (maximize/minimize) under given circumstances. 
In the present competitive era, it is indispensable for decision maker(s) (DM(s)) to obtain better possible outcomes/results when dealing with multiple objectives 
at a time. Although, it is quite difficult to have an optimal solution which satisfies all the objectives efficiently a compromise solution is possible which is 
accepted by DM(s) up to some extent. Literature reveals various approaches for multiobjective optimization problem and continuous effort have been made to 
obtain the best compromise solution. It is often observed that the modeling and formulation of the problem arising in agriculture production planning, man- 
ufacturing system etc. takes the form of nonlinear programming problem with multiple objective which is realistic in nature. Thus, multiobjective nonlinear 
programming problem (MO-NLPP) is also a challenging problem due to its local and global optimal concept, unlike multiobjective linear programming problem. 


Bellman and Zadeh [5] introduced fuzzy set (FS) and based on that set Zimmermann [27] proposed fuzzy programming approach (FPA) for multiobjective 
optimization problems. The FPA deals only degree of belongingness but sometimes it may necessary to deal with non-membership function (non-belongingness) 
in order to obtain the results in the more realistic way. To overcome the above fact, Atanassov [4] introduced the intuitionistic fuzzy set (IFS) which is the ex- 
tension of the FS. The IFS is based on more intuition as compared to FS because it also deals with the non-membership function (non-belongingness) of the 
element in the set. Based on IFS, intuitionistic fuzzy programming approach (IFPA) gained its own popularity among the existing multiobjective optimization 
techniques. Angelov [3] first used the optimization technique under intuitionistic fuzzy environment. Mahmoodirad et al. [15] proposed a new approach for the 
balanced transportation problem by considering all parameters and variables are of triangular intuitionistic fuzzy values and pointed out some shortcomings of 
existing approaches. Singh and Yadav [19] discussed multiobjective nonlinear programming problem in the manufacturing system and solved by using three 
approaches namely; Zimmerman’s technique, y- operator and Min. bounded sum operator with intuitionistic fuzzy parameters. Bharati and Singh [6] also 
proposed a new computational algorithm for multiobjective linear programming problem in the interval-valued intuitionistic fuzzy environment. 


In recent years, the extensions or generalizations of FS and IFS have been presented with the fact that indeterminacy degree exists in real life and as a 
result, a set named neutrosophic set came in existence. Smarandache [20] introduced the concept of the neutrosophic set (NS). The term neutrosophic is the 
combination of two words, neutre from French meaning, neutral, and sophia from Greek meaning, skill/wisdom. Thus neutrosophic literally means knowledge 
of neutral thoughts which well enough differentiate it from FS and IFS. The neutrosophic set involves three membership functions, namely; maximization of 
truth (belongingness), indeterminacy (belongingness to some extent) and minimization of falsity (non-belongingness) in an efficient manner. Based on NS, 
neutrosophic programming approach (NPA) came into existence and extensively used in real life applications. Abdel-Basset et al. [1] proposed a novel ap- 
proach to solving fully neutrosophic linear programming problem and applied to production planning problem. Rizk-Allah et al. [16] solved the MO-TPs under 
neutrosophic environment and compared the obtained results with the existing approach by measuring the ranking degree using TOPSIS approach. Ye et al. 
[23] formulated neutrosophic number nonlinear programming problem (NN-NPP) and proposed an effective method to solve the problem under neutrosophic 
number environments. Liu and You [12] extended Muirhead mean to interval neutrosophic set and developed some new operator named as interval neutrosophic 
Muirhead mean operators which have been further applied to multi-attribute decision making (MADM) problem. Liu et al. [14] have combined the power 
average operator with Herorian mean operator which results in linguistic neutrosophic power Herorian aggregation operator and extended them for neutrosophic 
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information process. Ahmad and Adhami [2] have also solved the nonlinear transportation problem with fuzzy parameters using neutrosophic programming 
approach and compared the solution results with other existing approaches. Liu and Shi [10] have introduced the valued neutrosophic uncertain linguistic set and 
developed some operators which have been further used to multi-attribute group decision making (MAGDM) problem. Liu and Teng [11] have proposed some 
normal neutrosophic operator based on normal neutrosophic numbers and developed an MADM method based on neutrosophic number generalized weighted 
power averaging operator. Zhang et al. [25] have proposed some new MAGDM methods in which the attributes are interactive in the form of the interval-valued 
hesitant uncertain linguistic number. Liu and Zhang [13] have extended the Maclaurian symmetric mean operator to single-valued trapezoidal neutrosophic 
numbers and developed a method to deal with MAGDM problem based on single-valued trapezoidal neutrosophic weighted Maclaurian symmetric mean oper- 
ator. 


Sometimes, the DM(s) is(are) not sure about the single specific value of the parameters in the set due to doubt or incomplete information but a set of 
different conflicting values may possible to represent the membership degree for any element to the set. In order to deal with the above fact, Torra and Narukawa 
[21] introduced the concept of the hesitant fuzzy set (HFS). The HFS is the generalization of fuzzy set and is very useful tools by ensuring the active involve- 
ment of different experts’ opinions in the decision-making process. Based on HFS, hesitant fuzzy programming approach (HFPA) has been developed which 
incontinently allows the DM(s) to collaborate with experts in order to collect their incompatible opinions. Bharati [7] developed the hesitant computational 
algorithm for multiobjective linear programming problem and applied to production planning problem. Zhang et al. [24] developed a hesitant fuzzy program- 
ming technique to deal with multi-criteria decision-making problems within the hesitant fuzzy elements environment. Zhou and Xu [26] proposed new portfolio 
selection and risk investment approaches under hesitant fuzzy environment. All the above-discussed sets have its own limitations regarding the existence of each 
element in the set. In brief, FS deals only the membership degree of the element in the set whereas IFS considers both membership and non-membership degree 
of the element in the set simultaneously. NS is the generalization of FS and IFS because it allows the DM(s) to implement the thoughts of neutrality which 
gives the indeterminacy membership degree for an element to the set. Furthermore, HFS is also an extension of FS as its membership is represented by a set of 
different conflicting values in the set. Based on the above-mentioned sets, various optimization techniques such as fuzzy optimization techniques, intuitionistic 
fuzzy optimization techniques, neutrosophic optimization techniques, and hesitant fuzzy optimization techniques have been developed and widely used to solve 
multiobjective optimization problem which usually exists in real life. 


In real life, hesitancy is the most trivial issue in the decision-making process. To deal with it, HFS may be used as an appropriate tool by assigning a set of 
different membership degree for an element in the set. The limitation of HFS is that it only represents the truth hesitant membership degree and does not deals 
with indeterminacy hesitant membership degree and falsity hesitant membership degree for an element in the set which arises due to inconsistent, imprecise, 
inappropriate and incomplete information. On the other hand, a single-valued neutrosophic set (SVNS) is a special case of NS which provides an additional 
opportunity to the DM(s) by incorporating the thoughts of neutrality. It is only confined to the truth, indeterminacy and a falsity membership degree for an 
element to the set. It can not ensure the interference of a set of membership values due to doubt and consequently the involvement of different experts’ opinions 
in the decision-making process. The crucial situation arises when the two aspects namely; hesitations and neutral thoughts exist simultaneously in the decision- 
making process. In this case, HFS and SVNS may not be an appropriate tool to represent the situation in an efficient and effective manner. Thus, this kind of 
situations are beyond the scope of FS, IFS, SVNS, and HFS and consequently beyond the scope of FPA, IFPA, NPA, and HFPA to decision making process 
respectively. Therefore, truth, indeterminacy and the falsity situations under hesitant uncertainty is more practical terminology in real life optimization problems. 


To get rid of the above limitations, Ye [22] investigated a new set named single-valued neutrosophic hesitant fuzzy set (SVNHEFS) which is the combination 
of HFS and SVNS respectively. The SVNHFS contemplate over truth hesitant fuzzy membership, indeterminacy hesitant fuzzy membership and the falsity 
hesitant fuzzy membership degrees for an element to the set. Biswas et al. [8] discussed multi-attribute decision-making problems in which the rating values 
are expressed with single-valued neutrosophic hesitant fuzzy set information and proposed grey relational analysis method for multi-attribute decision making. 
Sahin and Liu [17] investigated correlation and correlation coefficient of SVNHFSs and discussed its applications in the decision-making process. Biswas et al. 
[9] proposed a variety of distance measures for single-valued neutrosophic sets and applied these measures to multi-attribute decision-making problems. In 
this present study, a new computational method, neutrosophic hesitant fuzzy programming approach (NHFPA) has been proposed to obtain the best possible 
solution of MO-NLPP which is based on SVNHEFS. The proposed NHFPA involves the three membership function, namely; maximization of truth hesitant fuzzy 
(belongingness), indeterminacy hesitant fuzzy (belongingness to some extent) and minimization of falsity hesitant fuzzy (non-belongingness) in an emphatic 
manner. 


To best of our knowledge, no such method has been proposed in the literature to solve the MO-NLPP. The proposed method covers different aspects of 
impreciseness, vagueness, inaccuracy, the incompleteness that are often encountered in real life optimization problems and provides flexibility in the decision- 
making process. The remarkable point is that the proposed approach actively seeks opinions from different experts under the neutrosophic environment which 
is more practical in real life situations and strongly concerned with the involvement of distinguished experts in order to make the fruitful decision. The neu- 
tral/indeterminacy hesitant fuzzy concept involved in single-valued neutrosophic hesitant fuzzy set leads towards the future research scope in this domain. 


The rest of the paper has been summarized as follows: 

In section 2, the preliminaries regarding neutrosophic set, hesitant fuzzy set, and single-valued neutrosophic hesitant fuzzy set have been discussed while section 
3 represents the problem formulation and development of the proposed neutrosophic hesitant fuzzy programming approach (NHFPA). In section 4, a numerical 
study has been presented in order to show the applicability and validity of the proposed approach. A comparative study has also done with other existing 
approaches. Finally, conclusions and future scope have been discussed based on the present work in section 5. 


2 Preliminaries 
2.1 Neutrosophic Set (NS) 


Definition 2.1.1: [20] Let X be a universe discourse such that x € X, then a neutrosophic set A in X is defined by three membership functions namely, truth 
T(x), indeterminacy [4 (x) and a falsity F’4 (x) and is denoted by the following form: 


A te go, TAG), 1 Ale), F Ale) > jane x} (1) 


where T'4 (x), 1.4 (x) and F', (x) are real standard or non-standard subsets belong to ]O~ , 1 [, also givenas, T'4(x) : X —]07~,17°[, a(x): X —]07,17[, 
and F'4(x) : X —>+]O~,17[. There is no restriction on the sum of T'4 (a), I4(x) and F'4 (a), so we have, 


O- < sup Ta(x) + L(x) + sup Fa(x) < 37 (2) 
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Definition 2.1.2: [20] A single valued neutrosophic set A over universe of discourse X is defined as 
A={<2,T,(x),la(x), Fa(x) > |x € X} (3) 
where T'4 (x), [4(x) and F'4(ax) € [0,1] andO < T4(x) + I4(x) + Fa(x) < 3 foreachaz € X. 


2.2 Hesitant Fuzzy Set (HFS) 


Definition 2.2.1: [21] Let there be a fixed set X; a hesitant fuzzy set A on X is defined in terms of a function h4(x) that when applied to X returns a finite 
subset of [0,1] and mathematically can be represented as follows: 


A={<a,ha(x) > |x € xX} (4) 


where h 4 (x) is a set of some different values in [0,1], denoting the possible membership degrees of the element x € X to A. Also, we call h(x) a hesitant 
fuzzy element. 


Definition 2.2.2: [21] For a given hesitant fuzzy element h, its lower and upper bounds are defined as h~(x) = min h(x) and ht (x) = maz h(x), 
respectively. 


2.3 Single Valued Neutrosophic Hesitant Fuzzy Set (SVNHES) 
Definition 2.3.1: [22] Let there be a fixed set _X ; an SVNHES on_X is defined as follows: 
Ni Se Lil B) bg (QO) A) > jz Ee x} (5) 


where T;,(x), I, (x) and F),(x) are three sets of some values in [0,1], denoting the possible truth hesitant membership degree, indeterminacy hesitant mem- 
bership degree and the falsity hesitant membership degree of the element x € X to the set Nj, respectively, with the conditions O < a, 6, y < 1 and 
O<at, BT, yt < 3, wherea € Ty(z), B € In(x), y € Fh(z) withat € Pa) = Uner, (x mar{a}, BT € Et (a) = User, (x) max{B} and 
yre Fr (x) = Uyer, (2)max{y} for alla € X. 

For simplicity, the three-tuple N;,(x) = {T,(x), In(x), Fn (ax)} is called a single-valued neutrosophic hesitant fuzzy element (SVNHFE) or triple hesitant 
fuzzy element. 


From Definition 2.3.1, it is clear that the SVNHFS comprises three different kinds of membership functions, namely; truth hesitant membership function, 
indeterminacy hesitant membership function and the falsity hesitant membership function, which consequently results in a more reliable framework and pro- 
vides pliable access to assign values for each element in the domain, and can deal with three kind of hesitancy in this situation at a time. Thus, classical sets, 
including fuzzy sets, intuitionistic fuzzy sets, single-valued neutrosophic sets, hesitant fuzzy sets, can be considered as special cases of SVNHFSs (see [22]). 
Fig. 1 shows the graphical representation of classical sets to SVNHFSs. 


Single valued neutrosophic hesitant fuzzy set 


Single valued neutrosophic set 










Hesitant fuzzy set 








Fuzzy set Intuitionistic fuzzy set 
Classical set 


Figure 1: Diagrammatic coverage of classical sets to SVNHFSs. 


Definition 2.3.2: [22] Let N;,, and Nj, be two SVNHFSs in a fixed set X; then their union can be defined as follows: 


Nn, UNns ={Tp € Liss UT Lk > max (min tone Tes), 
Ih € Ch, U Ing) Lh < min (maz {Ih, Oy i a 
FE (Fh, U Fy.) |Fr < min (max {Fh, U Fp, })} 


Definition 2.3.3: [22] Let N;,, and N},, be two SVNHFSs in a fixed set X; then their intersection can be defined as follows: 


Nn, Nhs ={Tp € Ch fas Ge a < min (max eae (1d isk Vs 
In € Ch, N Ins) Ln >= max (min {Ih, Midna), 
Fy € (Fe N Fro)|Fr = max (min {Fh, Fp, })} 


3 Problem formulation and solution algorithm 


3.1 General mathematical model of multiobjective nonlinear programming problem (MO-NLPP) 


Generally, a mathematical programming problem is said to be nonlinear programming problem (NLPP) if either objective function, constraints or both are real- 
valued nonlinear functions. The objective function(s) is (are) to be optimized (minimize or maximize) under the given constraints. The classical multiobjective 
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nonlinear programming problem (MO-NLPP) is represented in Mj. 


Mi: Optimize Z, (xz), k= 1,2,..., K, 
SU G7) 67,9 = 1,2 
Ga). 05; jg=m,+1,m1 4+ 2,...,m2, 
oe) =a;, f7=mo2+1,m24+ 2,...,m, 
x= 0, 


where, either Z;,, (k = 1,2,...,K), 9;, (g = 1,2,...,m) or both may be real valued nonlinear functions. x = (x1, 22, ...,@q) is a set of decision variables. 


3.2 Development of proposed neutrosophic hesitant fuzzy programming approach (NHFPA) 


In this study, a new approach based on single-valued neutrosophic hesitant fuzzy set to solve MO-NLPP has been investigated. The proposed approach is based 
on the hybrid combination of the two sets, namely; neutrosophic set (Smarandache [20]) and hesitant fuzzy set (Torra and Narukawa [21]) respectively. The 
proposed neutrosophic hesitant fuzzy programming approach (NHFPA) introduces more realistic aspects in dealing with the indeterminacy hesitation present 
in the decision-making problem. The interesting point is that the proposed NHFPA also considers the conflicting opinions of different experts regarding some 
parameters in real life problem which enables the DM(s) to obtain the adequate results under neutrosophic environment. 

According to Bellman and Zadeh [5], the fuzzy set includes three concepts, namely; fuzzy decision (D), fuzzy goal (G) and fuzzy constraints (C) and incorporated 
these concepts in many real-life applications of decision-making under fuzzy environment. So, the fuzzy decision set is defined as follows: 


D=GNC (6) 
Consequently, the neutrosophic hesitant fuzzy decision set DY , with neutrosophic hesitant objectives and constraints, is defined as follows: 


Di) = GNC = (Mp1 De) (MEG) 
={x, Tp(x), Ip(), Fo(x)} 
= {Tp € (Te, ATc,,)|Tp < min (maz {Te, Tc, }), 
Ip € Ua, N1e,,) | Ip = max (min (Ig, NIc,, }), 
Fp € (Fe, 1 Fe,) | fp = max (min (Fe, 1 Fo, })t 
Where, Tp (x), Ip(a) and F’p(x) area set of degree of acceptance of neutrosophic hesitant fuzzy decision solution under single-valued neutrosophic hesitant 
fuzzy decision set. Fig.2 shows the neutrosophic hesitant fuzzy membership degree for the objective function. 


On solving each objective function individually, we have k solutions set, X!, X?,..., X*, after that the obtained solutions are substituted in each objective 
function to determine the lower and upper bound for each objective as given below: 


U, = maa[Z;,(X")] and Ly = min[Z,(X*)] Vk = 1,2,3,...,K. (7) 


Now, we can define the different hesitant membership function more elaborately under neutrosophic hesitant fuzzy environment as follows: 


—_ 


ee 


ferent Experts 


. 


y dif 





Nn ce a oe A a SS 





Membership degree assigned b 


Ly Uy Objective functions 


Figure 2: Graphical representation of neutrosophic hesitant fuzzy membership of objective function. 


Case — I : For maximization type objective function. 
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The truth hesitant-membership functions: 


0 
BE = (Zx,(a))*—(Lx) 
T+ (Ze(@)) = 4 1 peat 
0 
BE _ (Zx(a))*— (Lx) 
T+ (Ze(z)) = 4 a (see 
0 
Bn = (Zn (@))*=(Lu)* 
Tt (Ze(@)) = 4 an (cr ae a 
The indeterminacy hesitant-membership functions: 
0 
E Z,(x))'—(Ly)* 
I” (Zi,(#)) = i S2pep heel 
0 
E Zy(@))°=(LRY* 
13 (Ze (@)) = 4 Bp Za ear 
0 
En = (Zi. (#))'=(L4)" 
ts. Oa ae 


The falsity hesitant-membership functions: 


1 
E i (Ux)* —(Zp())* —(te)" 
FP} (Zp(x)) = i ce ers 
1 
7 _ (Up)*—(Zq(2))*- (ty)? 
F?2(Z,(x)) = 2 RUST Cae 
1 
En, = (Uje)* =(Zg(#))* =(ty)* 
FE (Z(a)) = i a Cay Gay 
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if Zi (2) <p 
if, Ly < Ze(a) < Up 
if Ze (2) po lye 


if Zy (2) ge 
if Ly < Z(a) < Up 
if Z,(z) > Up 


if Ze(z) < Le 
if Ly < Zp(a) <Us 
vf Ze (2) > Ux 


ty Z (2) < Ly 
if Ly <Z1(z) < Ly + 8 
if Z,(x) > Le + Sz 


Ons ZK (2) < Lp 
if Ly < Zea) < Le t+ Sx 
if Z,(x) > Le + Sz 


ig Zy (2) < Dp 
if Ly < Zp(a) < Ly +e 
if Zy (2) > Lp + sz 


if Zy(a2) < Dy tty 
if Lp ete << Zee) Sz 
if Zy(a) > Up 


ay. Lila) <Ly,p+tp 
tf Lip tpe = Ape) = OE 
if Zy (x) DUE 


if Zy (2) <Ly,p+tp 
tf Lette < Ze(x) < Up 
if Zp(x) > Us 


(8) 


(9) 


(10) 


(11) 


(12) 


(13) 


(14) 


(15) 


(16) 


where parameter t > 0 and sz, tz € (0, 1) Vk, are indeterminacy and falsity tolerance values, which is assigned by DM(s) and ht represents the maximization 


type hesitant objective function. 


ie etZe@)), a (Z,(2)), Be ‘' (Zp (x)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by 1°" expert. 


ive 4 (ZR(a@)), £ a (2, (2)), Fe ‘? (Zp (a)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by 24 expert. 


Te (ZK (x)), L atk (Z,(2)), sie ‘? (Zx(x)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by nt) expert. 


Case — ITI : For minimization type objective function. 
The truth hesitant-membership functions: 


i 
- 7 (U,)*-(Zx(2))* 
T,* (Ze(2)) = 4 on 
1 
e _ (Upg)*—(Zx(2))* 
T, 2 (Zk (@)) = 4 a2 "(Cara 


if Zula) < Lp 
if Lip = Ze) Uz 
if Z,(x) > Ux 
if Zu(x) < Le 
if Ly < Zea) < Up 
if Z,(x) > Ux 


(17) 


(18) 
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1 af Zy (x) < Lp 
t_ x t ; 
Ty (Ze(@)) =) on SERED if La < Zp (a) < Un (19) 
0 ei Zy (x) > Uy. 


The indeterminacy hesitant-membership functions: 


1 tf Zp (£) << Up — 8x 
t t 
Tp2(Ze(a)) =) By Se it Uy, — 54 < Ze (@) < Ue (20) 
O if Zy(2) >. E 
1 if Zy(x) <U, — Sz 
t t 
Ti? (Ze(z)) = ¢ Bg See ge if Uy, — sy < Zh (a) < Ue (21) 
O ni Zy (x) > UE 
1 if Z,(x) < UE — Sz 
t t 
LZ) a. ee ce if Up — 8k < Zp (x) < Up (22) 
0 tf Zee). SUR 
The falsity hesitant-membership functions: 
0 if Z, (x) < Ly tte 
E x C=, t t : 
Fit (Ze(2)) = 9 1 SRS ed af La tte < Ze(2) < Up (23) 
if Zp(x) > Uk 
0 if Zy (2) < DL, tte 
E ANT x t t 
Fy? (Zi(2)) = 4 yg SRS ea ed if La tte S Zu (2) < Up (24) 


tf Lie) > Uy 


0 if Zee) < Le + th 
En eyo oe f 
Fit (Ze (2) = 4 Yn GR RE) Edit Ly + th S Ze (@) < Up (25) 
1 if Zy (2) > U0; 


where parameter t > O and sz,tz € (0,1) Vk, are indeterminacy and falsity tolerance values, which is assigned by DM(s) and h~ represents the minimization 
type hesitant objective function. 


ie (Zp Gy - = (LZR @))s is ‘1 (Z_,(a)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by 15° expert. 
ee 2 (Z,(ax)), I ‘a “12a; Fe 2 (Z,,(x)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by 2@ expert. 


jee (A iA®) - Zee) \. Fe ‘" (Z),.(x)) are truth, indeterminacy and the falsity-hesitant-membership degrees assigned by n*” expert. 


Lett, min (TPT) 1 = min 1, 1 and B= man PF) Vv k= 1,2, 2... ‘Now, the motive is to detennine the 


highest degree of satisfaction for DM(s) by establishing a balance between objectives and constraints. 
The neutrosophic hesitant fuzzy model for MO-NLPP (Mj) can be represented as follows: 


M2 :Max ming=1,2,3,...,K T, *(Z;.(2)) 
Max ming=1,2,3,...,K T*(Zg(@)) 
Min max,p=1,2,3,...,K | eae CAN COD 
S.0.g)( 2) Saas. 9 = Legs 
Gie)20). 2 lyst 2p 
9g; (2) Sd; jf =mo.+1,m2 + 2,...,m, 
ee OF 
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With the help of auxiliary parameters, model Mo2 can be transformed into the following form M3. 








3 


5: TP (Ze @)) Sony TP (Ae @)) > Bn 


T," (Ze(@)) Dan, Ty" (Ze(@)) > Bn, Fy” (Ze(@)) <7 


ee 
OA) 035-7 = 12 ai 
GAB) 20s. 9 St a, 
Ot) = 035.9 =] ys 2 
C20. Oe Brie (0,1) 

An + Bn+ Yn <3, An = Bn, 


Using linear membership function, model Mg can be written as in M4. 


An 2 Yn, 


M4: Maz x = = 7 
st. Ti} (Zp (x)) > a1, TH? (Ze(x)) > ae, 
Th (Zu@)) 2 Bix. EP Ze @) > Ba: 
He (Zina) Sigel Zee) Sa, es 
T,"}(Zp(")) > a1, T;?(Zp(a)) > a2, 
E(Ze@)) 2 Bis, 1, 2 Za@)) > Be. 
Bo Zee) Sy? Za) 20: 


En 
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Ft (Zn(z)) Sn 


Von. 


Q,+tag+...+an aces peat pe- Veet ark ie 


TL 


gO Za) a, 
as LP.) = Bn 

(Zz (2)) <n 

ej PZ) 2 Oi 

sei DO Zea) 22 8 

Siig BO Digs a) 


O;(2) <¢,; es cae 

gj (x) = dj, jg=m,+1,m14+2,...,ma, 

O3(2) =a; jf=mo2+1,m24+2,...,m, 

e- 0, 0013 095:, 0% <1, 0 =<. 81, Bo.0., By 1 
0<91,92.59n S1, An > Bn, An > Yn, 

An+ Bn+%7n<3, Von. 


Finally, model M4 gives the compromise solution to MO-NLPP. 


3.3. Proposed NHFPA algorithm for MO-NLPP 


The whole procedure from problem formulation to final solvable model M4 discussed in section 3 is summarized as step-wise algorithm. 


Step-1. Formulate the multiobjective nonlinear programing problems as in Mj. 
Step-2. Determine the bounds U;, and Lz, for each objective by using equation (7). 


Step-3. By using U; and L;, define the upper and lower bound for truth hesitant, indeterminacy hesitant and falsity hesitant membership functions as given in 


equation (8)-(25). 


Step-4. Ask for the truth hesitant, indeterminacy hesitant and the falsity hesitant membership degrees from different experts or DM(s). 


Step-5. Formulate MO-NLPP under neutrosophic hesitant fuzzy environment defined in M4. 


Step-6. Solve the multiobjective nonlinear programing problem in order to obtain the compromise solution using suitable techniques or some optimizing 


software packages. 


4 Experimental study 


In order to show the efficiency and validity of the proposed method, we adopted the numerical example of the manufacturing system discussed by Singh and 
Yadav [19]. The DM(s) of the company intends to maximize the total profit incurred over products and minimize the total time required for each product. 
Also, assumed that the DM(s) seeks three experts’ opinion in the decision-making process. Therefore, the crisp multiobjective non-linear programming problem 


formulation [19] is given as follows: 


Mi : 
Min Zo(x) = 3.87541 + 5.12522 + 5.937523 
s.t 2.062521 + 3.875x%2 + 2.9375x%3 < 333.125 
3.87521 + 2.0625x2 + 2.062523 < 365.625 
2.937521 + 2.062522 + 2.9375x%3 > 360 


L1, ©2, V3 = 0. 


uy i i 
Max Z1(x) = 99.875x? — 821 +119.87523 — 10.125a9 + 95.1253 — 823 


On solving each objective function individually given in (Mj ), we get the following individual best solution, lower and upper bound for each objective. 
X+ = (57.82, 13.09, 55.53), X? = (62.26, 0, 60.28) along with L; = 180.72, Uy = 516.70, Lz = 599.23 and Uz = 620.84. 
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Since, the first objective 71 (x) is of maximization type and the satisfaction level of Experts or DMs increases if the values of objective function tends towards 
its upper bound. Therefore the truth hesitant membership, indeterminacy hesitant membership and falsity hesitant membership functions of upper bound can be 


represented as follows: 


For Z;: The upper and lower bound for first objective and its membership functions. 


0 if Z(x) < 180.72 
1 1 1 
E Doe ae 3 t_ t 
TZ (x)) = 0.98 (99:875«i Sl 8x3)* — (180.72) if, 180.72 < Zy(x) < 516.70 
1 if Z(x) > 516.70 
0 if Z(x) < 180.72 
1 1 1 
E z_ z_ ee te t 
7 2n, (x)) = 9.99 (99:875«i Sen F119 S76 5g 10-2224 95.1224 8x3)* — (180.72) if, 180.72 < Zi (x) < 516.70 
i if Z(x) > 516.70 
0 if Z(x) < 180.72 
1 1 1 
Ex = (99.87522 —801+119.87522 —10.1252%29+95.1252.3 —8x3)'—(180.72)* 
Te (Z1(x)) i 1 S1ey0)e_ sora) 3 2 if 180.72 < Z(x) < 516.70 
1 if Z(x) > 516.70 
0 tf Z1(x2) < 180.72 
: ! | cpp 
Ti (Z1(2)) = 4 0.98 aa ae eee ee eee if 180.72 < Z1(x) < 180.724 s1 
1 if 21 (x) > 180.72 + s4 
0 tf Z1(x2) < 180.72 
: ; ! oe ane 
I +(4Z1(2)) = 4 09.99 eee ee eee if 180.72 < Z(x) < 180.72+ 81 
1 if 2 (x) > 180.72 + s1 
0 if Z1(x2) < 180.72 
‘ ; : Tn es 
[3(Z1(z)) = ee a eee if 180.72 < Z1(x) < 180.724 s1 
1 tf Ly (x) > 180.72 + s1 
1 if Z4(xa) < 180.72 
. shal | : eee 
Bea) =, sing ONTO A aise Seer Oe oan ae 
0 if Z1(x) > 516.70 — ty 
1 if Z1(x2) > 516.70 
‘ eal ! : ou 
PF ?2(7,(7))\ — (516.70) —(t1)*—(99.875a 2 —821+119.87522 —10.1252%9+95.12523 —8x3) 
0 if Z1(x) < 180.724 ty 
1 if Z1(x) > 516.70 
1 1 1 
EB — Ue. a= 2. 3 t 
teed CAE Ye, Cec it 2 cc GST ee eZ nc a mc if 180.72 +t, < Z1(x) < 516.70 


(516.70)*—(180.72)*—(t1)? 
0 


tf 21 (x) < 180.72 + t1 


(26) 


(27) 


(28) 


(29) 


(30) 


(31) 


(32) 


(33) 


(34) 


Similarly, the second objective Z2(x) is of minimization type and the satisfaction level of Experts or DMs increases if the values of objective function tends 
towards its lower bound. Thus the truth hesitant membership, indeterminacy hesitant membership and falsity hesitant membership functions of lower bound can 


be represented as follows: 


For Z2: The upper and lower bound for second objective and its membership functions. 


1 
Ej - (620.84) © —(3.87521+5.1252%2+5.9375x3)° 
T,- (42(x)) = 4 0.98 (620.84)? —(599.23)¢ 
0 
1 
E2 _ (620.84) —(3.87521+5.12529+5.937523)* 
T= (42(x)) = 4 0.99 (620.84)? —(599.23)¢ 
0 
1 
E3 _ (620.84)* —(3.87521+5.125229+5.937523)* 
T,~ (42(@)) = (620.84)®—(599.23)¢ 
0 
1 
Ey, _ (620.84) —(3.87521+5.125229+5.937523)° 
IP} (Zo(a)) = 4 0.98 1979-84) —G.87524 4512522 45.997523) 
0 
1 
E> _ (620.84) © —(3.87521+5.12529+5.937523)° 
Le (79(a)) = 0.99 pe eee, ee te Ge 
0 


if Zo(x) < 599.23 
if 599.23 < Zo(x) < 620.84 
if Zo(x) > 620.84 


if Zo(x) < 599.23 
if 599.23 < Zo(x) < 620.84 
if Zo(x) > 620.84 
if Zo(x) < 599.23 
if 599.23 < Zo(x) < 620.84 
if Zo(x) > 620.84 
if Zo(x) < 620.84 — so 
if 620.84 — so < Zo(x) < 620.84 
if Zo(x) > 620.84 
if Zo(x) < 620.84 — se 
if 620.84 — sg < Zo(x) < 620.84 
if Zo(x) > 620.84 


(35) 


(36) 


(37) 


(38) 


(39) 
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1 if Zo (x) < 620.84 — s9 
Es _ (620.84) © —(3.87521+5.12529+5.937523)* 
| Pe (22a) = rT if 620.84 — sg < Zo(x) < 620.84 
0 if Zo(x) > 620.84 
0 if Zo(x) < 599.23 +4 to 
Ey _ (3.87521+5.12522+5.937523)°—(599.23)*—(ta)® 
1 if Zo(x) > 620.84 
0 if Zo(x) < 599.23 4 to 
E2 _ (3.875@1+5.12522+5.937523)°—(599.23)'—(to)® 
1 if Zo(x) > 620.84 
0 if Zo(x) < 599.23 +4 to 
E3 _ (3.87521 +5.1252%9+5.937523)* —(599.23)*—(to)? 
1 if Zo(x) > 620.84 


The final solution model is given as follows: 


a1 +ag+a3 fea me? aa ce ed et 


My : Maz = 
: - 3 3 3 


ls a al 
(99.875a7 — 8e1 +119.875a3 — 10.125x2 + 95.125e7 — 8x3)" — (180.72) , 


s.t. 0.98 
(516.70) — (180.72)¢ = 


O1 
i i i 
(99.8757 — 8x1 + 119.875x5 — 10.125%2 + 95.1253 — 8x3)* — (180.72)* ei 


0.99 
(516.70)* — (180.72)¢ = 


a2 


1 s 1 
(99.875a7 — 8a +119.875«3 — 10.125x2 + 95.125¢7 — 8x3)* — (180.72) . 


(516.70)! — (180.72)! 


1 i i 
(99.8752? — 8x1 + 119.875x5 — 10.125%2 + 95.1253 — 8x3)" — (180.72)* . 


0.98 7 Pl 
(si)* 
a oo. — t t 
(99.8752; Sx, + 119.8752 10.1252%9 + 95.1252 823 ) (180.72) 
0.99 A ee ee hh 
(si) 
a 1 1 
(99.875x? — 801 + 119.8750} — 10.125a2 + 95.125x} — 8x3)" — (180.72) | , 
Qe TN ee ee 
(si)* ~ 


i i i 
(516.70)* — (t1)* — (99.875a7 — 821 +119.875¢3 — 10.12522 + 95.1252} — 8x3)* 


0.98 
(516.70)* — (180.72)* — (t1)¢ 


<y1 
1 il i: 
(516.70)* — (t1)¢ — (99.8752 7 — 8a, + 119.875x3 — 10.12522 + 95.125a”3 — 8x3)* Z 


0.99 
(516.70)t — (180.72)* — (t1)¢ = 2 


i 1 1 
(516.70) — (180.72)* — (t1)# S78 


(620.84) — (3.87521 +. 5.12542 + 5.9375a3)* 
0.98 oo 
(620.84)* — (599.23) 7 
620.84)* — (3.87521 +.5.12522 + 5.937543) 
0.99 | yes Sige ee EN Say 


(620.84)t — (599.23)* = 
(620.84)* — (3.87501 + 5.12542 +5.9375¢3)' 
(620.84)t — (599.23)* = 
(620.84)' — (3.875a1 + 5.12502 + 5.9375x3)" - rs 


0.98 
(s2)" 
620.84)’ — (3.875 5.125 5.937523 )° 
Tere eae eee 
(s2) 
(620.84) — (3.87521 + 5.12522 + 5.937523)* 
SS — ie CSC~SCSS = B3 
(s2) 
(3.87521 + 5.12522 + 5.937523)* — (599.23)* — (t2)* 
0.98 Si 
(620.84)* — (599.23)t — (t2)t 
(3.87521 + 5.12522 + 5.937523)* — (599.23)* — (t2)* 
0.99 = 72 
(620.84)* — (599.23)# — (t2)t 
(3.87521 + 5.12522 + 5.937523)" — (599.23)* — (t2)* J 
SSS en ee 


(620.84)* — (599.23)* — (t2)* 
2.062521 + 3.87522 + 2.937523 < 333.125 
3.87521 + 2.062522 + 2.062523 < 365.625 
2.937521 + 2.062522 + 2.937523 > 360 


(40) 


(41) 


(42) 


(43) 
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L1, X2, ry 0, 0 <aj1,02,a3 <1, 0 < 61, Be, 83 < 1, 
OS Mia 773 = 1, 0 $7501 5 1, 0S 49,03 I, 
An = Bn, An = Yn; An + Bn+y¥n <3, Vow = 1,2, 3. 


The multiobjective nonlinear programming problem Mz, has been written in AMPL language and solved using solvers available on NEOS server online 
facility provided by Wisconsin Institutes for Discovery at the University of Wisconsin in Madison for solving Optimization problems, see (Server [18]). 
At t = 2, the optimal solution of the multiobjective nonlinear programming problem by using the proposed neutrosophic hesitant fuzzy programming approach 
(NHFPA) is x = (60.48, 5.26, 58.37), Z1 = 416.58, Z2 = 607.88 with the degree of satisfaction y = 1.20 respectively. 


4.1 Comparative study 


The multiobjective nonlinear programming problem of manufacturing system with conflicting objectives have been solved by using proposed neutrosophic 
hesitant fuzzy programming approach (NHFPA). The solution results obtained by proposed method and with other existing approaches discussed in [19] have 
been summarized in Table-1. From the table, it is clear that the minimum deviation from ideal solution of each objective function is 100.12 and 0.41 by using 
proposed NHFPA and 7- operator respectively. Furthermore, the highest satisfaction level has been attained by proposed approach 1.e; y=1.20, which reveals 
the superiority of proposed NHFPA over other existing approaches in terms of satisfactory degree of DM(s). Fig-3 shows the graphical representation of the 
objective functions and satisfaction level obtained by different approaches. 


Table 1: Comparison of results with existing methods. 


Solution method Objective values Deviations from ideal solutions Satisfaction level 
Max. Z1 Min. Z2 (U, _ Z1) (Zo — Lg) 
Zimmerman’s technique [19] 409.70 607.28 107 8.05 A= 0.62 
y- operator [19] 288.86 599.64 227.84 0.4 1(min.) od(x)= 0.96 
Min. bounded sum operator [19] 416.58 607.88 100.12 8.65 (x)= 0.99 
Proposed NHFPA 416.58 607.88 100.12(min.) 8.65 y= 1.20 (max.) 








@ Satisfaction level achieved 




















Zimmerman's _ y- operator M(x) Min. bounded Proposed NHFPA 
technique (A) sum operator W(x) (x) 





Zimmerman's y- operator Min. bounded Proposed NHFPA 
technique sum operator 





(a) Objective functions obtained by different approaches. (b) Satisfaction level achieved by different approaches. 


Figure 3: Comparison of results with proposed NHFPA and different existing approaches. 


5 Conclusions 


In this study, a new approach has been suggested to solve the multiobjective nonlinear programming problem in the neutrosophic hesitant fuzzy environment. 
The proposed neutrosophic hesitant fuzzy programming approach (NHFPA) comprises three different membership functions, namely; truth hesitant, indetermi- 
nacy hesitant and a falsity hesitant membership function which contains a set of different values between 0 and 1. The proposed approach provides the more 
realistic framework and considers various aspects of the DM’s neutral thoughts with hesitations in the decision-making process. The main contribution by 
introducing the proposed approach is that it allows the DM(s) to express his/her(their) degree of hesitation and neutral thoughts according to the need of adverse 
situations in a convenient manner. In order to show the superiority of proposed NHFPA, it is applied to solve multiobjective nonlinear programming problem in 
the manufacturing system. To best of our knowledge, no such approach is suggested in the literature to solve MO-NLPP in such an efficient and effective manner. 


Therefore, the proposed NHFPA will be very helpful in such a typical situation when the DM(s) have some neutral thoughts and also with a set some 
hesitation values in the decision-making process. In future, the proposed approach may be applied to the multiobjective fractional programming problem, 
bi-level nonlinear programming problem, multilevel fractional programming problem etc. 
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Abstract. The quick development of the markets and companies, especially those that apply information technology, has made 
it easy to store a large volume of digital information. Nevertheless, the extraction of potentially useful knowledge is difficult; 
also could not be easily understandable by humans. One of the techniques applied to the solution to this problem is the linguis- 
tic data summarizations, whose objective is to discover knowledge to extract patterns from databases, from which are gener- 
ated explicit and concise summaries. Another important element of the linguistic summaries is the indicators (T) for their 
evaluation proposed by Zadeh when including linguistic terms evaluation in fuzzy sets. However, these indicators not include 
the analysis in indeterminate sets. In this paper, it 1s discussed the use of linguistic data summarization in project management 
environments and new T indicators are proposed including neutrosophic sets with single value neutrosophic numbers. Authors 
evaluate 7-values proposed by Zadeh and 7-values based on neutrosophic theory in the evaluation of linguistic summaries re- 
covered. 


Keywords: neutrosophic sets, single value neutrosophic numbers, linguistic data summarization, project management. 


1 Introduction 


The market growth, even in the digital world, has led to the availability of a large volume of data, in different 
formats and from various sources. Unfortunately, while greater are data volumes, the more difficult is interpreta- 
tion. The important information of those data is non-trivial dependencies, which are encoded. These dependen- 
cies usually are hidden; their discovery requires some intelligence. 

In general, many companies have limitations in data analysis that affect their decisions. Making decision 
problems can be classified in structured and not structured. Structured decision-making problems have defined 
methods for solutions and they are supported by procedures and rules. In another hand, not structured decision 
making, resolve low frequency problems that need specific solutions. Examples of not structure problems are al- 
ternative selection [1] [2] [3], diagnostics, prediction [4] [5] [6], prognosis, a classification, machine learning and 
data mining [7]. In the context of this paper, authors focus in a data mining problem by using linguistic data 
summarization (LDS) techniques. 

Frequently, companies have large databases, that contains heterogeneous data and difficult to understand. In 
this context, Kacprzyk [8] and other authors develop linguistic data summarization algorithms. This technique is 
oriented to produce linguistic summaries in natural language from numeric data. Besides, it will help the 
organization to solve the dilemma rich data poor information for making decisions. 

About linguistic data summarization, Kacprzyk and Zadrozny [8] said “data summarization is one of the 
basic capabilities that is now needed by any “intelligent” system that is mean to operate in real life’. They define 
a set of six protoforms that describe the structure of the linguistic summaries and queries for their search [9], see 
Table 1. All summaries are represented in the following two basic structures: 
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(1) First: summaries without filters Qy's are S, representing relationships such as: 
T(Most of projects are renegotiated) = 0.8 
(41) Second: summaries with filters QRy’s are S, which describes relationships such as: 
T(Most of the projects with low performance of human resources are renegotiated) = 0.7 
Where: 
(a) “Q” represents quantifiers such: most, some, a few, etc. 
(b) “R” represents filters for example: “high planned material resources”, or concepts that influence the 
objects recovery. 
(c) The objects “y” represents the object of study for example “outlier projects”’. 
(d) The “S” represents summarizer such as: “very high “amount of human resources” and concepts un- 
der which the "y" objects are grouped in the query. 
(ce) The “T” represents measures to evaluate the linguistic summaries quality, the most of authors use 
the T values [9][10]. 


Table 1: Classification of protoforms of LDS, taken from [11]. 


Type Protoform Given Sought 

0 QRy’sareS All Validity T 

1 Qy’sareS S Q 

2 QRy’sareS SandR Q 

3 Qy’s are S Q and structure of S Linguistic values in S 
4 QRy’sareS Q,Rand structure ofS Linguistic values in S 
5 QRy’sareS Nothing S, R and Q 


In order to evaluate summaries, authors develop different 7 measures [8][11], proposed: degree of truth, 

degree of imprecision, degree of coverage and the length of the summary. 

e Degree of truth (T1): evaluates the truth of summary based on the object's membership to the summary 
and to summary's quantifier. 

e Degree of imprecision (T2): calculates the summary vagueness degree and summary imprecision’s de- 
gree by considering the alternative values for each summarizer. 

e Degree of coverage (T3): calculates the objects relative frequency that belongs to summarizer’s fuzzy 
set and to the filter’s fuzzy sets. 

e Degree of appropriateness (T4): measures the usefulness of the summary, combining the coincidence 
relative frequency between the objects, and the summary with the degree of coverage. This measure re- 
ports low values with high values of coverage degrees. 

e Length of summary (T5): measure to get the summary length based on variables number implicated on 
it. Very large summaries with a high length usually are incompressible. 

e Degree of validity (T6): measure to combine the rest of T values based on OWA aggregators. 


But some of these measures fail when in a database there are objects with a high vagueness that such as ob- 
jects with a high level of neutrality respect to the specific fuzzy sets memberships. 

Traditional linguistic data summarization techniques do not consider the neutrality on data. The creation of 
new measures by considering the linguistic summaries neutrality can help to select the best summaries to make 
decisions. Neutrosophic numbers theory extends the fuzzy logic theory and helps improve neutrality treatment. 

Neutrosophy was introduced by Smarandache in 1995 [12] and in this theory is essentially the definition of 
neutrosophic sets defined by Smarandache and Wang et al. in [13]. The use of neutrosophic theory in linguistic 
data summarization techniques allows the introduction of concepts of indetermination; also, improve the inter- 
pretability of the summaries [14]. 

The aim of this work extends measures to evaluate linguistic summaries by considering different elements of 
neutrosophic theory. In the work are applied the new measures and traditional measures to evaluate linguistic 
summaries on project management environment. 

The remaining of the paper is structured as follows. Section 2 describes preliminary concepts and notation of 
linguistic data summarization techniques and neutrosophic theory. In section 3, the authors present different ex- 
tensions to traditional measures proposed by Zadeh; they introduce neutrosophic sets and other concepts into the 
computation of quality’s measures of the linguistic summaries. In section 4, authors compare the results of 
measures in a project management environment. Finally, the paper ends with conclusions and further work rec- 
ommendations in Section 5. 


2 Preliminary concepts and notation 


In this section, authors present preliminary concepts associated with this work. The first subsection dis- 


lliana Pérez, Pedro Pihero, Roberto Garcia, Rafael Bello, Osvaldo Santos, Maikel Y. Leyva, Extensions to Lin- 
guistic Summaries Indicators based on Neutrosophic Theory, Applications in Project Management Decisions. 


Neutrosophic Sets and Systems, Vol. 22, 2018 89 


cusses in details the measures proposed for Zadeh to evaluate linguistic summaries. In second subsection authors 
present preliminary concepts associated to neutrosophic theory useful in linguistic data summarization environ- 
ments. 


2.2 Measures to evaluate the linguistic summaries quality, based on traditional fuzzy sets 


Different authors have been proposed measures to evaluate linguistic summaries quality. In this sense, a set 
of measures proposed by Zadeh are well known. In this section, the measures proposed by Zadeh [15] are 
described in details. 

The degree of truth (T1) is a measure of how much data supports a linguistic summary. 

For summaries with the structure “Qy’s are S” can be used equation (1), while for summaries with structure 
“ORy’s are S” when R is a filter, can be used equation (2). 


T(Qy’s are S) — Ha E py Hs | 


(1) 
T(QRy’s are S)= Hg [1] (2) 
Where 
y HR (¥i) O Ms Yi) (3) 
pode 


Yeas) 


Degree of imprecision (T2) is a useful validity criterion. Basically, a vague linguistic summary has a T2 with 
a very high degree of truth, but it is not a relevant summary (for example, on almost projects with low- 
performance indicators are bad evaluated). 


(4) 





Where m is the implicated summarizers number in the summary and in(S;) is defined as: 

. cardjx € X, ‘Ms (x)> e; 

in (s ) = (5) 
cardx , 


Equation (5) measure the cardinality of the corresponding set and all X; domains. That is, the more "flat" the 
diffuse S; set is, the higher the value of in (Sj). 


The degree of imprecision T2 depends on the summary form; its calculation does not involve all records on 
the database, for this reason, does not require searching the database. 
The degree of coverage (T3) is defined by: 


Qt 





LS = 
6 
yh, (6) 
i=l 
Where: 
‘ 
= 1 if “s(y,) > eand pV AY, yee ) 
() in another case 
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_ f if 1, (V,(y,))>¢ _ 


0 in another case 


The degree of appropriateness, T4, describes how relevant is the summary for the particular environment 
represented by objects in the database and is defined as: 


LS a [ [+ -1, 
j=l,...,.m 


Where: 


(9) 


Dh, j=l...,n 


eS 
{= 
J 


nN 


-—_ 1 if S(y,)>é 
() in another case 


The length of the summary (T5) can be defined as: 
T, = 2(0.5°"' | (10) 


Finally, the total degree of validity, (T6), could be calculated by using different operators of aggregation, for 
example in [15], this indicator is defined as the weighted average of the previous 5 degrees of validity, 1.e. 


k 
Tis = p» wil, (11) 


Total validity of a linguistic overview, where: 
e kis the quantity of T that is calculated, in this case, there are five, that is, from T1 to TS. 
e wis weight assigned for the aggregation of the T, therefore i = /J/,...,5/. Each weight is a values be- 
tween [0,1]. 
The combination of 7 values is very useful to detect the most relevant summaries. To find the optimal sum- 
mary for an S* € {S} would be: 


= arg max 7 ¥ (12) 
Where k is the total number of language overviews generated and arg is a function that returns the language 
summary obtained as a result of the operation. 
Art state study of “linguistic data summarization” led to the following partial conclusions: 

e The T values proposed does not consider the indeterminacy or the falsity of objects respect to different 
fuzzy sets memberships. In this sense objects with high indeterminacy could be considered with the 
same weight during calculation than objects with high membership value and low indeterminacy. 

e In many T values calculation, are consider all elements with memberships value greater than 0. But this 
condition is not so good because this approach considers objects with very low memberships as the 
same relevance as objects with the highest membership. Authors of this paper consider as necessary to 
limit the calculation just for objects with membership values greater than an epsilon value. 

e In particular, there are different scenarios with high vagueness and ambiguous concepts where is neces- 
sary taking into account elements as neutrality and the uncertainty of concept to making decisions proc- 
ess. For example, in project management some time the experts do not have a definitive opinion about a 
decision and they have to take neutral positions before a definitive decision. 

e Authors of this paper consider that the aggregation of different JT values proposed in T6 (total degree of 
validity), in some cases create a noise in the selection of summaries, and recommend the use of Pareto 
approach [16]. 


lliana Pérez, Pedro Pihero, Roberto Garcia, Rafael Bello, Osvaldo Santos, Maikel Y. Leyva, Extensions to Lin- 
guistic Summaries Indicators based on Neutrosophic Theory, Applications in Project Management Decisions. 


Neutrosophic Sets and Systems, Vol. 22, 2018 91 


Next subsection presents preliminary concepts of neutrosophic theory necessaries to introduce the exten- 
sions to traditional T values. 


2.3 Preliminary concepts about the neutrosophic theory 


In [17][18] Smarandache introduced the concept of neutrosophic set and neutrosophic logic, which allows 
handling efficiently the indeterminate and inconsistent information. Neutrosophic set is a generalization of the 
theory of fuzzy set [19], intuitionistic fuzzy sets, interval-valued fuzzy sets [20] [21] and interval-valued in- 
tuitionistic fuzzy sets [6]. A neutrosophic set has the three following degrees: truth-membership degree, indeter- 
minacy-membership degree, and a falsity-membership degree. All these degrees are in the interval [-0, 1+]. 

However, the neutrosophic theory is difficult to be directly applied in real scientific and engineering areas. 
For this reason, Smarandache [17] proposed the neutrosophic set theory, which is the more general form of in- 
tuitionistic fuzzy logic, whose functions of truth, indeterminacy, and falsity lie in [0, 1]. Since then, publications 
on neutrosophic set theory and its applications in several fields have been increasing in recent years; this is evi- 
denced by the works presented in [22] [23] [24] [25] [26] [27]. 

For this work 1s particularly important the definition 1 of neutrosophic sets defined by Smarandache and 
Wang et al. in [13], [12], [27]. 

Definition 1. Let / a neutrosophic set in universe X characterized by a triple (Label, X, tuu(x), tux), Ou(x)) 
where: Label is a linguistic term which represents the name of set, X represents the universe of discourse, 
Lu(x) € [0,1] represents a membership function , t(x) € /0,1/ represents a indeterminacy-membership function 
and ov(x) € [0,1] represents a falsity-membership function, where 0 < u(x) + tu(x) + ou(x) < 3. 

This definition implies that each value of the domain x € X when evaluated in neutrosophic set M/, such that 
M(x) returns the value (iy (x), Ti (x), Oy (x)) where the first component represents the membership degree of the 
value x to the set M, the second component represents the indetermination degree of the value x to the set M and 
the third component means the non-membership degree of the value x to the set . 


(x-a)u,/(b-—a) (asx<b) 


e 











_JjJuU (x = b) 
HAD) thee) GS Sc) 
0 otherwise 
(b — x + v4(x — a))/(b — a) (a<x<b) 
_J% (x = b) 
tale) (x -—b+ va(c —x))/(c —b) (b<x<c) 
1 otherwise 
(b —x + f,(x — a))/(b — a) fas 2 <b) 
= fa (x = b) 
a(x) (x —b + falc — x))/(c — b) (bx SL) 
1 otherwise 


Figure 1: Representation of a fuzzy set incorporating the truth-membership (14), indeterminacy-membership (t,) and falsity-membership 
(oa) functions. 


Single Valued Neutrosophic Set (SVNS) concept permits the application of neutrosophic set theories on real 
scientific and engineering applications [13], see definition 2. Many studies have been done on this theory and 
have been used in many application fields. In this theory, the values of truth, falsity, and indeterminacy of a 
situation are considered. Many uncertainties and complex situations arise in decision-making applications. 

Definition 2. Let_X be a set of objects and x € X represents a single valued neutrosophic number (SVN) and 
is characterized by a vector (V, I, F) where V indicates truth-value, / indeterminacy-value and F falsity-value. 

Other important group of definitions are proposed by Subas [28]. He defines a single valued triangular neu- 
trosophic number x = ((a, b, c), 4(x), T(x), O4(x)) where: 


a,b,ce#  ifxisa positive single valued triangular neutrosophic number and 
a,b,c €#  ifxisanegative single valued triangular neutrosophic number. 


In neutrosophic theory, different authors define operations between single value neutrosophic numbers [29] 
[30] [18] as follows: 

Let A be a variable represented by number ((a;, a, a3); uy, ry, f4) and B is represented by number ((b;, b», 
b3); Up, Vp, fp) 

Sum: A (+) B= ((a;+b,, ay+bz, a3t+b3); T(us, us), Si(ra, re), S2fafe)) (3) 

Difference: A (-) B= ((a,-b3, Ap-b», b3-a), T(us, Us ), Si(v4 ; re), So(fa, fe) (14) 
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Product: lets £ = fa;bj, a3b3, a7b3, a3b); 
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where h,: 1s the minimum value of £, A»: be the largest of £ 


A (*) B= ((a,b), aja2, bjbcz); T(us, us), Si(r4, re), Sofa, fe) 


Division: lets £ = {a,/bj, a3/b3, a7/b3, a3/b}; 


(15) 


where h,: 1s the minimum value of £, A,: be the largest of £ 


A (/) B= (Ay ’ ab, dy); T (us, Up ), Sits, 


ra), Sofa, fa) (16) 


Let x = (a, b, c, u, 7, f) be a single valued triangular neutrosophic number [5] [6][7]: 


Score: sc(x) = atI- b+]1- c; 


Certainty: ac(x) =a-c; 


(17) 
(18) 


Let x = (al, a2, a3) and y = (b1, b2, b3) be two single valued neutrosophic numbers, the comparison ap- 


proach can be defined as follows [5]: 


If sc(x)>sc(y), then x is greater than y and denoted x >y. 


If sc(x)=sc(y) and ac(x)>ac(y), then x is greater than y and denoted x >y. 


If sc(x)=sc(y) and ac(x)=ac(y), then x is equal to y and denoted by x~y. 


T-Norm function TNorm: [0,1] x [0,1] — [0,1] 
T(a, b) = T(b, a) 
T(T(a, b), c) = T(a, T(b, c)) 
Sia>byc=d then T(a, c) = T(b, d) 
T(a, l) =a 


Conorma function SNorm: [0,1] x [0,1] — [0,1] 


S(a, b) = S(b, a) 

S(S(a, b), c) = S(a, S(b, c)) 
Sia>byc=dentonces S(a, c) = S(b, d) 
S(a, 0) =a 


Example (min) (19) 

Commutativity 

Associativity 

Monotony 

Neutral element 
Example (max) 

Commutativity 

Associativity 

Monotony 

Neutral element 


(20) 


All these operations are necessary to extend the measures to evaluate the quality of linguistic summaries. 


3 Extensions to T-values to evaluate linguistic summaries based on neutrosophic numbers 


In this section, different extensions to traditional T—values are proposed. 

Inspired in rough sets theory [31] the authors of this work propose the following equations and notation. 
Lets Y4x the set of objects with memberships to neutrosophic set A (definition 2) greater than alpha-cut: 
where ae/0,1] and Y, the set of objects with memberships to neutrosophic set A greater than 0. 


For summaries, A with structure “Oy ’s are S” see equation (21), (22), (23), (24), (25) and (26) 


Hs ommary (Yi) = TNorm (us (y;)) 
T summary (Yi) = TNorm (e (y;)) 


Os uvmary (¥i) = TNorm|o, (y;)) 
Ya *=LYi * Hounoury (Y;) 29} 
Yas =LYi: Hsuvoary (Yi) 22} 


For summaries, A with structure “ORy’s are S” 


Hs ummary (¥;) = TNorm (1p (Y;), Ms (Y; )) 


Tsummary (¥;) = TNorm ( (Yi). Ts YY; )) 


(21) 


(22) 


(23) 


(24) 


(25) 


see equation (26), (27), (28), (29) and (30) 


(26) 


(27) 
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Operant (y.) = TNorm (o, (y;), Os (y;)) (28) 


Ya, *=tYi : Asuvary (Yi) 2 94 (29) 
Yas = Ui! 4ounary (Yi) 2 @ (30) 


Then T1 applied to summary A is extended Te), as equation (31): 


l 
Te,, = Ho E BS H suMMARY v| (31) 


Yi EV ys 


Another T1 extension on summary A is Te), as equation (32): 


| (32) 


To complement T1 extension a new metric called precision is introduced, Te,,as equation (33) 


Yas 








Tey, = Ho] 





(33) 





* 


Te le — Pa 
Y 








A 


T2 extension on summary A is Te, imprecision degree as equation (34): 





1 
Mets Ht or $< 34 
»: T summary (V;) + » O summary (¥;) on 
l a VEX gx Yj EY gn 
1+ > Lsuumary (Y;) 


ViEY 4x 


To complement Te,, authors introduce a metric degree of indeterminacy called Te>, as equation (35) 


T (y;) 
py SUMMARY G3 5) 


Te,, = y 
Ae 





To complement Te,, authors introduce a metric degree of falsity called Te>, as equation (36) 


3 SF suvmuary (¥;) 
Te, = nA (36) 
A* 








(37) 





Vas 
T3 extension on summary A 1s Tes, as equation (37): Te,, a S 
n 
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T4 extension on summary A is Tey, appropriateness degree as equation (38): 











= ] 
Te 4a 5 
Y ° >, 7 SUMMARY (y;) 3 >. O SUMMARY (y;) (38) 
A VEY 4+ VEY yx 
1+|¥,- fe > as (y;) 
VEY yx 


Introducing a new T called certainty on summary A is Teg, certainty degree as equation (39) 


] 
Téy.= ; (39) 
» T summary (Y;) + by O summary (¥;) 
1+ ViEY gx ViEY gx 
1+ > summary (Y;) 
VEY yx 


TS extension on summary A is Tes, as equation (40): 


7 | 


Tes, nin WET) ose cas 
7 [R| +|S|-0.15m 
0.2m 


(40) 


Where m is the number of variables, |R| is the cardinality of filters of linguistic summary and |S| is the 
cardinality of summarizer of a linguistic summary. 


In order to select the best summaries, the authors of this work recommend using the Pareto approach, com- 
bining all the proposed extensions in the selection. The best summaries will be those has the best value regarding 
the combination of the proposed T values. 


6 Results and discussion 


To proof the extensions proposed in this work, data related to project management was used. From them, 
linguistic summaries were generated to make decisions in the project management environment. This environ- 
ment is characterized by the following elements: 


There are different information systems with a lot of heterogeneous data. 

There are different project management schools [32] that develop good practices through standards as 
PMBok [33], ISO 21500 [34] and CMMI v1.3 [35, p. 1], but persist difficulties in projects. 

Different studies develop by the Standish Group [36] shows that there are numerous difficulties in 
projects associated with TIC technologies. Approximately 52% of the projects are renegotiated while 
just around 33 % corresponds with successful projects. 

In particular, TIC projects are affected by numerous risks due to their high dependence on the creativity 
and skills of its human resources. 

Among the fundamental causes of project failure are: poor management, inadequacies in planning, con- 
trol and monitoring processes [37]. These causes can be mitigated if techniques are available for knowl- 
edge discovery and analysis of data historical summaries in linguistic form. From this, decision-makers 
would have easily understandable information to facilitate tasks such as decision analysis, prediction or 
forecasting [38]. 

Different authors point to causes of this phenomenon: poor management and insufficient planning, con- 
trol and monitoring processes [37]. In this scenario, it is useful to have techniques for linguistic summa- 
ries discovery that allow the complex interrelationships between variables to be presented in natural 
language [39 ]|[40][41]. 


In this scenario, learning from the mistakes and successes contained in project history data becomes a neces- 
sity. On the other hand, in the project management scenario, most decision makers are not experts in data mining 
and require understandable information for decision-making. 

In this context, the techniques for linguistic summarization of data are applied as one of the descriptive 
knowledge discovery techniques, with a promising and interesting approach to producing linguistic summaries 
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from heterogeneous data using natural language. 

For all reasons explained, authors of this paper select a Database for Project Management Evaluation 
(DPME01) from the Research Database Repository of the Project Management Research Group [42]. This data- 
base contains: 

e 8430 records with 24 attributes represented by real values in [0, 1] interval, 
e 4254 projects evaluated as “bad performance”, 

e 1021 project evaluated as “regular performance” and 

e 3155 projects evaluated as “correct performance”’. 

Table 2 contains attributes associated with the database. 


Table 2: Variables in DPMEO1 data set. 
Variables Description 
l 
Pan eOMD 2 pe eet Cpe Variables to calculate amount of persons by competence levels. 
cant _comp_baja, 
cant _rrhh_eval_b, cant_rrhh eval _m, 


Variables to calculate amount of persons for each performance level. 
cant rrhh eval r 


time_ availability, time plan, time real, tptp, Variables associated with the availability of time planned and real-time 
tptr, trtr dedicated for human resources. 


icd, iref (quality) ie, ire, irp (control of time) 
irl (procurements) 
irha, irhe, irhf, irht, irrh (human resources) 


Main indicators evaluated during the cut of the project, these indicators 
are associated to control of scheduling. 


eval fuzzysystem_ advanced 01 Variable to calculate evaluation of the project. 


The summaries were generated by using the algorithm AprioriUnificatorLDS [43] based on the combination 
of the apriori algorithm and fuzzy logic techniques. This algorithm generates 79 linguistic summaries that were 
evaluated by 7 experts and preferences of these experts were consider in final results. 

In order to evaluate the summaries, each expert provides his preferences through a vector X = , x; 
ade ), where x represents the preference of expert e; about summary / and considering the criterion c,;. Later the 
preferences of experts are aggregated by using the computing with words technique 2-tuples [44]. The criteria 
used to evaluate the summaries were: level of novelty, complexity, simplicity, relevance for making decision. In 
this work authors use specifically, weighted average operator, to combine the preferences of experts. The sum- 
maries with high relevance for experts were: 


ki 


eooey 


First summary (O1): Many “projects” with (Around 50% "quantity of human resources with high compe- 
tences") or (Around 50% "quantity of human resources with low competences”) or (High "quantity of human 
resources with bad evaluation ") or (Mean "quantity of human resources with good evaluation ") or (Mean 
"quantity of human resources with Regular evaluation ") have Bad “Performance indicator’. 


Zadeh quality of summary: T(0.872, 0.29, 0.748, 0.04, 1, 0.74) 
T extended quality of summary: T(0.976, 0.68, 0.706, 0.56, 0.589, 0.503, 0.618, 0.205, 0.062, 0.915) 


This summary indicates that human resource performance has a high influence on project evaluation. 
Summary explains that there are many projects with bad evaluation having a bad performance of its human re- 
sources too. Organizations that develop these projects have to improve human resource control. 

About its T-values: The 7-values proposed by Zadeh presents this summary with low appropriateness than 7- 
values based on neutrosophic. In this case, the project manager’s preferences are closer to 7-values based on 
neutrosophic than Zadeh’s 7-values. The truth values in 7-values, based on neutrosophic, report better results 
than Zadeh’s 7-values respect to nearness to project managers’ preferences. 


Second summary (O2): Around 50% of “projects” with (High "quantity of “human resources with bad 
evaluation") have (Perfect "real time of real work"). 


Zadeh quality of summary: T(0.610, 0.83, 0.209, 0.04, 1, 0.42) 
T extended quality of summary: T(0.979, 0.57, 0.880, 0.441, 0.309, 0.049, 0.504, 0.925, 0.458, 0.915) 


This summary has a high degree of truth and it explains that in Around 50% of projects with “High” quantity 


of human resources bad evaluated to have a “real time of real work” “Perfect”. Besides, this summary states that 
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in these projects there are false statements of real-time dedicated. The Project Management Office (PMO) that 
control these projects have to improve the control of time declared by human resources and to analyze with 
Project managers and team leaders the false declarations. 


Third summary (O3): Around 50% of “projects” with (Regular "useful performance of human resources ") 
or (Low "quantity of human resources well evaluated") or (Regular "performance of human resources ") or 
(Mean "time availability ") have (Bad "efficacy"). 


Zadeh quality of summary: T(0.863, 0.29, 0.802, 0.09, 1, 0.76) 
T extended quality of summary: T(0.965, 0.56, 0.655, 0.637, 0.609, 0.574, 0.539, 0.189, 0.062, 0.915) 


This summary indicates that human resources have a high influence on project quality. In situations with low 
performance of human resources or with low available time, then it affected the quality of the project frequently. 
In this case, the project manager has to check the dedicated time of human resources and the quality of the 
project. 


Four summary (04): Around 50% of “projects” with (Bad "performance indicator ") or (Low "quantity of 
human resources well evaluated ") or (Regular "Project evaluation ") or (Low "quantity of human resources 
regular evaluated") have (Bad "production on process of project "). 


Zadeh quality of summary: T(0.664, 0.96, 0.127, 0.09, 1, 0.41) 
T extended quality of summary: T(0.903, 0.686, 0.833, 0.622, 0.259, 0.243, 0.053, 0.972, 0.277, 0.915) 


This summary shows that in 50% of projects with a bad evaluation, presents difficulties with its production 
on a process. This situation should be attending quickly because of would trigger conflicts with clients in the fu- 
ture. 


Five summaries (O5): Around 50% of “projects” with (Mean "quantity of human resources bad evaluated ") 
have (Bad "efficacy"). 


Zadeh quality of summary: T(0.976, 0.98, 0.011, 0.01, 1, 0.5) 
T extended quality of summary: T(0.931, 0.766, 0.808, 0.516, 0.242, 0.227, 0.059, 0.976, 0.383, 0.915) 


This summary means that projects with bad performance of human resources present serious problems in the 
quality of the project. Besides; PMO that controls these projects have to elevate the control of quality. In order to 
elevate the levels of quality, they should have decisions such as: to increase the rewards to human resources, pe- 
nalize the bad performance of human resources or to contract new workers with better competencies. 


Six summaries (06): Few “projects” with (Perfect "dedicated time") have (Around 50% "human resources 
with low competence’). 


Zadeh quality of summary: T(0.728, 0.89, 0.103, 0.01, 1, 0.43) 
T extended quality of summary: T(0.761, 0.234, 0.764, 0.513, 0.244, 0.076, 0.130, 0.959, 0.486, 0.915) 


This summary shows high dependence between human competences and efficiency. In this case, project 
managers should keep this work to improve the competencies. 
In order to compare the results of two methods, authors, create three ranking list of linguistic summaries: 
e The first ranking called “ideal ranking” represents the order of summaries by considering the prefe- 
rences of project managers implicated on validations. 
The second ranking contains the order of summaries by considering the T-values from Zadeh. 
The third ranking of summaries represents the order of summaries by considering the T-values 
based on neutrosophic theory, proposed in this work. 
Authors calculate deviations between “ideal ranking” with respect to the others by using the least squares 
method, see equation (41). 
D(ideal, output) = > (ideal ,-output ; )’ (41) 
i=l 
Where z represents the number of summaries obtained and ideal; output;represents the position of summary 
on ranking. The method with a low deviation to “ideal ranking” represents the method with better results. The 
results of the T exposed above of the six summaries analyzed are presented in table 3. 
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Table 3: Comparisons of rankings, in algorithms outputs. 
Ideal ranking, considering project Ranking based on T-values Ranking based on neutrosophic 


managers of Zadeh T-values 
| 2 2 
2 5 l 
3 3 4 
4 6 S 
5 l 3 
6 4 6 

Least squares measure of deviation 5.83 2.83 


Results of comparison permit to identify that ranking obtained from proposed 7-values is closer to “ideal 
ranking” than ranking based on 7-values of Zadeh. The 7-values proposed permits to evaluate the indeterminacy 
and the falsity of the membership of objects to linguistic summaries while 7-values of Zadeh does not permits to 
evaluate these values. 

The 7-values based on neutrosophic evaluate more dimensions of summaries and report more data useful to 
select the relevant summaries. For example, the combination of Te,,, Te;,, Te;, (equations 31, 32, and 33 
respectively) reports more information than 77 proposed by Zadeh associated with the truth of summary. 

The length of the summary called 75 proposed by Zadeh does not consider the number of variables impli- 
cated on search while the Te; (equations 40) consider the number of variables. Indicator Tes is represented by a 
bell function with a better behavior than the exponential function proposed by Zadeh. 


Conclusion 


The use of neutrosophic theory in linguistic data summarization techniques permits the introduction of the 
indeterminacy concepts on linguistic summaries and permits to improve the interpretability of summaries. 

The incorporation of neutrosophic sets in T certainty calculation allows having a fairer notion about the 
certainty of the objects of the summary. 

Ranking of summaries obtained from 7-values based on neutrosophic is closer to “ideal ranking” than rank- 
ing based on 7-values of Zadeh. 

The 7-values proposed permits to evaluate the indeterminacy and the falsity of the membership of objects to 
linguistic summaries while 7-values of Zadeh do not permits to evaluate these values. 

The 7-values based on neutrosophic evaluate more dimensions of summaries and report more data useful to 
select the relevant summaries. 

The incorporation of the alpha-cut value avoids recovering objects with low influence in summaries into the 
T-values calculation. 

Experts consider neutrosophic T-values more expressiveness than traditional T-values. The application of 
linguistic data summarization techniques combined with neutrosophic numbers in the project management envi- 
ronment reports good results and should be applied in future works too. 

Summaries obtained permit to project managers and to PMO personal improve the decisions. The use of neu- 
trosophic theory combined with linguistic data summarization techniques constitutes a new area of investigations. 

Summaries show high dependence between human competences and efficiency. Summaries obtained permit 
detection in some projects of false declarations of "real time dedicated" indicator and permit to increase the con- 
trol of projects with these difficulties. 

Summaries obtained help to detect project with serious problems in the indicator “production on process” 
and to emit alerts to PMO personal about these projects. 
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Abstract:The fuzzy set and intuitionistic fuzzy set are two useful mathematical tool for dealing with impression 
and uncertainty. However sometimes these theories may not suffice to model indeterminate and inconsistent informa- 
tion encountered in real world. To overcome this insufficiency, neutrosophic set theory and single-valued neutrosophic 
set (SVNS) theory which is useful in practical applications, were proposed. Many researchers have studied on single- 
valued triangular neutrosophic numbers and single-valued trapezoidal neutrosophic numbers. In this paper, concepts 
of Gaussian single-valued neutrosophic number (GSVNN), a-cut of a GSVNN and parametric form of a GSVNN 
are defined, and based on a-cuts of GSVNNs, arithmetic operations for GSVNNs are defined. Also, some results 
are obtained related to arithmetic operations of GSVNNs. Furthermore, a decision making algorithm is developed by 
using GSVNNs operations, and its an application in medical diagnosis is given. 


Keywords: Neutrosophic set, Single-valued neutrosophic number, Gaussian single-valued neutrosophic number, 
a—cut, decision making 


1 Introduction 


The concept of fuzzy set was defined by Zadeh [38] in 1965. A fuzzy set A on a fixed set X is character-ized 
by membership function denoted by 4 such that w4: A — |0, 1]. In 1976, Sanchez [32] proposed a method to 
solve basic fuzzy relational equations, and in [33] he gave a method for medical diagnosis based on 
composition of fuzzy relations. In 2013, ,Celik and Yamak [11] applied the fuzzy soft set theory to Sanchezs 
approach for medical diagnosis by using fuzzy arithmetic operations, and presented a hypothetical case study 
to illustrate process of proposed method. Concept of Gaussian fuzzy number and its a—cuts were defined by 
Dutta and Ali [13]. Garg and Singh [15] suggested the numerical solution for fuzzy system of equations by 
using the Gaussian membership function to the fuzzy numbers considering in its parametric form. In 2017, 
Dutta and Limboo [14] introduced a new concept called Bell-shaped fuzzy soft set, and gave some 
applications of this set in medical diagnosis based on C, elik and Yamak’s work [11]. 

The concept of neutrosophic set, which is a generalization of fuzzy sets [38], intuitionistic fuzzy sets [1], 
was introduced by Smarandache [34] to overcome problems including indeterminate and inconsistent in- 
formation. A neutrosophic set is characterized by three functions called truth-membership function (T (x)), 
indeterminacy-membership function (/(x)) and falsity membership function (F' («)). These functions are real 
standard or nonstandard subsets of |~0, 1*|. In some areas such as engineering and real scientific fields, mod- 
eling of some problems is difficult with real standard or nonstandard subsets of |~0, 1*|. To make a success of 
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this difficulties, concepts of single-valued neutrosophic set (SVNS) and interval neutrosophic set (INS) were 
in-troduced by Wang et al. in [35] and [36]. Recently, many researchers have studied on concept of single- 
valued neutrosophic numbers, which are a special case of SVNS, and is very important tool for multi criteria 
decision making problems. For example, Liu et al. [19] proposed some new aggregation operators and 
presented some new operational laws for neutrosophic numbers (NNs) based on Hamacher operations and 
studied their prop-erties. Then, they proposed the generalized neutrosophic number Hamacher weighted 
averaging (GNNHWA) operator, generalized neutrosophic number Hamacher ordered weighted averaging 
(GNNHOWA) operator, and generalized neutrosophic number Hamacher hybrid averaging (GNNHHA) 
operator, and explored some properties of these operators and analyzed some special cases of them. Biswas et 
al. [4] studied on trape-zoidal fuzzy neutrosophic numbers and its application in multi-attribute decision 
making Deli and Subas,[16] defined single-valued triangular neutrosophic numbers (SVTrNN) and proposed 
some new geometric operators for SVIrNNs. They also gave MCDM under SVTrN information based on 
geometric operators of SVTTNN. In [17], Deli and Subas, defined a—cut of SVNNs to apply the single-valued 
trapezoidal neutrosophic num-bers (SVTNNs) and SVTrNNs, then they used these new concepts to solve a 
MCDM problem. Also, many researchers studied on applications in decision making and group decision 
making of neutrosophic sets and their some extensions and subclasses, based on similarity measures [37, 23, 
24, 25, 21, 27], TOPSIS method [26, 5, 7, 10, 39], grey relational analysis [2, 12], distance measure [8], 
entropy [28], correlation coefficient [18] and special problem in real life [3, 6, 9, 30, 31, 20, 22]. 


The SVIrNNs and SVTNNs are useful tool indeterminate and inconsistent information. However, in some 
cases obtained data may not be SVTIrN or SVTN. Therefore, in this study, a new kind of SVNNs called 
Gaussian single-valued neutrosophic numbers (GSVNNSs) is introduced. Also, a—cut, parametric form of 
GSVNNs, and arithmetic operations of GSVNNs by using a—cuts of GSVNNs are defined, and some results 
are obtained related to ~a—cut of GSVNNs. Furthermore, based on C, elik and Yamak’s work in [11] and Dutta 
and Limboo’s work in [14], a decision making method is proposed for medical diagnosis problem. Finally, a 
hypothetical case study is given to illustrate processing of the proposed method. 


2 Preliminaries 


2.1 Single-valued neutrosophic sets 


A neutrosophic set a on the universe of discourse X is defined as follows: 


= { (x, a¢(x), a;(x), af(x))) -ZeE xX} 


where ay, a;, ag: X —]~0, 1*| and ~0 < a;(a) + aj(x) + az (x) < 37 [34]. From philosophical point of view, 
the neutrosophic set takes the value from real standard or non-standard subsets of |~0,1*|. In some real life 
applications, modeling of problems by using real standard or nonstandard subsets of |~0, 1*| may not be easy 
sometimes. Therefore concept of single valued neutrosophic set (SVN-set) was defined by Wang et al. [36] as 
follow: 


Let X # 0, with a generic element in X denoted by x. A single-valued neutrosophic set (SV NS) a is 
characterized by three functions called truth- membership function a;(x), indeterminacy-membership function 
a;(x) and falsity-membership function a s(x) such that a;(x), a;(x), a(x) € [0,1] for alla € X. 
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If X is continuous, a SV NS acan be written as follows: 


fe / nie ae. oink x 
X 
If X is crisp set, a SV NS acan be written as follows: 


a= Ss (az(@), ai(x), a¢(x)) /x, foralla € X. 


Here 0 < a;(z) + a;(x) + a(x) < 3 for all x € X. For convenience, a SVNN is denoted by @ = (az, a;, af). 


Definition 2.1. (Gaussian fuzzy number) A fuzzy number is said to be Gaussian fuzzy number GF'N(p, 0) 
whose membership function is given as follows: 
ee 


f(x) = exp(—5( zs 





)*), co < & <0, 


where jz denotes the mean and o denotes standard deviations of the distribution. 


Definition 2.2. a-cut of Gaussian fuzzy number: Let membership function for Gaussian fuzzy number is 
given as follows: 





f(x) = exp(—5 | za 


Then, a-cut is given A, = lz —oV/—2loga,u+oaV/—2loga 


3 Gaussian SVN-number: 


Definition 3.1. A SVN-number is said to be Gaussian SV N-number 
GSV NN | (fi;, 0%), (ij, 0%), (y, 7) ) whose truth-membership function, indeterminacy-membership function 


and falsity-membership function are given as follows: 
1 24 — Hy )) 


p(@z) = exp oS a= 


y(x;)=1- (exe(-5(2—), 


l Xf Ms yo 
(af) exp(—5( a ) 
respectively. Here ji, (/1;, 1) denotes mean of truth-membership (indeterminacy-membership, falsity-membership) 


value. o; (o;, 77) denotes standard deviation of the distribution of truth-membership (indeterminacy-membership, 
falsity-membership) value. 


Example 3.2. Let A = GSVNN((04, 0.2), (0.6, 0.3), (0.3, 0.1)) be Gaussian SVN-number. Then graph- 


ics of truth-membership function, indeterminacy-membership function and falsity-membership function of 
GSVNN A are depicted in Fig 1. 
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Figure 1: GSVNN A 


Definition 3.3. a-cut of Gaussian SVN-number: Truth-membership function, indeterminacy-membership 
function and falsity-membership function for Gaussian SVN-number A are given as follows: 





(ae) = exp(— (#4), 
(ai) = 1 - exp(-5(4— A, 
olay) =1~exp(—5( 8 


respectively. 
Then a-cuts of them are as follows: 


Ay, = |B — (oey/—2log a), + (vry/—2 log a), 


Ai, = Zi — (iv =2/l0g(1 =), te (iv —2log(1 — a))|, 
Ay, = [Fis — (07 /—2log(l — 4)), Bi, + (07/2 log — a), 


respectively. 


3.1 Arithmetic operations of Gaussian SVN-numbers 


Let A = GSVNN ((fig,,,); Fia,,4,); Ha,» 04,)) and B = GSVNN ( (fip,,08,); (Fin, 0B,); Fin, 2,)) 
be two Gaussian SVN-numbers. Then their a-cuts (0 < a < 1) of these numbers are as follows: 


At, = Zia — (o4,V —2 log a), Bg, + (o4,¥ —2 log a)). 
as Zia, — (04,V —2log(1 — @)), Ha, + (G4, V —2 log — a))|, 
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Aj, = Ha, ~ (0a, V—2log(1 — a), Fa, + (4,2 log(I — ))| 


and 
Bi, = |fip, — (on, /—2log(1 — 4)), Zip, + (on, /—2log(l — a))|, 
By. = Ze, (Gg 4/2 log =a); Apech (Oa — 210g ( L— a))|, 
respectively. 


Based on a-cuts of A and B, arithmetic operations between GSVNN A and GSVNN B are defined as 
follows: 


1. Addition: 
A: + Bi = (Tia, + ip) — (oa, + OB,)V—2 log a, iy, + (04, + OB,)V—2 log a 


Aye a Bie, = (Tia, + fiz, ) 7 (Oa, + OB;) V =a log(1 7 a), (LA, ir LLB; ) “it (oA, + OB;) V —2log(1 7 a)| ) 


Aye + By, ne (Tia, +Lp,) 7 (Ca, OB.) = log(1 7 a), (iA; + [1B;) a0 (OA, +OB,) V = log(1 _ a)| 
Truth-membership function, indeterminacy-membership function and falsity-membership function of 
addition of GSVNNs A and B are as follows: 


ee — (Fa, es) 


1; — (Ha, + lp,) 
(A+B) (Zi) = 1 exp ( —~ = (a 


2 OA, + Op, 
and 
1 ts — Ha, + UB 
oe ee (- 5 a a i ae 2 ’), 
(A+B) (af) aes ees 
respectively. 


2. Substraction: 


At, — Bi, = (Tia, = fip,) = (CA Op, 210g G, Bas (Cay OR) y =2Tog a 
rales _ Bi — (Tia, — Tip, ) _ (oA, aI OB; ) V —2log(1 _ ay, (WA, _ [1B;) a (oa, 10 By) V —2 log(1 _ a)| ’ 
Af, — By, _ (Tia, =f.) “(Apa V —2log(1 = a), (ja; OB (OA AeoR, V —2 log(1 = a)| ’ 


Truth-membership function, indeterminacy-membership function and falsity-membership function of 
substraction of GSVNNs A and B are as follows: 


a Acme fp.) ’), 


ee ~ (Ha, = cay, 


oye = ( - 
le ills a ae Pees 
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and GT ip.) 
1 vf — (Ha, — UB 
pig 


respectively. 

3. Multiplication: 
Ava-Bia = [Ba V—=2108 4): (Tip, 08, V=2108 4), (Ea, +04, 2108 0) (Fig, +o, V—2108 4) 
Ai, Big = |(ia, — 74, /—2log(1 — a) - (Fig, — 78, /—2log(I — 4)), (Fis, + 74, /—2log(I — a) 
Tip, + on, /—2log(l — @))| 
Ae be, = (ia, —Oa, —2log(1—a))- (Ep, —Op, —2log(1 — a)), (Ha, amy —2log(1 —a))- 
Tn, + on, \/—2log( — a) 


4. Division: 7 
At, __ | Ba,—(74,V—2 log a) | 


Bia | Bp, (OB, V—2 108.4)’ Tip, (0B, V—2 10g.) |’ 


Aig _ naw A, —2log(l-a)) Hya,+(e ed 
Pio lip. +(oB,1/ —2log(1—a))’ Zp, —(oR, \/—2log(1—a)) J’ 


= 


Fiz, +(oBs/—2log(1—a))’ Fp, (0B; /—2log(1—a)) 


3.2 Parametric Form of SVN-numbers 


A SVN nin parametric form is a triple of pairs ((n,(7), (x), (m,(), Mi(x)), (np (w), Ny (x))) Of the functions 


—1 


N,(x), M(x), 2; (x), M(x), Me(w) and N(x) for 0 < x < 1 which satisfies the following conditions. 
I. (a) n, 
(b) m% 


(Cc) n, 


x) 1s bounded and monotonic increasing left continuous function, 
x) 1s bounded and monotonic decreasing right continuous function, 


ji 
ji 
te) (a) for) <7. <1. 
2. (a) n,(x) i 
yi 
ys 


(b) 7; 


(c) n,; 


x) 1s bounded and monotonic decreasing left continuous function, 


x) 1s bounded and monotonic increasing right continuous function, 


LON 8 GTO I TN ETN ON | OS 


©) TAZ) Tor. 0' <a <1, 


3. (a) n f(a) is bounded and monotonic decreasing left continuous function, 
(b) 7f(x) is bounded and monotonic increasing right continuous function, 


(c) n(x) <Ny(x) forO <a <1. 


A SVN-number @ = (a;,Q;, a7) is simply represented by n,(x) = 
n(x) = We) = Oe OR ae sl. Bor = (na) a 


) 


t) = O%, nj(x) = Ty(x 
),7 i(x)), (n (©), Tp(x))) and m = 
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((m,(x),7™7(x)), (m, (x), Mi(x)), (ma -(@), Ms(x))), We may define addition and scalar multiplication as 




















&) 
CO 
S| 

& 

= 

S 

S 
|| 
oe) 
g 

S 

= 

ce 
oy 

& 
|| 
S| 

Sy 

‘ 
oe) 
1A 
e) 








If c = (cr, Gi, cf) is a SVN-value, then cn is defined as follows: 


(cn) (x) = crt, (x), (er) (x) = cimj(x), (er) (x) = epng(), 


2S. 





(cn),(x) = ce (x), (er); (x) = eimri(x), (cr) ¢(4) = cf z(). 
Let A be a GSVNN as ya(a,;) = exp(—3 (4)? ore Ee —exp(—3 (4) )+ 1 and ya(xy) = 
— exp(—4(4— aan f)2) 4.1. Then, parametric form of GSVNN A can be transformed as 





(Hy — O17 —2 log a), Hy + o4x/ —2 log a), 
(i; —_ OF —2log(1 7 a), Lb; Tr Oj —2log(1 i a)), 
(iy — 07 /—2log(1 — a), fy + of /—2log(1 — a))) 


Example 3.4. Let us consider (0.5, 0.2,0.8) = GSV NN((0.5, 0.02), (0.2, 0.05), (0.8, 0.01)) to be a SVN- 
number with Gaussian membership functions. Then, its parametric form is as follows: 


((0.5 — 0.02,/—2in(a), 0.5 + 0.02/—2In(a)), (0.2 — 0.05,/—2In(1 — a), 0.2 + 0.05,/—2In(1 — a), 
(0.8 — 0.01,/—2In(I — a), 0.8 + 0.01 V—2In(1 = a))) 
Proposition 3.5. Addition of two GSVNNs is a GSVNN. Namely; 
(A + B)(a:) = (i.a(ee) + pa(tz) — (7a, + oR) —2 Ina), wale) + wale) + (Ga, + OR) V2 In(a)), 
(A+B) (ai) = (11a(@i) +H (ai) —(o4, +08.) —2In(1 — a), pa(zi)+uB(2i)+(4,+08,)/—2 nl — a)), 
(A+B)(05) = (wales)+nn(0s)-(o4,+on,) V—2 In — a), ha(es)-+Hn(@p)+(0a,+0R,) /—2In — a). 


((n, (x), Me(a)), (n(x), M(x), p(w), M(2))) = 


go 


Proof. The proof is obvious from definition. [| 


Let us consider GSVNNs A = GSV N N((0.3, 0.5), (0.4, 0.2), (0.7, 0.1)) and B= GSV N N((0.6, 0.2), 
(0.5, 0.1), (0.4, 0.3)). Their graphics are shown in Figs (2) and (3) 
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Figure 2: GSVNN A 











Figure 3: GSVNN B 
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Truth-membership, indeterminacy-membership and falsity-membership function of GSVNN A+ B and 
A — B are as follows: 





Yass) (21) = exp ( _ =(e = =i), 

















2° 0.7 
vats) (ti) = 1 — exp ( _ “(2 = 092) 
(A+B) (Lf) = 1] — exp ( = = ——)), 
and oo, 
~(A—B) (Xt) = exp ( _ 5 | 7 )?), 
~(A—B) (24) = 1] —exp ( _ “(7 —)), 
p(a_B)(Zf) = 1 — exp ( _ oe — 03). 


Then, figures of GSVNNs A+ Band A— Bareas in Figs (4) and (5). 











Figure 4: GSVNN A+B 


4 Application of Gaussian SVN-numbers in Medical Diagnosis 


Let us consider the decision-making problem adapted from [11]. 


4.1 Method and Algorithm 


Let P = {pj, po, ..., Pp} be a set of patients, S = {51, s2,...,5;} be set of symptoms and D = {dj, dg, ...,da} 
be a set of diseases. Patients p;(i = 1,2,...,) are evaluated by experts by using Table 1 for each symptom 
s;(7 =1,2,..., 5), and patient-symptom (PS) matrix is given as follows: 
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Figure 5: GSVNN A-B 


My, 12 +**  M1s5 

M21 M2 +++ Mag 
Po = 

Mn Mn eee Mong 


Here mij = (™4,,,7™i,,, M,,,) denotes SVN-value of patient p; related to symptom sj. 


aj? 


Table 1: SVN-numbers for linguistic terms 


Linguistic terms Linguistic values of SVN-numbers 
Absolutely low(AL) (0.05, 0.95, 0.95) 
Low(L) (0.20, 0.75, 0.80) 
Fairly low(FL) (0.35, 0.60, 0.65) 
Medium(M) (0.50, 0.50, 0.50) 
Fairly high(FH) (0.65, 0.40, 0.35) 
High(H) (0.80, 0.25, 0.20) 
Absolutely high(AH) (0.95, 0.10, 0.05) 


Symptoms s;(2 = 1, 2, ..., s) are evaluated with Gaussian SVN-numbers for each disease d;(j = 1, 2, ..., d), 
and symptoms-disease (SD) matrix is given as follows: 


M1 M2 +7 The 

No, No2 +++ Ned 
SD = Ce, 

Ms1 ThsQ °° Thsd 


Here nj, = GSV NN ((nt,,, 74); (Mijn, %), (MF,,,77)) denotes Gaussian SVN-value of symptom s; related 
to disease d; (k = 1,2,...,d). 
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Decision matrix (PD) is defined by using composition of matrices PS and SD as follows: 


ii 412 °** = Qid ™414 M12 +t) Mig M41 142 *+7° Mid 

G21 22 °°: 2d m2, ™Moq <+** Md. M91 1292 +++ Ned 
PD = = O 

Gp1 Ws2 °*** nd Mp1 Tyg +** Wns M51 ThsQ2 °° Thsd 


Here giz (i = 1, 2,...,p;k = 1, 2,..., d) is calculated by 
((ile, Ui, tp )GSVNN((ni,,, Ot), Ca ay. (Mf ie oF)))(x) ai 


(Ute, — uwzorr/ —2In(a), UpNt,, + ULV —2in(a)), 
De A 2 0) a a el A), 
(pe = UFO pV 2 a) en et oy lin ae), 


For the sake of shortness, ((ti, Uj, Up)GSV NN ((ne,,, 74); (Mijn, %), (MF,n577))) (x) will be denoted by ((a, @), (8, d), 
(c,@)). 


For obtained parametric forms of Gaussian SVN-numbers, score functions are defined as follows: 


—4-(a—b-—c)+(a—b-C) 


a= a (4.1) 


dik 


If max Sy, = 5,,, for 1 < t < k, then it is said that patient p; suffers from disease d;. In case max S, 


occurs for more than one value, for 1 < ¢ < k, then symptoms can be reassessed. 


tk 


Algorithm 1 
Input: The matrix PS (patient-symptom) obtained according to opinion of expert (decision maker) 
Output: Diagnosis of disease 


algorithmic 
1. Construct matrix PS according to opinions of experts by using Table 1. 
2. Construct matrix SD by using GSVNNs. 
3. Calculate decision matrix PD. 


4. Compute score values of elements of decision matrix PD. 


5. Find ¢ for which max 5,,, = 5S,,,forl<t<k 
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5 Hypothetical case study 


Neutrosophic Sets and Systems, Vol. 22, 2018 


In this section, a hypothetical case study is given to illustrate processing of the proposed method. 


There are three patients p1, p2,p3,p4 and ps who it is considered that they suffer from d,; =viral fever, 
dy =tuberculosis, d3 =typhoid, d, =throat disease or d; =malaria. In these diseases, common symptoms are 


Ss, =temperature, s2 =cough, s3 =throat pain, s4 =headache, s; =body pain. 
Step 1: In the results of observation made by an expert, suppose that matrix PS is as follows: 


S] S9 

p1 ( (0.95,0.10,0.05) (0.65, 0.40, 0.35) 

p2 | (0.35,0.60,0.65) (0.65, 0.40, 0.35) 

PS = p3| (0.65,0.40,0.35) (0.50, 0.50, 0.50) 
pa | (0.20,0.75,0.80) (0.80, 0.25, 0.20) 

ps \ (0.80, 0.25,0.20) (0.35, 0.65, 0.65) 


Step 2: Suppose that matrix SD is as follows: 


S] 


SQ 


SD =. 83 


S4 


S5 


Step 3: Elements of decision matrix PD = PS o SD are obtained as follows: 
For the sake of shortness, some annotations are adapted as follows: 
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dy 
((.30, .10), 
(.50, .01), 
(.20, .03)) 
((.65, .12), 


(.44, .06) 


dy 
((.25, .03), 
(.70, .02), 
(.50, .01)) 
((.25, .03), 
(.32, .02), 
(.60, .01)) 
((.50, .06), 
(.35, 02), 
(.32, .03)) 
((.25, .01), 
(.12, .09), 
(.44, .04)) 
((.33, .02), 
(.70, .08), 
(.60, .07)) 


53 


0.20, 0.75, 0.80 
0.50, 0.50, 0.50 
0.80, 0.25, 0.20 
0.95, 0.10, 0.05 
0.05, 0.10, 0.95 


((.75, .03), 
(.50, .11), 
(.25, .02)) 


decision making. 


( 
(0.95, 0.10, 0.05 
( 


(0.20, 0.75, 0.80) 

(0.80, 0.25, 0.20) 

(0.20, 0.75, 0.80) 

(0.35, 0.60, 0.65) 

(0.80, 0.25, 0.20) 

dy ds 

((.60,.03),  ((.71,.04), 
(.40,.18),  (.52, .05), 
20.1) (.45, .02)) 
((.60,.09),  ((.60, .05), 
(.80,.001),  (.30, .05), 
(.40,.13)) (20, .02)) 
((.45,.10),  ((.88, .02), 
(.90,.015),  (.60,.07), 
(.50,.18))  (.40, .02) 
((.65,.14),  ((.90, .06), 
(23.012), (30: .20), 
(.41,.20))  (.65,.01)) 
((.48,.12),  ((.28, .02), 
(.43,.02),  (.63, .20), 
(.41,.04))  (.50,.08)) 


0.80, 0.25, 0.20 


0.80, 0.25, 0.20 
0.20, 0.75, 0.80 
(0.20, 0.250.80) 
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© = ,/—2ln(a)) and y = ,/—2/In(1 — a)) 


iu ((0.285 — 0.0952, 0.285 + 0.0952), (0.050 — 0.001y, 0.050 


+ 0.001y), (0.010 — 0.002y, 0.010 + 0.002y)) + ((0.423 
— 0.0782, 0.423 + 0.0782), (0.192 — 0.008y, 0.192 
0.008y), (0.088 — 0.014y, 0.088 + 0.014y) ) 


((0.08 — 0.02, 0.08 + 0.02), (0.173 — 0.06y, 0.173 
0.06y), (0.40 — 0.008y, 0.40 + 0.008y) ) 

((0.18 — 0.072, 0.18 + 0.072), (0.323 — 0.038y, 0.323 
0.038y), (0.64 — 0.056y, 0.64 + 0.056y) ) 


((0.40 — 0.0722, 0.40 + 0.0722), (0.080 — 0.005y, 0.080 


+ + + + + + «+4 


0.005y), (0.088 — 0.012y, 0.088 + 0.012y) 


((1.368 — 0.3352, 1.368 + 0.3352), (0.817 — 0.112y, 


0.817 + 0.112y), (1.226 — 0.092y, 1.226 + 0.092y) 


By similar way, we have qj2 = ((0.814 — 0.078x, 0.814 + 0.0782), (0.726 — 0.113y, 0.726 + 0.113y), (0.963 — 
0.074y, 0.963 + 0.074y) ) 

713 = (1.438 — 0.300x, 1.488 + 0.300z), (0.931 — 0.308y, 0.931 + 0.308y), (0.690 — 0.053y, 0.690 + 0.053y) ) 
(4= (1.564 — 0.2312, 1.564 + 0.2312), (1.314 — 0.044y, 1.314 + 0.044y), (0.960 — 0.363y, 0.960 + 0.363y) ) 

fis = ((1.645 — 0.1032, 1.645 + 0.1032), (1.005 — 0.278y, 1.005 + 0.278y), (1.033 — 0.048y, 1.033 + 0.048y) ) 


21 = (1, 923 — 0.529x, 1.923 + 0.5292), (0.747 — 0.069y, 0.747 + 0.069y), (0.650 — 0, 056y, 0.650 + 0.056y) ) 
(22 = (1.014 — 0.0872, 1.014 + 0.0872), (0.823 — 0.061y, 0.823 + 0.061y), (0.813 — 0.037y, 0.813 + 0.037y) ) 
G23 = ((1.895 — 0.3827, 1.895 + 0.3822), (0.731 — 0.167y, 0.731 + 0.167y), (0.707 — 0.040y, 0.707 + 0.040y ) 
doa = (( 
das = (( 


ara a ) 
o4 = ( (1.801 — 0.3452, 1.801 + 0.3452), (1.111 — 0.121y, 1.111 + 0.121y), (0.623 — 0.243y, 0.623 + 0.243y) ) 
25 = a yi ) 


2.065 — 0.1242, 2.065 + 0.1242), (0.870 — 0.155y, 0.870 + 0.155), (0.718 — 0.036y, 0.718 + 0.036y ) 


(31 = (1, 420 — 0.3472, 1.429 + 0.3472), (0.900 — 0.077y, 0.900 + 0.077y), (1.023 — 0, 101y, 1.023 + 0.101y) ) 
(32 = ((1.002 ~ 0.1012, 1.002 + 0.1012), (0.793 — 0.111y, 0.793 + 0.111y), (1.011 — 0.061y, 1.011 + 0.061y) ) 
(33 = (1.543 ~ 0.3122, 1.543 + 0.3122), (0.870 — 0.244y, 0.870 + 0.244y), (0.531 — 0.044y, 0.531 + 0.044y) ) 
(34 = (1.564 — 0.2692, 1.564 + 0.269z), (1.065 — 0.090y, 1.065 + 0.090y), (0.780 — 0.304y, 0.780 + 0.304y) ) 
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(35 = (1.870 — 0.0952, 1.870 + 0.0952), (0.891 — 0.263y, 0.891 + 0.263y), (0.958 — 0.045y, 0.958 + 0.045y) ) 


Ga = (1.375 — 0.3522, 1.375 + 0.3522), (1.016 — 0.066y, 1.016 + 0.066y), (1.107 — 0, 126y, 1.107 + 0.126y) ) 
42 = ((0, 879 — 0.0952, 0.879 + 0.0952), (1.237 — 0.136y, 1.237 + 0.136y), (1.302 — 0.094y, 1.302 + 0.094y) ) 
G3 =(a 318 — 0.3072, 1.318 + 0.3072), (0.943 — 0.238y, 0.943 + 0.238y), (0.749 — 0.051y, 0.749 + 0.051y) ) 
ace 423 — 0.2642, 1.423 + 0.2642), (0.986 — 0.156y, 0.986 + 0.156y), (0.798 — 0.271y, 0.798 + 0.271y) ) 
a(t 829 — 0.092x, 1.829 + 0.0922), (1.178 — 0.327y, 1.178 + 0.327y), (1.243 — 0.092y, 1.243 + 0.092y) ) 


qa 


fo1 = (1, 308 — 0.4252, 1.308 + 0.4252), (0.648 — 0.041y, 0.648 + 0.041y), (1.190 — 0.104y, 1.190 + 0.104y) 


is = (0. 579 — 0.0502, 0.579 + 0.0502), (0.623 — 0.063y, 0.623 + 0.063y), (1.362 — 0.101y, 1.362 + 0.101y) ) 
os ((1, 063 — 0.3432, 1.063 + 0.3432), (0.719 — 0.133y, 0.719 + 0.133y), (0.975 — 0.065y, 0.975 + 0.065y) ) 
G54 = (1, 329 — 0.1972, 1.329 + 0.1972), (0.875 — 0.055y, 0.875 + 0.055y), (1.185 — 0.348y, 1.185 + 0.348y) ) 
iss = (1, 589 — 0.1032, 0.509 + 0.103), (0.618 — 0.152y, 0.618 + 0.152y), (1.130 — 0.102y, 1.130 + 0.102y) ) 


Step 4: By using Eq. (4.1), scores of elements of decision matrix PD are obtained as follows: 


dy dy d3 di ds 
pi [ 0.442 0.375 0.606 0.430 0.536 
po} 0.842 0.459 0.819 0.689 0.826 
SM = p3| 0.499 0.399 0.714 0.573 0.674 
pa) 0.417 0.113 0.542 0.546 0.470 
ps \ 0.490 0.198 0.456 0.423 0.617 


Step 5: According to score matrix SM, we say that patient 1 suffer from typhoid, patient 2 suffer from viral 
fever, patient 3 suffer from typhoid, patient 4 suffer from threat disease and patient 5 suffer from malaria. 


6 Conclusion 


In this paper, some new concepts and operations was defined such as GS VNNs, a—cuts of GSVNNs, paramet- 
ric forms of GSVNNs and arithmetic operations of GSVNNs. Also, based on operations between parametric 
forms of GSVNNs and composition of matrices, a decision making method was proposed and presented an 
application in medical diagnosis based on hypothetical data. In future, Cauchy single-valued neutrosophic 
numbers may be defined and its properties can be investigated. Also, this study can be extended for other 
distributions in mathematical statistics. Furthermore, decision making methods can be developed for proposed 
new SVNNs. 
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Abstract. VIseKriterijumska Optimizacija I Kompromisno Resenje (VIKOR) is a popular strategy for multi- attribute decision 
making (MADM). We extend the VIKOR strategy for MAGDM problems in trapezoidal neutrosophic number environment. In 
decision making situation, single-valued trapezoidal neutrosophic numbers are employed to express the attribute values. Then we 
develop an extended VIKOR strategy to deal with MAGDM in single-valued trapezoidal neutrosophic number environment. The 
influence of decision-making mechanism coefficient is presented. To illustrate and validate the proposed VIKOR strategy, an 


illustrative numerical example of MAGDM problem is solved in trapezoidal neutrosophic number environment. 


Keywords: Neutrosophic set, Trapezoidal neutrosophic fuzzy number, Multi-attribute decision making, VIKOR strategy.. 


1. Introduction: 


Smarandache [1] poineered the neutrosophic set based on neutrosophy in 1998. In 2010, Wang et al. [2] 
proposed single valued neutrosophic set (SVNS). SVNS has been successfully applied to solve decision making 
problems [3-31], image processing [32-35], conflict resolution [36], educational problem [37, 38], social 
problem [39, 40], etc. Broumi et al. [41] presented an overview neutrosophic sets. Recently, Peng and Dai [42] 
presented a bibliometric analysis of neutrosophic sets for last two decades. 

Single valued trapezoidal neutrosophic number (SVTrNN) [43] is an extension of SVNS. Every element of 
SVTrNN is a trapezoidal number with three membership degress namely, truth, indeterminacy and falsity 
membership degrees. Deli and Subhas [10] developed a ranking strategy of SVIrNNs. Biswas et al. [7] 
established value and ambiguity based ranking strategy for SVITrNN and employed the strategy to deal with 
MADM problem. Biswas et al. [44] developed TOPSIS strategy for MADM with trapezoidal neutrosophic 
numbers (TrNNs). Biswas et al. [45] presented distance measure based MADM strategy with interval trapezoidal 
neutrosophic numbers (ITrNNs). For simplicity, we call SVTrNN as TrNN. 

In 1998, Opricovic [46] first introduced the VIKOR strategy in the literature to deal with multi criteria group 
decision making (MCGDM) with conflicting objectives[47,48 ]. 

Using TOPSIS and VIKOR, Pouresmaeil et al.[49] proposed an MAGDM strategy in SVNS environment. 
Bausys and Zavadskas[50] proposed the VIKOR strategy in interval neutrosophic set (INS) environment. Huang 
et al.[51] developed a VIKOR strategy in INS environment. Liu and Zhang[52] studied VIKOR strategy in 
neutrosophic hesitant fuzzy set environment. In 2017, Hu et al.[53] developed a projection based VIKOR 
strategy for doctor selection problem in INS environment. In 2017, Selvakumari et al. [54] studied VIKOR 
strategy using octagonal neutrosophic soft matrix. Pramanik et al. [55] developed a VIKOR based MAGDM 
strategy in bipolar neutrosophic set environment. In 2018, Pramanik et al. [56] introduced a VIKOR strategy for 
MAGDM in neutrosophic cubic set environment. Dalapati and Pramanik [57] further revisited VIKOR based 
MAGDM strategy [56] to make it more comprehensive. 


VIKOR strategy in trapezoidal neutrosophic number (TrNN) environment is not studied in the literature. 

To fill up this research gap, we propose a VIKOR strategy to deal with MAGDM problems in TrNN 
environment. Also, we solve an MAGDM problem based on VIKOR strategy in trapezoidal neutrosophic 
number. 


The rest of the paper is develpoed as follows. In section 2, we briefly describe definitions of trapezoidal fuzzy 
number, TrNN, trapezoidal neutrosophic weighted arithmetic averaging (TrNWAA) operator, Hamming distance 
between two TrNNs. In section 3, we briefly describe extended VIKOR strategy. Thereafter in section 4, we 
present a VIKOR strategy in TrNN environment. In section 5, we solve an MAGDM problem using the proposed 
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VIKOR strategy. In section 6, we present the sensitivity analysis. We represent conclusion and scope of future 
research in section 7. 


2. Preliminaries 
We present some fundamental definitions of fuzzy sets, neutrosophic set, SVNS, and TrNN. 


Definition 2.1 [58] Let Y beauniversal set. Then, a fuzzy set F is presented as: 

F ={<j,vp(Q):pEY >} (1) 
where V,,() is the degree of membership which maps Y to [0,1] or we can express by v.:¥ [0,1]. 
Definition 2.2[1|Let Y bean universal set . A neutrosophic set N can be presented of the form: 

N= (22270): 1, OF Oe ver} (2) 
where the functions 7,/,F:Y —] 0,1°[ define repectively the degree of truth membership, the degree of 
indeterminacy, and the degree of non-membership or falsity of the component j € Y and satisfy the condition, 
“0S 7T,O) FE, OF OVS (3) 
Definition 2.3 [2] Let Y bea universal set. An SVNS N in Y is described by 

N = {< y:T,(0),1y (0), Fy (9) > €¥} 

where 7. (3): ¥ > [0,1] , 1,07): ¥ > [0,1] and F, (3): ¥ — [0,1] with the condition 0 <7 (¥)+F,(5)+1,(0) <3 for 
all ye Y .The functions T,(y),1,(¥) and F.(y) are respectively, the truth membership function, the 
indeterminacy membership function and the falsity membership function of the element y to the set N. 
Definition 2.4[59] A generalized trapezoidal fuzzy number T denoted by T = (b, ,b,,b, ,b,3v) is described as a 
fuzzy subset of the real number R with membership function K which is defined by 


(x- b, )v 

(b, -b,) 
V, b, SxS b, 
(b, —x)v 
(b, —b;) 
0, otherwise (4) 


bb: 


,b,< x <b, 


where b, ; b, ,b, ,b, are real number satisfying b, < b, < b, < b, and v is the membership degree. 


Definition 2.5[43, 44] Let x be a TrNN. Then, its truth membership, indeterminacy membership, and falsity 
membership functions are presented respectively as: 
—b)t 
Be Benen 
(5, _ b;) 
tabs 2 =D, 
b, —z)t 
(y= 2M ps <z<b! 
(d, b;) 
0, otherwise 


(b, sO ae eet 1) ,b z dN 
(b—a) 


2 
LO SoD, 
[(z)= Tr 
BD DH Z)L. ot, 
SS BD ED, 
b=), 


0, otherwise 


F(Z) = 


(5) 


(6) 
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i il Woe b ore Aes z<b! 
bi = b! 2 
fbi <z<b! 


EF (z) a 
BOs OSEAN Bh pep, 
b, —b, 
0, otherwise (7) 


Here 0<T(z)<1,0<1(z)<1 and O<F(z)<1 and 0<T(z)+1 (2+ F(z) <3:5,,5,,b,,b,¢R. Then 
= ([b/,b,,6,,b,]:t,,i,, f.) 1s called a TrNN. 


Definition 2.6 [43] Let m, =< (b,,,,,5,,,5,,)3T,, 1, >@ = 1, 2, ..... m') be a group of TrNNs, then a 


trapezoidal neutrosophic weighted arithmetic sents (TrNWAA) operator is defined as follows: 


’ 


nN 
TrNWAA(m),m),...,.m,) = ») w}m; (8) 
i=l 


where, W, is the weight of m,(i = 1, 2, ..., n) such that w,>0 and > w, =1.Specially, when w, =1/n' for 
i=l 

i=1,2,..., n' the TrNWAA operator transform into the trapezoidal neutrosophic arithmetic averaging (TrNAA) 
operator. 
Definition 2.7[44] Let m= ((21.% 4.51 ]5tiy stm >Sm) and m, = ([Po+4o0% 59 Mibu, im, Sm, ) be any two 
TrNNs. The normalized pee distance between m, and m, is defined as: 

t { |B(2 +t, — ip, — Sy) — Bo(2 +b, — ing — Sn, | + |G (2 + by, — ty — Sin) — Sa (2 tn, in, — Fg) 
12 heen - f,,)-8.2+#,, -4,, _ fe s(2 +1, -i,, -— fy, (244, =f 
2.8. Standardize the eaaan matrix[44] 


Let D=(6,),,,, be a neutrosophic matrix, where 5, = ((b.,b¢ Bb b, |;t ty, ot, : Si, ) is the rating value of the 


hace) Aaa | 








d(m,,m,) = (9) 








pxn 
alternative X, with respect to attribute y,. To remove the effect of several physical dimensions, we standardize 


the decision matrix (6,,) ,.,, for benefit type and cost type attributes. 


pxn 
We denote the standardized decision matrix by D™ = (Si 


1. For benefit type attribute 


bi be bb 
b, gear =| ty oly, Sy, ) (10) 


; a a See | 


2.For cost type attribute: 


VY. Ve. Vs 


>. ); tot oS, ) (11) 


b= + 
peggy 


= 


Here v; = max {b; i=1, 2,...,p'} and v= min {b, 1,2, 24) Vor y= 1, 2-664 0 


Hence, we obtain standardized matrix D as: 


b, b, Ds, 
GA Sy Sty S11! 
* 
D = (5,5) sent = A, S85, Syn vee Sy! (12) 
Bs Boe. ee Sos 


3.VIKOR Strategy for MADM 


Assume that B,,B,,...,B, are the s alternatives. For the alternative B,, assume that the rating of the /’ th 
criterion is h,, , 1.e. hy, is the value of j’ th criterion for the alternative B, ; the number of criteria is assumed to 


be r. Development of the extended VIKOR strategy is started with the following form of Lp - metric: 
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Ly = (LH hy) beh PY LS gS 2057" =1,2,.058 (13) 


To formulate ranking measure, L,, (as S, ) and L,, » (as R,) are employed. The solution obtained by 


min S, reflects a maximum group utility (‘‘majority” rule), and the solution obtained by min &, reflects a 


minimum individual regret of the ‘‘opponent”’. 
VIKOR stratgey is presented using the following steps: 
(a) Evaluate the best h; and the worst hy values of all criteria 7 SD ait 


h,, =maxh,,,h,, =minh,, ,for benefit criterion, (14) 
i! i! 


+ _ ° =. = ° ° 
h,, = min hy, dy = max h,,, for cost criterion (15) 


(a) Calculate the values F, andG,; i’ = 1, 2,..., m', by these relations: 
ud w,(h;.—h,,) 


LO ae (16) 
j=l (hj.—A;,) 
w,.(h’.—h.., 
G, = max eee (17) 
: (hj hj) 


where Ww, (j' =1, 2, ..., 5) represent the weights of criteria. 
(b) Evaluate the value K, ; i'= 1, 2, ..., s, using following relation: 
_VE-F*) WGC") 
(F- F*) (G -G") 
where 
a min FF = max F; 


(18) 


G’ =minG,,G =maxG, 
Here, v indicates the weight of the technique of ‘‘the majority of criteria” (or “‘the maximum group utility”) 
. Here we set v= 0.5. 
(c) Sorting by the values F, G and K in decreasing order, we rank the alternatives. 
(d) Propose the alternative B' as a compromise solution that is ranked the best by the measure K (minimal) sub- 
ject to the conditions Al and A2: 
Al. Acceptable advantage: 


K(B*)—K(B!) > DK 
where B’ is second alternative in the ranking list by K; DK= 1/(s-1); s = the number of alternatives. 
A2. Acceptable stability in decision making: 


Using F or/and G, we must have alternative B’ as the best ranked. We say the compromise solution as_ stable 
subject to 
1. ‘‘voting by majority rule” (when v > 0.5 is needed), 
ll. or ‘‘by consensus” v * 0.5, 
i. or ‘‘with veto” (v < 0.5). 
v refelcts the weight of the decision making strategy of ‘‘the majority of criteria” (or “‘the maximum group 
utility’). 


=  B' and B* are compromise solutions if A2 is not satisfied, Or 
= B',B’,....,B” are compromise solutions if A] is not satisfied. 


Evaluate K(B? )—K(B') >DK to determine B™ for maxium M (the positions of these alternatives are 
‘*in closeness’). 


The minimal value of K determines the best alternative. 
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4.VIKOR strategy for solving MAGDM problem in TrNN environment: 


Consider an MADGM problem consisitng of r alternatives and t attributes. The alternatives and attributes are 
presented by a’ ={a@j,a@),..,a@,}and f= {f, f,....8} respectively. Assume that tT = {t,,T,...,7,}1s the set of 


t 
weights of the attributes, where 7, 2 Oand >t =1. Assume that B = {B,,B5,...,Be} be the set of K decision 


i=l 
K 
makers and 0 = {0,,0,,...,0,} be the set of weights of the decision makers, where o, 20 and > 6} =1. The 
i'=1 


rating values offfered by the experts are presented in terms of Trnn 
The MAGDM strategy is described as follows: 


Step-1: Let D = (py ) (N' = 1, 2, ..., 8) be the N’-th decision matrix where @,, is alternative with respect to 


attribute 8! . The N’ -th decision matrix denoted by D* ‘is presented as: 


/ / 
Bo Pf: ae ££ 
’ N’ N’ NI 
a Py Po - Pr 
M_|o N’ N’ N’ 
DY =2, Py Py Dy (19) 

’ N' N' N' 

Qa. Py P,2 aoe Pru 


/ 


where N’ = 1, 2,.....,8; 7 =1,2,...,1; 7’ =1,2,..., t. 


Step-2: To standardize the benefit criterion, we use the equation (10) and for cost criterion, we use (11). After 
standardizing, the decision matrix reduces to 


/ s 

1 2 ote B, 
’ *N' *N" *N" 

a Py P12 we Dy 
M_|o *N" *N' NN" 

D™ =@ 4 Py Pop ++ Py 
’ *N" *N! *N" 

Qa. Py P,2 pans Put 


NPS gD bie SEE Sete Te Ps Denes ba 


Step-3:To obtain aggregate decision matrix, we use trapezoidal neutrosophic weighted arithmetic 
operator(TrNWAA) which is presented below: 


12 0M 
pjj = TYNWAA (jj, Pij.---» Pij_) 














ae q 
= 2 OgPjj (20) 
q=l 
Therefore, we obtain the aggregated decision matrix as: 
B By B; 
fe By Ba B, 
D = 5 Py By By 
a, Py P.» Prt 
Step -4: Define the positive ideal solution (PIS) S* and negative ideal solution (NIS) S™ 
S* = ((by Bb; by bf 302 ,i;, f )=((by bs. bf bf ];max ¢,,mini,,min f;) (21) 
SSG 00.040, ik, D0 ods, 00, pmax gminy min 7,) (22) 
Step 5:Compute 
= y m MAO sD. DO, ded, Js Og OiseD aD st shes 3) (23) 





AUG 30, 50, 2D, 1 if, (030, LE) 


lI 
a 


J 
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Z ne ee ee eee (24) 
i a OB 300. iT, NO yO 2, Vital, af) 


where T,, is the weight of f’ . 








Using equation (9), we obtain 
d(([by by bs, b; |; Ae tp ), (eee ee ]3¢ nj? bes) 


| bi (2+t! -i; — f-)-b,(2+t, -i, —f,,)|+|bi (2+6 -i; — f-)-b,,(2 +4, -i, -f,) 
12 sd boeed tices toed We des hid ae 


























and 
AB bd, 2B, let si (0: Bad; x ao) 


| bi (2+t) -i, —f-)-b (2+6 -i - ff ))|+ b3(2+t; -i, -f-)-b (2+t; - — f;)) 
es bi (Q+t; -i; - f,)-b, (248, -i; - ff) 








bs (2+; -i; - fp) -8; (2+; -if - ff ))|+ 








Step 6: Compute the © by the following formula: 


T oe (as Z = 7. 
0, = Ye) 4 gy) En Xn) (25) 
Q, -0,,) (2, —2n) 
where [” =minI’, ,[> =maxT, (26) 
Z" =minZ, , Z, =maxZ, (27) 


Here, ‘¥ denotes “decision-making mechanism coefficient’. 

1.© is the minimal if Y <0.5 

1. © is the “maximum group utility” if Y¥ > 0.5, 

111.© 1s both the minimal and the “maximum group utility” if ¥Y =0.5. 
Step-7: Ranking the alternative byT,,,,Z,,,and0,, 


Step-8: Determine the compromise solution 


Obtain alternative a’! as a compromise solution, that is ranked as the best by the measure a’ (minimal) if the Al 
and A2 are satisfied: 
Al. Acceptable stability: 


@(a’*)- O(a") > — (28) 


where o.”!, «’” are the alternatives with Ist and 2nd positions in the ranking by ©; r= the number of alternatives. 


A2. Acceptable stability in decision making: 
Alternative «’’ must also be the best ranked byI or/and Z. This compromise solution is stable within whole 
decision making process. 

o 6a and a’ are compromise solutions if A2 is not satisfied, or 


O 66 are compromise solutions if Al is not satisfied and a” is decided by 


: ’ ’ : 
constraint O(a é )-O(a = < Pate) for maximum r. 
T — 


The minimal value of © determines the best alternative. 
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Figure 1. VIKOR based MAGDM strategy in trapezoidal neutrosophic number environment 


5. Numerical example 
To illustrate the developed VIKOR strategy, we consider an MAGDM problem adapted from [57]. The 
considered MAGDM problem is described as follows: 
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An investment company constitutes a decision making board with three experts to invest certain amount of 
money in the best alternative. The experts evaluate the four alternatives and three attributes which are described 
below : 
Alteranatives: 

1. Car company( a; ) 


2. Food company(a@; ) 
3. Computer company( aq, ) 
4. Arms company( a, ) 
Attributes: 
1. Risk factor( ZY ) 
2. Growth factor( Z ) 
3. Environment impact( £; ) 
Suppose, 7 = (0.30, 0.42, 0.28) be the set of weigts of the decision makers and o = (0.33,0.39.0.28) be the set of 


weights of the attributes. 
Step-1: In this step,we construct the decision matrix in TrNNs form 


Decision matrix D’ 
B B; B, 
< (0.5,0.6,0.7,0.8);0.1,0.4,0.7> <(0.1,0.1,0.2,0.3);0.6,0.7,0.5> <(0.1,0.2,0.2,0.3);0.7,0.2,0.4 > 
< (0.3, 0.4,0.5,0.5);0.4,0.5,0.2> <(0.1,0.2,0.2,0.4);0.1,0.4,0.3> <(0.1,0.1,0.2,0.3);0.5,0.3,0.5 > (29) 
< (0.3, 0.3,0.30.3);0.1,0.2,0.3> <(0.2,0.3,0.4,0.4);0.8,0.2,0.5> <(0.6,0.7,0.8,0.9);0.4,0.3,0.1 > 
< (0.7,0.8,0.8,0.9);0.3,0.3,0.2> <(0.1,0.2,0.3,0.3);0.6,0.5,0.2> <(0.2,0.2,0.2,0.2);0.5,0.2,0.2 > 


a, 
i 
Decision matrix D? 
Bi B; B, 

< (0.1,0.1,0.2,0.3);0.2,0.5,0.1> <(0.2,0.2,0.3,0.4);0.2,0.5,0.1> <(0.4,0.5,0.6,0.7);0.5,0.7,0.2 > 

< (0.2,0.3,0.4,0.5);0.3,0.3,0.2> <(0.1,0.1,0.2,0.3);0.3,0.3,0.4> <(0.2,0.2,0.3,0.3);0.4,0.5,0.2 > (30) 
< (0.1,0.2,0.2,0.3);0.2,0.5,0.6> <(0.2,0.3,0.3,0.4);0.2,0.2,0.1> <(0.4,0.5,0.6,0.6);0.8,0.1,0.1 > 

< (0.5,0.6,0.7,0.7);0.5,0.2,0.1> <(0.2,0.2,0.2,0.2);0.3,0.4,0.5> <(0.1,0.1,0.2,0.2);0.3,0.7,0.4 > 


: 
a, 

i 
Decision matrix D” 

B, B, B; 

< (0.3,0.4,0.4,0.5);0.5,0.1,0.1> <(0.1,0.2,0.2,0.3);0.5,0.1,0.1>  <(0.2,0.2,0.3,0.4);0.6,0.2,0.1 > 
< (0.2,0.2,0.2,0.2);0.3,0.2,0.7> <(0.1,0.1,0.1,0.1);0.4,0.4,0.1>  <(0.6,0.7,0.8,0.8);0.4,0.1,0.1 > (31) 
< (0.2,0.3, 0.4, 0.5);0.4,0.5,0.3> <(0.2,0.3,0.3,0.4);0.5,0.4,0.3> <(0.3,0.4,0.4,0.5);0.5,0.2,0.3) > 

' << (0.3,0.4,0.4,0.5);0.5,0.2,0.1> <(0.1,0.2,0.2,0.3);0.5,0.1,0.1> <(0.1,0.2,0.3,0.4);0.2, 0.2, 0.5) > 
Step-2: We do not need to standardize the defining matrix as all the criteria are profit type. 
Step-3:Using TrNWAA operator of equation (20),we get aggregate decision matrix of (29), (30), and (31) 
which is presented below: 


N ~ FNS 


a 


~ Wwe 


B Bi, Bi, 
<(0.276,0.334, 0.406, 0.506); 0.273, 0.298,0.179> <(0.142,0.17,0.242, 0.342); .431,0.352,0.162> <(0.254,0.326,0.396, 0.496); 0.633,0.294, 0.203 > 


1 

5 <(0.23,0.302,0.374,0.416);0.332,0.312,0.284>  <(0.1,0.13,0.172,0.274);0.277,0.354,0.249>  <(0.282,0.31,0.41,0.44); 0.564, 0.242, 0.217 > 
a, <(0.188,0.258,0.286,0.356);0.235,0.380,0.401>  <(0.2,0.3,0.33,0.372);0.537,0.242,0.162>  <(0.432,0.532,0.604,0.662); 0.640, 0.169, 0.136 > 
a, <(0.504,0.604, 0.646,0.704);0.447,0.226,0.123> <(0.142,0.2,0.23,0.258);0.461,0.290,0.242>  <(0.13,0.158,0.228,0.256);0.343,0.338, 0.346 > 


step-4:Here we define positive ideal soluton and negative solution by employing equations (21) and (22) 
The positive ideal solution R* is presented as: 
B; B, B; 
< (0.504, 0.604, 0.646, 0.704);0.447,0.226,0.123> <(0.2,0.3,0.33,0.372);0.537,0.242,0.162> <(0.432,0.532, 0.604, 0.662);0.640,0.169,0.136 > 
The negative ideal solution R™ is presented as: 
Bi B, B; 


< (0.188, 0.258,0.286,0.356);0.235,0.380,0.401> <(0.1,0.13,0.172,0.274);0.277,0.354,0.249 > < (0.13,0.158,0.228,0.256);0.343,0.338,0.346 > 


Step-5:Using equations (23) and (24), we computeI’,, and Z,, which are presented as: 
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0.33 x 0.202 0.39 x 0.070 0.28 x 0.172 
+ +| ——————— |= 0.601, 
0.294 0.121 0.327 
0.33 x 0.238 0.39.x 0119 0.28x0.181 
+| ——————_ | = 0.805, 
0.294 i ae 0.327 
0.33 x 0.298 0.39x0 0.28 x0 
= 0.334, 
0.294 0.121 0.327 
0.33x0 0.39 x 0.080 0.28 x 0.284 
: ET ese ceancnce  gfAceahcade ol 6 
0.294 0.121 0.327 
Here we use Hamming distance to measure the distantance between two TrNN . 
And 


0.33x 0.202) (0.39x0.070) (0.28x0.172 
Z, =max 4 | —————"—* | 4. | 9 097, 
0.294 0.121 0.327 
0.33x 0.238) (0.39x0.119)\ (0.280.181 
Z, = max 4) —————" J 4.) Sf | St = 09.383, 
0.294 0.121 0.327 
0.33x 0.298) (0.39x0) (0.28x0 
Z, = max 4} ————>— |+ + = 0,334, 
0.294 0.121 0.327 


0.33x0) (0.39x0.080) (0.28x0.284 
Z, = max +) ee] RE | = 0.258. 
0.294 0.121 0.327 


Step-6:Using (25),(26), and (27) we calculate ©, 
©, = 0.283,0, =1,0, =0.342,0, = 0.274 

Step -7:The ranking order of alternatives is 

@, <0, <0, <®, 


Table 1. Preference ranking order and compromise solution based on I’, Z and © 


Ranking Compromise 
solution 
— - ~ _ a 














~ ~ ~ - —_— — 
0.342 0.274 a, <Q, <Q, <a, 
@(Y = 0.5) 


Step 8: Determine the compromise solution 


If we rank © in decreasing order, the best position alternative is @, with © (a@,) =0.274, and the 2nd best 
position a" with © (a" )=0.283. Therefore, © (a; )- © (a, )=O.008<0.33(since r = 4;1/(r-1)=0.33) , which 


l 
does not satisfy the condition 1(@ (a )- © (a")2 a ). 


Here @ ? is ranked best by I” and Z and satisfies the condition 2. 
So, the compromise solution as follows: 


O (aj )- © ( A, )=0.008<0.33, 


O (a; )- © (A, )=0.726>0.33, 
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O ( a} )-O (a, )=0.05<0.33, 
Therefore, a@|,@; and aj, are compromise solutions. 


6.1 The impact of parameter 


Table 2 demonstrates how the different values of ‘¥ impact the ranking order of the alternatives @... 


Table 2. For different values of V , ranking the value of a, (i =1,2,3,4). 


—— 


a; =0.057, a, =1, a, =0.615 , a, =0.209 A, <0,<A,< a, 
a; =0.113 , a) =1, a, =0.547, a), =0.225 A, <0, <A;,< a, 
a; =0.170 , a, =1, a, =0.479, a, =0.241 A, <0,<A,< a, 


a; =0.227 , a, =1, a, =0.410, a, =0.257 A, <0,<A,< a, 


a’ =0.340, a =1, a =0.274, a =0.290 a<a<al<a, 


a! =0.370, a =1, a! =0.205, a =0.306 a<ai<a‘<a, 


a’ =0.454, a =1, a =0.137, a =0.399 


a’ =0.510, a=, a =0.068 , a! =0.338 a<ai<al<a, 


a! =0.282 , a =1, a =0.342, a! =0.274 ai<ai<ai<a 





7. Conclusions 


Extended VIKOR strategy for MAGDM in trapezoidal neutrosophic number environment is presented in the 
paper. TrNWAA operator and Hamming distance are employed to develop the VIKOR strategy for MAGDM. 
Finally, an MAGDM problem is solved to demonstrate the proposed VIKOR strategy. Here, a sensitivity 
analysis is performed to demonstrate the impact of different values of the “decision making mechanism 
coefficient’’ on ranking system. The proposed extended VIKOR strategy for MAGDM problems can be used to 
deal with decision making problems such as brick selection [60, 61], logistics center selection [62], teacher 
selection [63], weaver selection [64], etc. 
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Abstract: In this paper, we first introduce single valued trapezoidal neutrosophic (SVTN) numbers with their proper- 
ties. We then define some operations and distances of the SVT'N-numbers. Based on these new operations, we also 
define some aggregation operators, including SVTN-ordered weighted geometric operator, SVTN-hybrid geometric 
operator, SVTN-ordered weighted arithmetic operator and SVTN-hybrid arithmetic operator. We then examine the 
properties of these SVTN-information aggregation operators. By using the SVTN-weighted geometric operator and 
SVTN-hybrid geometric operator, we also define a multi attribute group decision making method, called SVTN-group 
decision making method. We finally give an illustrative example and comparative analysis to verify the developed 
method and to demonstrate its practicality and effectiveness. 


Keywords: Single valued neutrosophic sets, neutrosophic numbers, trapezoidal neutrosophic numbers, SVTN- 
numbers, SVTN-group decision making. 


1 Introduction 


In real decision making, there usually are many multiple attribute group decision making (MAGDM) prob- 
lems. Due to the ambiguity of people’s thinking and the complexity of objective things, the attribute val- 
ues of the MAGDM problems cannot always be expressed by exact and crisp values and it may be easier 
to describe them by neutrosophic information. Zadeh [77] initiated fuzzy set theory. It is one of the most 
effective tools for processing fuzzy information which has only one membership, and is unable to express 
non-membership. Therefore, Atanassov [3] presented the intuitionistic fuzzy sets by adding a nonmembership 
function. Also, Atanassov and Gargov [4] proposed the interval-valued intuitionistic fuzzy set by extending 
the membership function and nonmembership function to the interval numbers. These sets can only han- 
dle incomplete information, not the indeterminate information and inconsistent information. For this reason, 
Smarandache [53, 54, 55] introduced a new concept that is called neutrosophic set by adding an independent 
indeterminacy-membership on the basis of intuitionistic fuzzy sets from philosophical point of view, which 
is a generalization of the concepts of classical sets, probability sets, rough sets [43], fuzzy sets [77, 23], 
intuitionistic fuzzy sets [3], paraconsistent sets, dialetheist sets, paradoxist sets and tautological sets. In 
theory of neutrosophic sets, truth-membership, indeterminacy-membership and falsity-membership are rep- 
resented independently. Also, Wang et al. [62] proposed the interval neutrosophic sets by extending the 
truth-membership, indeterminacy-membership, and falsity-membership functions to interval numbers. After 
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Smarandache, Broumi et al. [5, 6, 7], Biswas et al.[8, 9, 10, 11, 12, 13, 14, 15], Kahraman and Otay [32], 
Mondal et al. [35, 36, 37, 38, 39, 40] and Pramanik et al. [44, 45, 46, 47] studied on some decision making 
problems based on neutrosophic information. Recently, fuzzy and neutrosophic models have been studied by 
many authors, such as [1, 2, 19, 20, 28, 29, 30, 48, 49, 50, 52, 57, 58, 62, 63, 80, 81, 82, 83]. 


Gani et al. [27] presented a method called weighted average rating method for solving group decision 
making problem by using an intuitionistic trapezoidal fuzzy hybrid aggregation operator. Wan et al. [65] in- 
vestigated MAGDM problems, in which the ratings of alternatives are expressed with triangular intuitionistic 
fuzzy numbers. Wei [66, 67], introduced some new group decision making methods by developing aggre- 
gation operators with intuitionistic fuzzy information. Xu and Yager [60], presented some new geometric 
aggregation operators, such as intuitionistic fuzzy weighted geometric operator, intuitionistic fuzzy ordered 
weighted geometric operator, and intuitionistic fuzzy hybrid geometric operator. Wu and Cao [68] developed 
some geometric aggregation operators with intuitionistic trapezoidal fuzzy numbers and examined their de- 
sired properties. Power average operator of real numbers is extended to four kinds of power average operators 
of trapezoidal intuitionistic fuzzy numbers by Wan [64]. Farhadinia and Ban [25] initiated a novel method to 
extend a similarity measure of generalized trapezoidal fuzzy numbers to similarity measures of generalized 
trapezoidal intuitionistic fuzzy numbers and generalized interval-valued trapezoidal fuzzy numbers. Ye [71] 
proposed an extended technique for order preference by similarity to ideal solution method for group deci- 
sion making with interval-valued intuitionistic fuzzy numbers to solve the partner selection problem under 
incomplete and uncertain information environment. Recently, some intuitionistic models with intuitionistic 
values have been studied by many authors. For example, on intuitionistic fuzzy sets [26, 59, 76], on interval- 
valued intuitionistic fuzzy sets [16, 26], interval-valued intuitionistic trapezoidal fuzzy numbers [26, 69], on 
triangular intuitionistic fuzzy number [17, 24, 26, 33, 34, 61, 78], on trapezoidal intuitionistic fuzzy numbers 
[18, 26, 31, 34, 41, 42, 51, 72, 75, 79], on generalized trapezoidal fuzzy numbers, on generalized trapezoidal 
intuitionistic fuzzy numbers and generalized interval-valued trapezoidal fuzzy numbers [25]. 


A neutrosophic set can handle a incomplete, indeterminate and inconsistent information from philosophical 
point of view. Ye [74] and  Subas, [56] introduced single valued neutrosophic numbers, which is a 
generaliza-tion of fuzzy numbers and intuitionistic fuzzy numbers. The neutrosophic numbers are special 
single valued neutrosophic sets on the real number sets, which are useful to deal with ill-known quantities in 
decision data and decision making problems themselves. Then, Ye [73] and Deli and ,Subas, [21, 22] 
developed new methods on single valued neutrosophic numbers based on multi-criteria decision making 
problem. But, multi-criteria group decision making problem has not yet been studied. 


The paper is organized as follows. In the next section, we give some basic definitions and properties of 
single valued trapezoidal neutrosophic (SVTN) numbers. In Section 3, some operations for SWTN-numbers 
and distance between two SVTN-number are presented. In Section 4, we introduce some new geometric ag- 
gregation operators, including SVTN-ordered weighted geometric operator, SVTN-hybrid geometric operator, 
SVTN-ordered weighted arithmetic operator and SVTN-hybrid arithmetic operator. In Section 5, we develope 
a group decision making method, so called SVTN-group decision making method to solve MAGDM problems 
based on the SVTN-weighted geometric operator and the SVT'N-hybrid geometric operators. We then present 
an illustrative example to verify the developed method and to demonstrate its practicality. In Section 6 we give 
a comparative analysis. In Section 7, we conclude the paper and give some remarks. 
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2 Preliminary 


In this section, some basic concepts and definitions on fuzzy sets, intuitionistic fuzzy sets, neutrosophic sets, 
single valued neutrosophic sets and single valued neutrosophic numbers are given. 


Definition 2.1. [77] Let E be a universe. Then, a fuzzy set X over F is defined by 
X = {(ux(x)/x) > 4 € BS 


where jx : E —> [0.1] is called membership function of X. For each x € E, the value x(x) represents the 
degree of x belonging to the fuzzy set X. 


Definition 2.2. [3] Let £ be a universe. Then, an intuitionistic fuzzy set kK over F is defined by 
K={< 2, pux(r),yxK(x2) >: « € E} 


where fix : F — |0,1) and yx : EF — [0,1] such that 0 < we(x)+ x(x) < 1 forany x € E. Foreachz € E, 
the values x(x) and yx (a) are the degree of membership and degree of non-membership of «, respectively. 


Definition 2.3. [54] Let £ be a universe. Then, a neutrosophic set A over EF is defined by 
A= oe, (Tie), cde), Ag) Seae &}. 


where 7'4(), [4(x) and F'4(2) are called truth-membership function, indeterminacy-membership function and 
falsity-membership function, respectively. They are respectively defined by T, : E >]-0,17|, I, : E> 
}-0,17[, Fa: & 3]~0,17] such that O07 < Ty(r) 4+ Ta(x) + Fa(x) < 37. 


Definition 2.4. [63] Let & be a universe. Then, a single valued neutrosophic set over E is a neutrosophic 
set over /, but the truth-membership function, indeterminacy-membership function and falsity-membership 
function are respectively defined by 


T,: FE — (0, 1], I,: E > (0, 1], Fy: E > [0,1] 
such that 0 < T(x) + I4(x) + Fa(x) <8. 


Definition 2.5. [22, 56] A single valued trapezoidal neutrosophic number @ = ((aj, 01, C1, di); Wa, Ua, Ya) IS a 
special neutrosophic set on the real number set A, whose truth-membership, indeterminacy-membership, and 
a falsity-membership are given as follows: 


(2 — ay)we/(by — a1), (a, <x < by) 


= ( )= Wa; (b, <x <c)) 
Baie) = (d, — ©) we / (dy = C1), (cy aS dj) 
0, otherwise, 


(by = ae Ua (x = ayz))/(b4 — a1), (ay a x b;) 


vz (x) _ Ua; (by 2.5 C1) 
awy — V (a — e€1 + ua(dy — x))/(dy —c1), (cy < @ < dy) 
1, otherwise 
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and 
(by = 2. Yea = ayz))/(b4 = a1), (ay —o. b;) 
a (x) _ Ya; (by o> C1) 
: (x — cy + ya(di — x))/(dy —c}), (cy <a) 
1, otherwise 
respectively. 


Sometimes, we use the a; = (aj, b;, Cj, d;); Wj, Ui; Yi)s instead of A; = (aj, b;, Cj, C;); Wa, , Ua; > Ya; ) 


Note that the single valued trapezoidal neutrosophic number is abbreviated as SVTN-number and the set 
of all SVT'N-numbers on Rf will be denoted by 2. 


3 Operations and Distances of SVI'N-Numbers 


In this section, we give operations and distances of SVT'N-numbers and investigate their related properties. 


Definition 3.1. [73] Let @ = ((ay, by, cy, di); wa, Ua, ya), 6 = (do, ba, Co, da): w;, Uz, yz) € Qand y > 0 be any 
real number. Then, 


1. @@b= ((ay + ay, by + do, C1 + Ca, dy + de); wa + Wi — WaWZ, UaUs, YaY;) 


2. 4 @ b= ((ayaz, bybe, c1C2, didz); waw;, Ua + UZ — UaUR, Ya + YE — Yas) 
oF ya = ((ya1, yb1, yC1, yd1); Le (1 _ wa)”, ale, Yo) 
4. @ = ((al,b1,c],d{);w),1 = (1 ug), 1 = (1 —94)") 


Theorem 3.2. Let a = ((a1, 61, C1, d); Wi, U1, Y1); b= ((dg, be, C2, d1); We, U2, yo) € Q. Then, adb,a@b, va 
and a” are also SVIT'N-numbers. 


Proof: It is easy from Definition 3.1. 


Theorem 3.3. Let a = (a1, by, C1, dy); Wy, U1, Yi), b _ (da, bo, C2, dz); W2, U2, Yo), C= ((a3, bs, C3; ds); W3, U3, y3) cs 
Q and y, ¥1, Y2 be positif real numbers. Then, the followings are valid. 


1. a@b=b oa 
2. 4@b=b@4 
. (4@ b) @ &=4 (bQA 
. (40 b) GB &=40 (LOA) 


3 
4 
5. 4@ (b@2)=(4 @ b) O (4 BB) 
6. (4@ b)1=b7 @ a? 

7 


“V1 2 AI2— a(MN1+72) nr hy2 sw re — h(1+72) 
al @Qa a or ®&) 


Proof: It is easy from Definition 3.1. 
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Definition 3.4. Let a = ((ay, b1, Crs dy); W 1, U1, Y1), b = ((da, bo, Co, dy); W2, U2, Yr) E 9). Then, the distance 
between @ and b is defined by 
dp (a,b) = -({( + Ww, — Uy — Yr)ay — (1 + We — U2 — Y2)ae|+ 
}(1 + wy — uy — yr )by — (1 + we — U2 — Yyo)ba|+ 
ati Sa = ier =i a = Ws) -- 
(1+ wi — uy — yr)dy — (1 + we — uz — y2)do|_ ) 


~ 


Example 3.5. Assume that a = ((1,4,5,6);0.3,0.4,0.7), b = ((1,2,5,7);0.7,0.5,0.1) € Q. Then, the 
distance of a and b 1s computed by 


d,(4,6)= -(((1+0.3-0.4-0.7)1- (140.7 —0.5-0.1)1|+ 
(C03 04 07 41 07 = 05 0,10 
(1 + 0.3 — 0.4 — 0.7)5 — (1+ 0.7 — 0.5 — 0.1)5|+ 
(1+ 0.3 — 0.4 — 0.7)6 — (1 + 0.7 — 0.5 — 0.1)7}) 
~ 7.78 


Theorem 3.6. Let a = ((a4, 61, ¢1, di); wi, U1, Y1), b = ((dg, bo, Co, dz); We, U2, Y2) © Q. Then, d),(G, b) meet 
the nonnegative, symmetric and triangle inequality (or metric). 


_ Proof: Clearly, the d;,(4, b) meet the nonnegative, symmetric properties. For @ = ((a1, b;,c1, d,); wi, U1, Yi); 
b = ((da, ba, Co, dz); We, U2, Yo), C = ((a3, b3, C3, d3); W3, U3, ¥3) € Q, to prove the triangle inequality, since 


(1+ wi — ur — yi)ay — (1 + we — U2 — yg) a2|+ 
(1 + we — ug — y2)a2 — (1 + w3 — ug — y3)as3| 
z (1 ar Uf Yay = (1 a 3g Y3,)a3| 


(1+ wi — ur — yr)b1 — (1 + we — U2 — y2)be|+ 
}(1 + we — U2 — Y2)be — (1 + ws — ug — ys)bs| 
> |(1+ wy — ui — yi)b1 — (1 + w3 — ug — y3)bs| 


(1 + wy — us — yr )er — (1 + we — U2 — Yy2)e2|+ 
\(1 + W2 — U2 — Yo) C2 = (1 a a a y3)C3| 
= (1 Sp yr je a (1 a Ua = 23 y3)C3| 
(1 + wy — uy — yr )dy — (1 + we — U2 — yo)de|+ 
|(1 + we — ug — y2)d2 — (1 + w3 — ug — y3)d3| 
> |(1+ wi — 1 — yi)di — (1 + w3 — ug — ys)ds| 
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we have 
(1 + wy — uy — yr )ar — (1 + we — U2 — Yo) a2|+ 
|(1 + we — ug — y2)a2 — (1 + ws — uz — y3)as| 
+|(1 + wy — uy — yr)br — (1 + we — U2 — yo) ba|+ 
|(1 + wz — U2 — Y2)b2 — (1 + w3 — ug — y3)b3| 
+|(1 + wy — uy — yer — (1 + we — U2 — yo)e2|+ 
(1 + we — ug — y2)e2 — (1+ w3 — ug — y3)c3| 
+|(1 + wi — ur — yr)dy — (1 + we — U2 — yo)de|+ 
|(1 + wz — U2 — y2)d2 — (1 + w3 — ug — y3)d3| 
2 (1 ly, Ay, yr )ay = (1 a a — y3)a3|+ 
(1 + wy — U1 — yr)b1 — (1 + w3 — ug — y3)bs3| 
+|(1 + wy — ur — yr Jer — (1 + w3 — ug — y3)e3|+ 
(1 + wy — U1 — y)d — (1 + wg — ug — y3)dz| 

and then, 


dp,(G, b) + dy(b, @) > dp (a, @) 


Definition 3.7. [56] Let a = ((a4, 61, c1, di); wi, U1, y1) € Q. Then, a normalized SVTN-number of a is 
defined by 


a b Cc dy 
(Gee Gaerne es a Oe 
Example 3.8. Assume that a = ((1,4,5,10);0.3,0.4,0.7) € Q. Then, a normalized SVTN-number of @ is 


computed as 
((0.05, 0.2, 0.25, 0.5); 0.3, 0.4, 0.7) 


Definition 3.9. The SVTN-numbers a* = ((1,1,1,1);1,0,0), a> = ((1,1,1,1);1,1,0),a~ = ((0,0,0, 0); 0, 1, 1) 
and a, = ((0,0,0,0);0,0,1) are called SVTN-positive ideal solution, strongly SVTN-positive ideal solution, 
SVTN-negative ideal solution and strongly SVTN-negative ideal solution, respectively. 


Definition 3.10. Let a; = ((a;, 1, ¢, d;); wi, wi, yi) € Q for all 7 = 1,2 and at, a7, a” and a, be SVTN- 
positive ideal solution, strongly SVTN-positive ideal solution, SVTN-negative ideal solution and strongly 
SVTN-negative ideal solution, respectively. Then, the distance between a; and a*, a7, @~, a, are denoted as 
dp (a;,a*), dn(a;, a7), dy(G;,a-), dn (a;, a, ) for all i = 1, 2, respectively. Then, 


lL. If dy(G1,a*) < d,(G2, a7), then G2 is smaller than @,, denoted by a, > Ge 
2. If dp, (ay, ar) = dp, (da, at); 


(a) If d, (a1, a5) < dp(Go, at), then a is smaller than G,, denoted by a, > da» 
(b) If dy (a1, a5) = d),(G2, at); 
1. If dy(a1,a@) < dp(a@o, a), then a, is smaller than a2, denoted by a, < a2 
ii. If d,(G1,a@~) = dp (Go, a); 
A. If d,(@1,4a,) < dp(a@o, a, ), then a, is smaller than @2, denoted by a; < dg 


B. If tila, a, ) = d;,(d2, 4, ); G, and dz are the same, denoted by a = G2 
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Example 3.11. Assume that a; = ((2,3, 5,6); 0.3, 0.4, 0.7), @ = ((1, 3, 6, 7); 0.7, 0.5, 0.1), 
a+ = ((1,1,1,1);1,0,0) € Q. Then, 


dp(a1,a7) = 2(\(1+0.3—0.4 —0.7)2 — |(1+1-—0.0—0.0)1]+ 


1 
6 
(1 + 0.3 — 0.4 — 0.7)3 — |(1 + 1 — 0.0 — 0.0)1]+ 
(1 + 0.3 — 0.4 — 0.7)5 — |(1 + 1 — 0.0 — 0.0)1]+ 
(1+ 0.3 — 0.4 — 0.7)6 — |(1 + 1 — 0.0 — 0.0)1)) 
we 

6 


on) 


and 


dp(ao,47) = 2([(1+0.7-0.5—-0.1)1 - |(1+1-0.0-0.0)1|+ 
(1 + 0.7 — 0.5 — 0.1)3 — |(1 + 1 — 0.0 — 0.0)1|+ 

(1 + 0.7 — 0.5 — 0.1)6 — |(1 + 1 — 0.0 — 0.0)1|+ 

| 


(1+0.7 —0.5 —0.1)7 — |(1 + 1 — 0.0 — 0.0)1)) 
65 
60 


Since d;,(@1,4*) < dy,(d2, G7), G is smaller than a; (or G1 > Ge). 


From now on we use J,, = {1,2,...,.n} Im = {1,2,...,m} and J; = {1,2,...,¢} as an index set forn € N, 
m € N andt € N, respectively. 


4 SVTN-Weighted Operators 


In this section, we present some arithmetic and geometric operators including SVTN-weighted geometric op- 
erator, SVTN-ordered weighted geometric operator, SWTN-hybrid geometric operator, SWVTN-weighted arith- 
metic operator, SVTN-ordered weighted arithmetic operator and SVTN-hybrid arithmetic operator with their 
properties. 


4.1 SVTN-Weighted Geometric Operators 


In this subsection, we introduce some SVTN-weighted geometric operators on the SVTN-numbers. 


Definition 4.1. [73] Let a” ;= ((a;, b;, cj, dj); Wa-;, Ua, Yar;) € 2 for all j € I. Then, SVTN-weighted 
geometric operator, denoted by 5S,,, is defined by S45: QQ" > Q, 


Dao Cis Ogi) =A, Oa, Orne a.” 

where w = (1, W2,.--, Wn) is a weight vector of @; for every 7 € J, such that w; € [0,1] and a1 Wi = 

Theorem 4.2. [73] Let a” ;= ((a;,;, ¢j, dj); Wa-;, Uar;s Yar;) € Qfor j € I,and 54. be the SVIN-weighted 
geometric operator. Then, their aggregated value by using Sgo : 1" — 2, operator is also a SVI'N-number 
and a - ae 

Sgo(G1, G2, ---,4n) = [],_1 4,’ | | | | 
= (Tj co ; [Tj 8; ; Tj Cj : = dj"); | 
IG Wa) = [G10 — Ue, Le [L,10 _ Ya,)*) 
| 


where w = (W1, W2,--,Wn)” is a weight vector of a; for all j € I, such that w; € [0,1] and Deja Wj = 1. 
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Theorem 4.3. [73] Let a” ;= ((a;, b;, cj, dj); Wa-;, War; Yar;) € Nfor j € In. Then, 
1. Ifa; =4, forall 3 € In, then Sgo(G1, Ga, .--, An) = 4, 
Za. Minjer{ a; } < Sgo( Gi; Q2, or An) = Max jer{G;}, 


3. Ifa; = ((a5, 05, cF, dy)"; wi, Us Vi, de E Qand a; <a;* forall) € In, 


ay 


then Sgo(G1, da, ..-,An) < Syo( ai GO aueaga )s 
Definition 4.4. Let a; = ((a;, bj, ¢;, dj); Wa,,Ua,, Ya;) € © for all 7 € I,. Then, an SVTN-ordered weighted 
geometric operator, denoted by S,,., is defined by Sogo : 02" > Q), 
Page dis Qa, weey An) = as (1) & a5 (2) &) — &) O(n) 

where w = (w1, W2,.-.,Wn)’ is a weight vector of a; for every j € J such that w, € [0, 1] and }7"_, w; = 1. 

Here, (o(1), 0(2),...,0(m)) is a permutation of (1, 2,...,n) such that a,(;-1) > @o(;) for all 7 € In. 
Theorem 4.5. Let a; = ((a;,b;,c;,d;); Wa,, Ua;,Ya;) € Qfor 7 € In and Sogo be an SVTN-ordered weighted 
geometric operator. Then, their aggregated value by using Sogo operator is also a SVTN-number an 

Sogo(dr Gas ---» Gin) = Tina Goi) = (LT jmn Go(s> Dna Posy Mma Cosy Wma 400s): 

q=l1 Wa : yn Lo Il 


= a — 7I~ Wi 
Ree jal — Wag)? ja Yan) ) 


where w = (W1, W2,..-,Wn)’ is a weight vector of a; for all j € I, such that w; € [0,1] and \7"_, w; = 1. 
Theorem 4.6. Let a; = ((a;, bj, cj, dj); Wa;, Ua;,Ya,) € Q for 7 € In. Then, 
I. If a; = a, then P95 as Q2, ses An) = A. 
Zz min, 1a, } < ere (Cae Q2, ees An) < max ;{a,;} 
3. Ifa; = ((a5, 0%, c5, dj)"; W5, Ua, Ya, ) € Q and a;=d;*, then 
S96 Gas a2, es An) 2s oyolars 5, ae a ) 
4. If a; E (2, then 
Sogo( G1; G2, +++) An) = Sogo(G1, Ga, -.-, Qn) where (a1, da, ..., 4) is any permutation of (G1, G2, ..., Gn). 


Theorem 4.7. Let a; = ((a;,b;,cj,d;); Wa,, Ua, Ya;) € Qfor 7 € In and Sogo be the SVIN-geometric averag- 
ing operator. Then, for all 7 © Ip, 


Lp 10.30) hen So (G0 nv, nae at 
2D = (OO seg 1)" TEMS 565 (Oy Cini Qy,) Ins a; | 


Definition 4.8. Let a; = ((a5,05, Cj, dy); Way, Ua,» Yay) € (Q for j € I,. Then, an SVTN-hybrid geometric 
operator, denoted by Bre >» 18 defined by 

hgo "+O, Shao (Gia, Ga, «+; Gn) = Ay) @ 4% @ ++ @ aM, 
where for j € I, G(;) is the jth largest of the weighted SVTN-numbers a;, a; = @;°7, w = (wi, We, .-., Wn)” 
is a weight vector of a; such that w; € [0,1] and }°"_, w; = 1, and § = (81, 59,...,5n)" is a vector associated 
with the S;,, such that §; € [0,1] and 0", 8; = 1. 
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Theorem 4.9. Let a; = ((a;,b;, cj, dj); Wa,, Ua; Ya,) € Qfor 7 € In and chee be the SVIN-hybrid geometric 
operator. Then, their aggregated value by using S° go Operator is also a SVIN-number and 


Shigo(@1 G25 1 Gn) = Tp Gay = (Tas 4563) Tan OS) Tat Gog) Tj So) 
LL-1 Us ie IL- ie ye he I". HAG! Ua) 


where for j © In, Ao) is the jth largest of the weighted SVIN-numbers a;, a; = a; Wi ty, vse) 
is a weight vector of a; such that w; € [0,1] and $7 ,_, w; = 1, and § = (51, 59, ... = Ms is a vector associated 
with the S;,, such that §; € [0,1] and Y0"_, ; = 1. 


Corollary 4.10. Let a; = ((a;,6;,¢;, dj); wa,;,Ua;,Ya;) € Q for j © In. Then, SVIN-weighted geometric 
operator 54, and SVIN-ordered weighted geometric operator Sogo operator is a special case of the SVTN- 


hybrid geometric operator 5° hao 


4.2 SVTN-Weighted arithmetic Operators 

In this subsection, we introduce some SVTN-weighted arithmetic operators on the SVTN-numbers. 
Definition 4.11. [73] Let a” ;= ((a;, bj, cj, dj); Wa-;, Ua, Yar,) € for all j € ,. Then, SVTN-weighted 
arithmetic operator, denoted by Sy, : 02” — Q), is defined by 


Sao(G1, Ga, -.-) An) = Wid B Woda B+ ++ PB Wray 


where w = (wy , W2,-..,Wn)* is a weight vector of @; for every j € J;, such that w; € [0,1] and }0"_, w; = 1. 
Theorem 4.12. [73] Let a” ;= ((aj, 6), ¢j, dj); Wa~;, Uar;s Yar;) € Qfor j € I[,and Sq. be the SVIN-weighted 
arithmetic operator. Then, their aggregated value by using Sq. operator is also a SVT'N-number and 
SaolG1 25 ---5Am) = Dijag Wey = (CD igang Wy gs D peg Wy ys Dyn Wj Digna Ws dy): 
ae 140 ig) [Tj Ua; > LTj-1 Ya; ) 

where w = (W1, Wa, -.; Wn)" is a weight vector of a” ;for all j € In such that w;€ (0, l]and S"_) w; = 1. 
Theorem 4.13. [73] Let a” j= ((a;, bj, ¢j, dj); Wa-;, Uar;s Ya;) € Qfor j € In. Then, 

1. Ifa; = 4, forall j € In, then Sqo(G1, Ga, ..., An) = G, 

Zz: Min; {a} << D6 | Gis a2, Ce oi An) = max ;{a,;}, 


3. If a; = ((aj, 05, cj, dj)"; we, ua, ya,) € Q and aj < a; forall 7 € In, 


Wa 
then Sqo(G1, Ga, ---, An) < Solas, & Diane) 


Definition 4.14. Let a; = ((a;, b;, cj, dj); Wa,, Ua,, Ya,) € © for all 7 € I,. Then, an SVTN-ordered weighted 
arithmetic operator, denoted by Soa_ : (2” — 92, is defined by 


Dodo ais OD sins Gn) — W 1 4¢(1) D W24(2) or ence, WnAo(n) 


where w = (W1,W2,-.-,Wn)* is a weight vector of a; for every j € I such that w, € [0,1] and 0", w; = 1. 
Here, (o(1), 0(2), ...,a(m)) is a permutation of (1, 2, ...,n) such that a¢(;-1) > @o(;) for all 7 € In. 
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Theorem 4.15. Let a; = ((a;, bj, ¢;, dj); Wa,, Ua; Ya,) © Qfor 7 € In and Soao be an SVTN-ordered weighted 
arithmetic operator. Then, their aggregated value by using Soqo operator is also aSVT'N-number and 


Soao(G1, G2,--;@n) = Yyey W74a(4) = (eee WjAa(G), Daj 1 WjPo(3): Do ja1 W5Co(j)s ajar Wido(s)); 
= 1 _ [10 ae Wes) vee Ug a IL - 1 Yan gy) 


where w = (W1, Wa, -.-,Wn)’ isa weight vector of a; for all j € I, such that w; € [0,1] and YY", w; = 1. 
Theorem 4.16. Let a; = ((a;,0;,¢;,d;); Wa,, Ua; Ya;) € Q for j © In and Soa. be the SVIN-arithmetic 
averaging operator. Then, for all 7 © In, 

1. Ifa; = @, then Soao(G1, 2, ..-, Gn) = &. 

25 MUNA Oj | SD og Ais Gay. x4s ious < max,;{a; } 


3. If a5 = (a5, 05, c%, dj)"; wi, us, ya,) € O and G;4;*, then Soao(G1, Ga; --) Gn) < Soao(G}, G3, -.-, Gf) 


4, If a; E Q, then a sn) = Soao(G1, G2, -.., Gn) where (41, G2, ...,Gn) is any permutation of 
(G15 CDs, scoping.) 
Theorem 4.17. Let a; = ((a;,0;,¢;,d;); Wa,, Ua; Ya;) € Q for j © In and Soa. be the SVTN-arithmetic 
averaging operator. Then, for all 7 © In, 
Tlf S10 a0) ANEW S ous (Ot: Oy i060) = ata. \s 
2. Tf (0, Osea) 5 1heW Sous (Cis Onyic5 On) = IAG}. 


Definition 4.18. Let a; = ((a;,b;, cj, dj); Wa,, Ua, Ya,) € Q for 7 € I,. Then, an SVTN-hybrid arithmetic 
operator, denoted by S* : Q” > 0D, is defined by 


hao °* 
Ss ~ ~ ~ ~ = ~ = 
Dy a5 Oly U2) ++; On) = 5146(1) D $90.¢(2) ery SnAo(n) 


where for j € I,, G(;) is the jth largest of the weighted SVTN-numbers a,;, 4; = @,-’, w = (wi, Wa, ..., Wn)” 
is a weight vector of a; such that w; € [0,1] and }""_, w; = 1, and § = (81, S9,...,5n)" is a vector associated 
with the S;.,, such that 5; € [0,1] and }7"_, 8; = 1. 


hao 


Theorem 4.19. Let a; = ((a;,b;,¢;,d;); Wa,» Ua,» Yay) € OQ for j € I, and S? 
operator. Then, their aggregated value by using S; 


hao Ve the SVIN-hybrid arithmetic 


hao Operator is also a SVIN-number and 


SiaolG1, G2,--,4n) = 4 ig(3) 53 = (Qj On ae 1 5) are 1 oy 5)? vee dy) 
= 1 [0 7 GENS 8;), IL- 1 Ua Aog(j) Sj; IT 1 Yan (3) 93 ) 


~ 


where for 3 © In, Aq(;) 18 the jth largest of the weighted SVIN-numbers a0; = a” = (0. Woe.) 
is a weight vector of @; such that w; € [0,1] and )0"_, w; = 1, and 8 = (81, 82,..., 8)" is a vector associated 
with the S;,,, such that §; € [0,1] and )7"_, 8; = 1. 
Corollary 4.20. Let a; = ((a;,;,¢;,d;); Wa,;,Ua;,Ya,) € OQ for 7 € In. Then, SVIN-weighted arithmetic 
operator Sao and SVIN-weighted arithmetic operator Soqo operator is a special case of the SVI'N-hybrid 
arithmetic operator S? 


hao 


hao’ 


Irfan Deli, Operators on Single Valued Trapezoidal Neutrosophic Numbers and SVIT'N-Group Decision 
Making. 


Neutrosophic Sets and Systems, Vol. 22, 2018 14] 


5 SVTN-Group Decision Making Method 


In this section, by using the 5° go and S,. operators we define a multi attribute group decision making method 
called SVTN-group decision making method. 


Definition 5.1. Let B = {B,, Bo,..., Bn} be a set of alternatives, U = {uy, uo, ..., Un} be a set of attributes, 

D = {dj, do, ...,d,} be a set of decision makers, § = (81, 52,...,5,)* be a weighting vector of the attributes 

where §; € [0,1] for 7 € J, and }7,_) 8; = 1, and w = (wy, Wy, ... we)" bea — vector of the decision 
t ce 

makers such that w, € [0,1] for j € I, and }7,_, w; = 1. If a, = (ak ai, OS, cf, de); wie, us, ye) € Q, then 


Uy U2 eee Un 
mh mk cay 
ap Bo 21 22 — ®n 
ai; |mxn = : 
ap a, a 
Bm Am Aim? = Qinn 


is called an SVT'N-group decision making matrix of the decision maker d; for each k € [,. The matrix is also 
written shortly as 


a. sen (a oe eal) wi, Ui, Yas) 


Now, we can give an algorithm of the SVTN-group decision making method as follows; 

Algorithm: 

Step 1. Construct 

Gi lmxn = ((az, biG vas); w Mi us. Yi) Of dy for each k € J. 

Step 2. Compute G7 = Syo(@j,, Gj, --,@3,) = []7_,(@j,) for each k € I, andi € I, to derive the 
individual overall preference SVTN-values G@* of the alternative B;. 

Step 3. Compute a; = Chee ore Gz,...,a5) =< (a;,0;, c;); Wa,, Ua, Ya, > for each 2 € I, to derive the 
collective overall preference SVTN- wales a; Of the alternative 5;. 

Step 4. Compute d),(a;,a*) for each i € Jp. 

Step 5. Rank all alternatives B; according to the d;,(a;,a*) for eachi € [,p. 


Example 5.2. (It’s adopted from [70]) Let us suppose there is a risk investment company, which wants to 
invest a sum of money in the best option. There is a panel with five possible alternatives (engineer construction 
projects) to invest the money. The risk investment company must take a decision according to four attributes: 
u, = risk analysis’, w2 = growth analysis”, w3 = ’social-political impact analysis”, w4 = environmental 
impact analysis”. The five possible alternatives B; (2 = 1, 2, ..., 5) are to be evaluated using the SVTN-numbers 
by the four decision makers (whose weighting vector w = (0.2, 0.4, 0.1, 0.3)") under the above four attributes 
(whose weighting vector § = (0.25, 0.25, 0.25, 0.25)*), and construct, respectively, 


Step 1. For each k = 1, 2,3, 4, the decision maker d; construct own decision matrices a; 574 as Table 1: 
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Step 2. For each k = 1,2,3,4 andi = 1,2,3,4,5 compute a? = S,,(@4, ai, ...,a%,) as follows: 


0.170, 0.411, 0.606, 0.814 
0.194, 0.342, 0.517, 0.800 
0.224, 0.259, 0.517, 0.628 
0.214, 0.332, 0.464, 0.774 
0.139, 0.209, 0.401, 0.580 
0.226, 0.278, 0.459, 0.763 
0.285, 0.388, 0.592, 0.728 
0.476, 0.581, 0.700, 0.814); 0.394, 0.349, 0.300 
0.230, 0.332, 0.613, 0.738); 0.564, 0.714, 0.346 


); 0.442, 0.749, 0.409) 
) 
) 
) 
) 
) 
) 
| | 
0.132, 0.147, 0.355, 0.531); 0.293, 0.396, 0.635) 
) 
) 
) 
) 
) 
) 
) 
) 
) 
); 


(0.534, 0.543, 0.302 
- ().237, 0.513, 0.281 
- ().460, 0.518, 0.407 
(0.186, 0.587, 0.332 
0.540, 0.423, 0.500 
(0.379, 0.686, 0.522 


Se St Et 2 SEO Et 


NN EN EN EN aN TN NT TN a a a a a a a a a a 


0.115, 0.155, 0.459, 0.599); 0.275, 0.806, 0.674 
0.298, 0.375, 0.592, 0.806); 0.309, 0.387, 0.679 
0.107, 0.112, 0.150, 0.513); 0.491, 0.537, 0.670 
0.200, 0.310, 0.565, 0.673); 0.500, 0.346, 0.693 
0.164, 0.176, 0.355, 0.650); 0.426, 0.527, 0.519 
0.182, 0.302, 0.537, 0.781); 0.275, 0.627, 0.527 
0.154, 0.305, 0.428, 0.693); 0.225, 0.568, 0.617 
0.000, 0.232, 0.504, 0.675); 0.354, 0.551, 0.513 
0.200, 0.300, 0.417, 0.660); 0.509, 0.481, 0.342 
0.000, 0.182, 0.374, 0.625); 0.282, 0.424, 0.270 


Qr Qe Qe @’ Qe Qe 
MP RoWRWWWNWHWOINKRNWNNNENOE BEWHRNHEH 


LO LO LOO LON ON PON EN OR LON LO LOR FEN GEE JOE LO TF FNL, ON NK IO SON 


(0.170, 0.411, 0.606, 0.814 ) 
(0.194, 0.342, 0.517, 0.800 ) 
(0.224, 0.259, 0.517, 0.628 ) 
(0.214, 0.332, 0.464, 0.774 ) 
(0.139, 0.209, 0.401, 0.580 ) 
(0.226, 0.278, 0.459, 0.763 ) 
(0.285, 0.388, 0.592, 0.728 ) 
(0.476, 0.581, 0.700, 0.814 ) 
(0.230, 0.332, 0.613, 0.738); 0.564, 0.714, 0.346) 
(0.132, 0.147, 0.355, 0.531); 0.293, 0.396, 0.635) 
( 
( ) 
( ) 
( 
( 
( ) 
( ) 
( 
( ) 


); 0.442, 0.749, 0.409 
JE 
) 
); 
); 
) 
) 
0.115, 0.155, 0.459, 0.599); 0.275, 0.806, 0.674 
E 
y 
); 
); 
) 
i: 
iF 
); 
); 


0.534, 0.543, 0.302 
0.237, 0.513, 0.281 
0.460, 0.518, 0.407 
0.186, 0.587, 0.332 
0.540, 0.423, 0.500 
0.379, 0.686, 0.522 
0.394, 0.349, 0.300 


0.298, 0.375, 0.592, 0.806 
0.107, 0.112, 0.150, 0.513 
0.200, 0.310, 0.565, 0.673 
0.164, 0.176, 0.355, 0.650 
0.182, 0.302, 0.537, 0.781 
0.154, 0.305, 0.428, 0.693 
0.000, 0.232, 0.504, 0.675); 0.354, 0.551, 0.513 
0.200, 0.300, 0.417, 0.660); 0.509, 0.481, 0.342 
(0.000, 0.182, 0.374, 0.625); 0.282, 0.424, 0.270) 


0.309, 0.387, 0.679 
0.491, 0.537, 0.670 
0.500, 0.346, 0.693 
0.426, 0.527, 0.519 
0.275, 0.627, 0.527 
0.225, 0.568, 0.617 


QS a a & a a ae Qe a a ae a a a 
eo WP 


Qr 
Soe Coe oe 


( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
( 
=i 
=) 
= 
= | 
= ( 


Step 3. Assume that w = rn 0.4,0.1,0.3)7 and 5 = (0.25, 0.25, 0.25)*. We can compute 


oe HS. GD ~t\ 
a, = go (Ge » 5 ang) (Gg DiC), We Mao Wass 
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for each 2 = 1, 2,3, 4,5 as follows: 


a1 = ((0.187, 0.291, 0.509, 0.760); 0.396, 0.569, 0.513) 
G2 = ((0.219, 0.351, 0.523, 0.738); 0.340, 0.584, 0.536) 
a3 = ((0.000, 0.298, 0.524, 0.698); 0.352, 0.451, 0.414) 
G4 = ((0.214, 0.320, 0.512, 0.714); 0.519, 0.553, 0.404) 
as, = ((0.000, 0.171, 0.370, 0.579); 0.274, 0.450, 0.479) 


Step 4. Compute d;,(a;, @;") for each alternative B;, 2 = 1, 2,3, 4,5, as follows: 


d,(G,@+) = 1.242, dy(G, @*) = 1.266, 
dj,(a3,@+) = 1.210, dy(Ga, @*) = 1.169, 
d,(as,@*) = 1.269 


Then we get the rank, 
dp(G5,a7) > dy(G2,a7) > dp(a1, 47) > dp (G3, 47) > dp (G4, at) 
Step 5. Therefore, we can rank all alternatives B; according to the d;,(@;, a") for each 7 = 1, 2,3, 4,5. 
Bs < By < Bi < B3 < By 


and thus the most desirable alternative is B,. 


6 Comparative Analysis and Discussion 


In this section, a comparative study is presented to show the flexibility and feasibility of the introduced SVTN- 
group decision making method. Different methods used to solve the same SVTN-group decision making 
problem with SVTN-information is given by Ye [73]. The ranking results obtained by different methods are 
summarized in Table 2. 


From the results presented in Table 2, the best alternative in proposed method and Ye’s method [73] 
with geometric operator is 64, whilst the worst one is 55. In contrast, by using the methods in the proposed 
method and Ye’s method [73] with arithmetic operator, the best 1s 63, whilst the worst is 65. There are a 
number of reasons why differences exist between the final rankings of the methods. First, the author uses 
a score and accurate function in Ye’s method [73] with arithmetic operator and Ye’s method [73] with 
geometric opera-tor. Moreover, different aggregation operators, which is arithmetic and geometric 
operator, lead to different rankings because the operators emphasize the decision makers judgments 
differently. The proposed method is different in that it contains two major phrases. First, the proposed 
method uses both SVTN-weighted geo-metric operator and the SVTN-hybrid geometric operator to 
aggregate the SVITN-numbers. Second, based on distance measure, the method uses SVTN-positive ideal 
solution and SVTN-negative ideal solution to rank the SVTN-information. Finally, the ranking of the 
proposed method is similar to other methods. Therefore, the proposed method is flexible and feasible. 
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7 Conclusion 


Due to the ambiguity of people’s thinking and the complexity of objective things, the attribute values of the 
MAGDM problems cannot always be expressed by exact and crisp values and it may be easier to escribe them 
by neutrosophic information. This paper introduced an MAGDM in which the attribute values are expressed 
with the SVIT'N-numbers, which are solved by developing a new decision method based on geometric ag- 
gregation operators of SVTN-numbers. The proposed method with SVT'N-numbers is more suitable for real 
scientific and engineering applications, because the proposed decision-making method includes much more in- 
formation and can deal with indeterminate and inconsistent decision-making problems. In the future, we shall 
further develop more aggregation operators for SVT'N-numbers and apply them to solve practical applications 
in areas such as group decision making, expert system, information fusion system, fault diagnoses, medical 
diagnoses and so on. 
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Table 2. The ranking results of different methods. 


Methods Ranking results 

The proposed method with arithmetic operator Bs < By < By < By < Bg 
The proposed method with geometric operator Bs < By < By < Bg < By 
Ye's method [73] with geometric operator Bs < By < By < B, < By 
Ye's method |73] with arithmetic operator Bs < By < B, < By < Bs 
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Abstract: TOPSIS (Technique for Order Preference by Similarity to Ideal Solution) is a very common method for 
Multiple Attribute Decision Making (MADM) problem in crisp as well as uncertain environment. The interval trape- 
zoidal neutrosophic number can handle incomplete, indeterminate and inconsistent information which are generally 
occurred in uncertain environment. In this paper, we propose TOPSIS method for MADM, where the rating values 
of the attributes are interval trapezoidal neutrosophic numbers and the weight information of the attributes are known 
or partially known or completely unknown. We develop optimization models to obtain weights of the attributes with 
the help of maximum deviation strategy for partially known and completely unknown cases. Finally, we provide a 
numerical example to illustrate the proposed approach and make a comparative analysis. 


Keywords: Interval trapezoidal neutrosophic number, Multi-attribute decision making, TOPSIS, Unknown weight 
information. 


1 Introduction 


Multi-attribute decision making (MADM) 1s a popular field of study in decision analysis. MADM refers 
to making choice of the best alternative from a finite set of decision alternatives in terms of multiple, usu- 
ally conflicting criteria. The decision maker uses the rating value of the attribute in terms of fuzzy sets [1], 
intuitionistic fuzzy sets [2], hesitant fuzzy sets [3], and neutrosophic sets [4]. 

In classical MADM methods, the ratings and weights of the criteria are known precisely. TOPSIS [5] is 
one of the classical methods among many MADM techniques like Preference Ranking Organization METHod 
for Enrichment of Evaluations (PROMETHEE) [6], Vlse Kriterilyjuska Optimizacijal Komoromisno Resenje 
(VIKOR) [7], ELimination Et Choix Traduisant la REalit ELECTRE) [8], Analytic Hierarchy Process (AHP) 
[9], etc. MADM problem has also been studied in fuzzy environment [10—14] and intuitionistic fuzzy envi- 
ronment [15-18]. Researchers have extended the TOPSIS method to deal with MADM problems in different 
environment. Chen [19] extended the concept of TOPSIS method to develop a methodology for MADM prob- 
lem in fuzzy environment. Boran et al. [20] extended the TOPSIS method for MADM in intutionistic fuzzy 
sets. Zhao [21] proposed TOPSIS method under interval intutionistic fuzzy number. Liu [22] proposed TOP- 
SIS method for MADM under trapezoidal intuitionistic fuzzy environment with partial and unknown attribute 
weight information. 

Compared to fuzzy set and intutionistic fuzzy set, neutrosophic set [4] has the potential to deal with 
MADM problem because it can effectively handle indeterminate and incomplete information. Hybrids of 
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neutrosophic set have been applied in MADM and multi-attribute group decision making (MAGDM) problems 
[23-30]. Biswas et al. [31] developed TOPSIS strategy for MAGDM with single valued neutrosophic sets [32]. 
Chi and Liu [33] extended TOPSIS method for MADM problem based on interval neutrosophic set [4]. Zhang 
and Wu [34] developed TOPSIS strategy in single valued neutrosophic set where weights of the attributes 
are completely unknown. Biswas et al. [35] introduced Neutrosophic TOPSIS with group decision making. 
Pramanik et al. [36] extended TOPSIS approach for MAGDM in refined neutrosophic environment. Dey et 
al. [37] introduced TOPSIS for solving MADM problems under bi-polar neutrosophic environment. Mondal 
et al. [38] developed Rough neutrosophic TOPSIS for MAGDM problem. Ye [39] proposed TOPSIS method 
for MAGDM problem based on single valued neutrosophic linguistic number. Dey et al. [40] developed 
generalized neutrosophic soft MADM based on TOPSIS. Pramanik et al. [41] extended TOPSIS method for 
MADM based on soft expert set environment. Biswas et al. [42] developed TOPSIS strategy for MADM with 
trapezoidal neutrosophic numbers. 

Interval trapezoidal neutrosophic number (ITrNN) [43] 1s a generalization of single valued trapezoidal 
neutrosophic number (SVTrNN). Ye [44] and Subhas [45] introduced the SVIrNN where each element is 
expressed by trapezoidal number that has truth, indeterminacy and falsity membership degrees which are 
single valued. However, decision makers may face difficulties to express their opinions in terms of single 
valued truth, indeterminacy and falsity membership degrees. In interval trapezoidal neutrosophic number 
truth, indeterminacy and falsity membership degrees are interval valued. Therefore, decision makers can 
express their opinion throughout this number in a flexible way to face such difficulties. 

The above literature review reflects that the TOPSIS method has not been studied earlier based on interval 
trapezoidal neutrosophic number, even though this number can play effective role with indeterminate and 
uncertain information in MADM problem. To fill this research gap, our objectives in this paper are as follows: 


e To propose TOPSIS method for MADM problem based on interval valued trapezoidal neutrosophic 
number. 


e To develop the model where the rating values of the attributes are ITrNN and weight information is 
known, partially known and completely unknown. 


We organise the paper as follows: Section 2 describes the preliminaries of fuzzy sets, trapezoidal fuzzy num- 
ber, neutrosophic sets, SWITNN, ITrNN, and Hamming distance between ITrNNs. Section 3 briefly presents 
classical TOPSIS method. Section 4 presents TOPSIS method for MADM based on ITrNN. An application 
example with comparative analysis is given in Section 5. Finally, Section 6 presents some conclusions and 
future scopes of research. 


2 Preliminaries 


In this section, we briefly review the definition of fuzzy sets, single-valued neutrosophic sets, single-valued 
trapezoidal neutrosophic number, and interval trapezoidal neutrosophic numbers. 


Definition 1. [1] Let _X be a universe of discourse. Then a fuzzy set A is defined by 


A= {(&,Ma(x))| © € XF, (1) 


which is characterized by a membership function jz4 : X — [0,1], where j4(x) is the degree of membership 
of the element x to the set A. 
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Definition 2. [46,47] A generalized trapezoidal fuzzy number A denoted by A = (a, b,c, d; w) is described as 
a fuzzy subset of a real number IR with membership function jz4 which is defined by 


ee Bee 
b—a 
w, Oe 
ja(x) = (d—x)w 
=. CT Sd 
d—c 
0, otherwise. 


where a, 6, c,d € IR and w is a membership degree. 


Definition 3. [32] Let X be universe of discourse. Then a single-valued neutrosophic set A is defined as 
A= {< x,T4(x), F(x), I(x) >: « € X} which is characterized by a truth-membership function T'4(x) : 
X > |0,1], falsity membership function F'4 : X — [0,1], and an indeterminacy membership function I, : 
X —» |0,1] of the element x to the set A, and the condition 0 < Ty(x7) + I4(v) + Fa(a) < 3V aE X. 


Definition 4. [44,45] Let a be a single-valued neutrosophic trapezoidal number (SVNTrN). Then its member- 
ship functions are given by 


b—a 
ve, or oC 
Tal = (d_a)t, 
——— Cats a 
d—c 
0, otherwise. 
—_ = 
r+ (x — a)ig Bn ke 
b—a 
a <C 
I,(@) = _ = — 
r—ct+(d iva er 
d—c 
0, otherwise. 
bh — _ 
c+ (x ®) Fox ie lets 
b—a 
a Ve 
Fi(@) = 2 _ 
ae a ee ee 
d—c 
0, otherwise. 


where 7{, is truth membership function, /, 1s indeterminancy membership function and fF 1s falsity member- 
ship function, and they all lie between 0 and | and satisfy the condition 0 < Ty (7) + I,(x) + Fy(x) < 3 where 
a,b, c,d are real numbers. Then a = ({a, b,c, dj; ta, ta, fa) is called a neutrosophic trapezoidal number. 
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Definition 5. [43] Let a be trapezoidal neutrosophic number. Then its membership functions are given by 


b—a 
te, b<a<e 
TOES. cei 
ey CO Td 
d—c 
0, otherwise. 
b — age yt 
x + (x ayia eee 
b—a 
ie sere 
le) = a) aie 
ey = Gf = a 
r—ct( a ee ere, 
d—c 
0, otherwise. 
b—x+(r—-a)fe oe 
b—a 
Te SES 
Fa(x) = a ae. 
CEN eee 
d—c 
0, otherwise. 


where 7% is truth membership function, /, 1s indeterminancy membership function and /% is falsity mem- 
bership function and tg,%4, fa are subsets of [0,1] and 0 < sup(tg) + sup(ta) + sup(fa) < 3. Then a is 
called an interval trapezoidal neutrosophic number and it is denoted by @ = ({a, b,c, d]; ta, ia, fa). We take 


(eS a= le and fa 


Definition 6. [43] An interval trapezoidal neutrosophic number (ITrNN) @ = ({a, b, c, d]; [t,t], [2, @], [f, f]) is 
said to be positive ITrNN if a > O and one of the four values of a, b, c, d is not equal to zero. 


Definition 7. Let a = (|a1, by, Cl, dy]; ae ty], 21, a4], fi, fil) and B i (|a2, bo, C2, da]; Ito, to], lia, ia], fe, fal) 
be two ITrNNs. Then the following operations are valid: 


1. a@s- [ay + Gg, by + bo, cr + C2, di + do]; |, 
jt) + to — tity, t + te — tytel, [trte, 2129], fifo, fi fol 


- ([a1az, bi be, C1C2, di de]; (tite, tite], 
2.10 = iy + dy — dyto,t1 + 22 — ty%o], 
fi + fo — fifa, fi + fo — fife] 


— a (1 — a ee (1 = ty) ' 
3. \Q = na 


ay nh ta 7 
[(ar)*, (i) (ex), (hh) }; |), D>], 
4. (ap = ae hay ISO. 
Ra a) 1a f 
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Definition 8. [43] Let a = (\a4, by, Cl, dy]; Grea ii, 24], ft, fil) and 3 = (\a2, by, C2, ds]; to, tol, lig, 29], fa, fal) 
be two ITrNNs. Then the distance between two numbers is defined as 
ai(2+t,-u— fi)ta(2+h -i- fi) 


~ 1 
AG, 6) xi( — d9(2 + ty — ty — fo) — ao(2 + te — tn — fo) 
(24+ -i -fi) +h (2+ -—4 - fi) 
— bo(2 + ty — tg — fo) — bg (2 + te — ig — fa) 
a(2+t,-4 —fi)ta(2+h -t — fi) 
— €9(2 + te — to — fo) — eo (2 + te — te -— fa) 
d(2+t,-% —fi) +d (2+ -t — fi) 
— do(2 + te — tg — fo) — do(2 + te — t2 — fo) 


























(2) 


This distance is called normalized Hamming distance. 


3 TOPSIS method for MADM 


TOPSIS [5] method is based on the concept that the chosen alternative should have the shortest geometric 
distance from the positive ideal solution and the longest geometric distance from the negative ideal solution. 


Let A= {A;|2 =1,2,...,m} be the set of alternatives, C= {C;|j =1,2,...,n} be the set of criteria 
and D= {d;;\t = 1,2,...,m:7 =1,2,...,n} be the performance ratings with the criteria weight vector W= 
{w,|7 = 1,2,...,n}. The idea of classical TOPSIS method can be expressed in a series of following steps: 


Step 1. Normalize the decision matrix. 


The normalized value di; is calculated as follows: 


5 dij , ) 
Ol son a fd De 


YEG, 


Step 2. Calculate the weighted normalized decision matrix. 


In the weighted normalized decision matrix, the modified ratings are calculated as given below: 
Ct Sd TOR? 1D sag ran ps (3) 


where w, is the weight of the j-th attribute such that w; > 0 for 7 = 1,2,...,n and DS w; = 1. 


Step 3. Determine the positive and the negative ideal solutions. 
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The positive ideal solution (PIS) and the negative ideal solution (NIS) are determined as follows: 


PIS SAP Se vt (4) 


) n y) 


- f (maxes E J) (min € J) j= L2,..snf 
J J 


NIS=A = Sr Ua nae, 
= f (min vl e i) (axe < J) i ee a} 
j j 
where J; and ./2 are the benefit type and the cost type attributes, respectively. 


Step 4. Calculate the separation measures for each alternative from the PIS and the NIS. 


The separation values for the PIS can be measured using the n-dimensional Euclidean distance measure as 
follows: 


= dD cue. (5) 


pe Ns (6) 





Step 5. Calculate the relative closeness coefficient to the positive ideal solution. 


The relative closeness coefficient for the alternative A; with respect to A™ is calculated as 


D7 
Oo De pe (i ee eee (7) 
Step 6. Rank the alternatives. 


According to relative closeness coefficient to the ideal alternative, the larger value of C; reflects the better 
alternative A,. 


4 TOPSIS for multi-attribute decision making based on IIrNN 


In this section, we put forward a framework for determining the attribute weights and the ranking orders for all 
the alternatives with incomplete weight information under neutrosophic environment. 

For a multi-attribute decision making problem, let A = (Aj, Ao, ....., A,) be a discrete set of alternatives 
and C' = (C\, C2, ....,C,) be a discrete set of attributes. Suppose that D = |a,;| is the decision matrix, where 
a= (aa. ee hy 1i;, fj) is ITrNN for alternative A; with respect to attribute C, and t,;,7;; and f;; 
are subsets of [0,1] and 0 < sup ti; + sup ii; Sa sup fi; <6 10rd = Te? 9n and 9 = 1 2s “ete 
t,; denotes interval truth membership function, 7;; denotes interval indeterminate membership function, fis 
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denotes interval falsity membership function. Then we have the following decision matrix: 


Gy Ce: aes Ce 
A, A441 (142 coe Qin 
A» 21 22 co Aan 
D= CO) cee, = , ; : : (8) 
Am Qn Qm2 ce Qian 


Now, we develop this method when attribute weights are completely known, partially known and completely 
unknown. The steps of the ranking are as follows: 


Step 1: Standardize the decision matrix. 


This step transforms various attribute dimensions into non-dimensional attributes which allow comparison 
across criteria because various criteria are usually measured in various units. In general, there are two types of 
attribute. One 1s benefit type attribute and another one is cost type attribute. Let D = (ai; )mxn be a decision 
matrix where the ITrNN @;; = ([a};, a?,, a3, a4.]; ti;, i:;, fiy) is the rating value of the alternative A; with respect 


UJ? Up? U7) 
to the attribute C7. 


In order to eliminate the influence of attribute type, we Saree the following technique and obtain the 


standardize matrix R = (7ij)mxn, Where jj = (rij, 725,735 Tig]s [tig, tig], Liz, Fig], Lfiy, fig]) is TIENN. Then we 
have 
Z ai, ax, ay, ai, = 
Fig = (|—2, 2, +E, 2): tis, fl, Uf Fuad: Uf Fis] ), for benefit type attribute ) 
me as oe “Ng 
to (|-4, 28. t D9 | t 179 a bee Fails bee ful), for cost type attribute (10) 
dj, Ae. AF, Ai 
where u, = maria, 21=1,2,...~m}andu, =min{a,,21=1,2,«..,.m} forj =1,2,...,7 


Step 2: Calculate the attribute weight. 


The attribute weights may be completely known, partially known or completely unknown. So we need to de- 
termine the attribute weights by maximum deviation method which is proposed by Wang [48]. If the attributes 
have larger deviation, smaller deviation and no deviation then we assign larger weight, smaller weight and zero 
weight, respectively. 


For MADM problem, the deviation values of alternative A; to the other alternatives under the attribute C’; 
can be defined as follows: 
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a,(2 + tig — L — fig) + 43; (2+ ti — big e 
— ay; (2 anit ts ang(2 + fas - = Jig) 
a;(2 + ti — bi — fig) + aj, big big iy 
— a%5(2 + ai — tng — fag) — Ojgg(2 + ts — tg — fag) 

i 2g # =~ f4) a, Cea ae big — 

— ay, (2 ‘i> — tng — fag) — OR j(2 + ‘ki — fg) 
ai;.(2 + tis — big — fig) + 5; (2 + tig — tay is 
— Oigy(2 + bey — thy — Te — a; (2 + thy — thy =e) 


Lm [| (2 + tig — ig — fig) + (2 t+ big — ty — Sig) 
“42 


— a; (2 hes pS ie eat tg a 
The deviation values of all the alternatives to other alternatives for the attributes C’; can be defined as 
































D;(w) =) 4;(w) = >, > (Gis, Gay wy 
i=l t= hk] 
Awl ae; (2 + tig — tag — faz) + OR (2 + beg — tay — fig) 
oe De 
a pap ge | SZ iy: — bag — fag) — Gg (2 + i — tg — Fry) 








Therefore, the total deviation value D(w) = )7;_, D;(w). 

In the following, we develop three cases: 

Case 1. When the attribute weights are completely known. 

In this case, the attribute weights wy, Wo, ........ , Wy, are known in advance and im w= 1,0; 2 0,. jor 7 = 
Tee Zeca 

Case 2. When attributes weights are partially known. 

In this case, we assume a non-linear programming model. This model maximizes all deviation values of the 
attributes. 








max D(w) 
LR BRS [G2 + by — ty — fg) + G2 + by fis) 

Model 1 BLEED aetna a= Pee 
subject tow € A, ue = 1,w; = 0, for 7 = 1, 2,...... ae 


Here, the incomplete attribute weight information A is taken in the following form ([49, 50]): 
1. A weak ranking:{w; > w;},1 49; 
2. A strict ranking:{w; — w; > 6(>0)},14 7; 
3. A ranking of difference:{w; —w; > w,—- Wy}, tA I AKA Dp; 


4. A ranking with multiples:{w; > ajw;},0 <a; < 1,147; 
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5. An interval form: { @; < Wj < DB; a E;(> 0) }, 0 < b; — DB; + G = 1. 
Solving this model, we get the optimal solution which is to be used as the weight vector 


Case 3. When attribute weights are completely unknown: 
In this case, we can establish the following programming model: 


max D(w) 
son nmm 4 Cae oe fy) ea, shies a — fis) 
renee || earhe ef) 


) 





— ay,,(2 ine Ue 


subjecttow ¢ A, Sl wi =1,w; > 0, for j = 1,2, 
= 





Model 2 


To solve this model, we construct the Lagrangian function: 
GC 2ipai.= {5a 24 lea) 
— Oyj (2 + beg — tg — Lig) — Oey (2 + try — tej — Fras) 








j=1 i=1 k=1 p= 
+ & (Sou? -1) (11) 
A8 \ 4 : 
g=1 
where € € R is Lagrange multiplier. 
y= Deen Vande: 


Now, we calculate the partial derivatives of L with respect to w;(j = 1, 2 


mm 4 
zs > (|" 
t= 1 k= pal 
n 


=) "wi-1=0 
j=l 


From Eq. (12), we get 


Up) a 2 ay — 


Otte 
Op, (2+ thy — — fri) 


+£w;=0 (12) 
— Oi, 25 ts ie = ier aoe : 








(13) 


hg) a Oa te) 


GA 2a bg 
oh (2+h, i, —Ju) 


m m A 
7 ee oes | 
= » Oh(2-+ ty ~~ fu) 


Wj = : 





) PS Me Drea (14) 


ois) 
fi) Dt yy) 


2 
Goria 
_ . = for € < 0 
Sata (jC Oat) $ 
(16) 





Putting this value in Eq.(13), we get 
— fig) + afj(2 + by — tj — fig) 
yg (2 + tg — thy — Fag) 


G2 bige= 
= Ay; (2 ae — tkg — fej) — 
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From Eq. (14) and Eq. (16), we get the formula for determining attribute weights for C;(7 = 1, 2,...,n) : 























s 3 3 ai,(2 + tig — a — fig) + Qi; (2 + tig — ij =f) 
i=1 k=1 p=1 = Ay, (2 a. tis = Te) _ Ay, (2 = th - tk 7 tej) 
WwW; = ; (17) 
ayj(2 + bag — — fig) + a (2 ty — =) - 
il (= kelp! — Oh, (2 ae Pas — tej — Ce Op, (2 ci ae Lig fej) 
Now, we can get the normalized attribute weight as 
ss > ss “2a a i=) 
7 w; i=1k=1p=1 \| — Ay, (2 lk eg oe 1g) 
peep SSS (18) 


G24 te tg) ee pp) 
= G5 (2 + bay — tag — fag) — Oy (2 + i — inj — fig) 








Therefore, we get the normalized weight vector w = {W1, Wo,..., Wn}. 

Step 3: Determine the positive and negative ideal solutions. 

The normalized decision matrix R = (7;;)mxn in the interval trapezoidal neutroshopic number, the positive 
and negative ideal solutions are defined as follows: 


Co SOT aie eet ON = (Fels ceceet .) were: 
SG eee ee a cre) 


([maz(r};), max(r?,), max(r3,),max(r4,)) 


[max (tis), max(tiz)|[min(ti;), min(tig)], [min( fay), min(Fy)]) (19) 
[ allan os oz i I; ty t; |, a5 a |, fs f;)) 
=([min(ri,), min(r3,), min(r3,), min(r})} 
[min(tiy), min(tiy)]/max (Gig), max(tiy)], (max fig), mas Fiy)]) (20) 


The global positive and negative ideal solutions for ITrNN can be considered as 77 = ((1,1, 1, 1]; [1, 1], [0, 0], [0, 0]) 
and 7, = ([0, 0,0, 0]; [0, 0], [1, 1], {1, 1)). 

Step 4: Calculate the separation measure from ideal solutions. 

Now, using Eqs.(2), (19) and (20), we calculate separation measure dt from positive ideal solution and d; 
from negative ideal solution as 


=Lodi7 
1 n 4 
aeih 


A Cat ae L ee = fj) 
a+ E PG)~% Past #9 





) i=1,2,....,m. (21) 
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n 
—— d ere Cage rv) 
n 4 


-3o3(|% 


Step 5: Calculate the relative closeness co-efficient. 
We calculate the relative closeness co-efficient of an alternative A; with respect to the ideal alternative A* as 


=1,2,...,m. (22 
"(2+t7 -i -f;)- -O4i aes Aaa 





2 Fy Lig — Pai — il) 


RCC(A;) = = fOr = 1D. sao: (23) 


di 
d* +d; 
where 0 < RC'C(A;) < 1. We then rank the best alternative according to RCC. 
Step 6: End. 


5 An illustrative example 


In order to demonstrate the proposed method, we consider the following MADM problem. Suppose that a 
person wants to buy a laptop. Let there be four companies A,, Ao, A3, A, and laptop of each company has 
three attributes such as cost, warranty, and quality. We consider C} for cost, C2 for warranty and C’ for quality 
type of attribute. 

The person evaluates the rating values of the alternatives A; (2 = 1,2,3,4) with respect to attributes C;(j = 
1, 2,3). Then we get the neutrosophic decision matrix D = (4;;)ax3 = 


Cy 
A, ({50, 60, 70, 80); (0.1, 0.2], (0.2, 0.3], (0.4, 0.5) 
Ay ([30, 40, 50, 60]; [0.3, 0.4], [0.2, 0.3], (0.1, 0.2]) 
As (70,80, 90, 100}: [0.6, 0.7], [0.2, 0.3], [0.4, 0.5]) 
A, ({40, 50, 60, 70]; [0.4, 0.5], [0.6, 0.7], (0.2, 0.3]) 
C2 
A, ({30, 40, 50, 60); (0.2, 0.3], (0.4, 0.5], [0.6, 0.7) 
Ay ({10, 20, 30, 40}: [0.1, .2], (0.3, 0.4], (0.6, 0.7]) 
As ({50, 60, 70, 80]; {0.1, 0.2], [0.3, 0.4], (0.6, 0.7]) 
A, ([70,80, 90, 100]; [0.2, 0.3), {0.4, 0.5], [0.6, 0.8]) 
C3 
A, ({40, 50, 60, 70); [0.4, 0.5], [0.6, 0.7], (0.7, 0.8) 
Ay (20, 30, 40, 50}; {0.1, 0.2], [0.3, 0.4], (0.8, 0.9]) 
As (70,80, 90, 100}: [0.3, 0.5], [0.4, 0.6], [0.7, 0.8}) 
A, ([30, 40, 50, 60]; {0.4, 0.5], [0.6, 0.7], (0.7, 0.8]) 


Now, with the help of the proposed method, we find the best alternative following the steps given below: 

Step 1: Standardize the decision matrix. 

In the decision matrix, the first column represents the cost type attribute, and the second and the third columns 
represent benefit type attribute. Then, using Eqs. (9) and (10), we get the following standardize decision 
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matrix raey = 
Ch 
A, ((0.38, 0.43, 0.50, 0.60]; (0.1, 0.2], [0.2, 0.3], [0.4, 0.5) 
Ay ((0.50, 0.60, 0.75, 1.0]; [0.3, 0.4], (0.2, 0.3], [0.1, 0.2}) 
As ((0.30, 0.33, 0.38, 0.43]; (0.6, 0.7], [0.2, 0.3], [0.4, 0.5]) 
A, ((0.43, 0.50, 0.60, 0.75]; (0.4, 0.5], [0.6, 0.7], [0.2, 0.3]) 
C2 
A,  ((0.30, 0.40, 0.50, 0.60]; [0.2, .3], (0.4, 0.5], (0.6, 0.7]) 
A» ({0.10, 0.20, 0.30, 0.40]; [0.1, 0.21, [0.3, 0.4], (0.6, 0.7)) 
As ({0.50, 0.60, 0.70, 0.80]; [0.1, 0.2], [0.3, 0.4], [0.6, 0.7]) 
A, ({0.70, 0.80, 0.90, 1.0]; (0.2, 0.3], (0.4, .5], (0.6, 0.8]) 
C3 
A; ((0.40, 0.50, 0.60, 0.70]; (0.4, 0.5], [0.6, 0.7], (0.7, 0.8) 
A» ((0.20, 0.30, 0.40, 0.50]; (0.1, 0.2], [0.3, 0.4], [0.8, 0.9]) 
As ({0.70, 0.80, 0.90, 1.0]; [0.3, 0.5], (0.4, 0.6], [0.7, 0.8]) 
A, ({0.30, 0.40, 0.50, 0.60]; {0.4, .5], (0.6, 0.7], [0.7, 0.8]) 


Step 2: Calculate the attribute weight. 


Here we assume three cases for the attribute weight. 

Case 1 : When the attribute weights are completely known, let the weight vector be w = (0.25, 0.55, 0.20). 
Case 2 : When the attribute weights are partially known, we select the weight information as follows: 

0.35 < w, < 0.75 

0.25 < we < 0.60 

0.30 < ws < 0.45 

and w, + we + ws =" 


A = 


Using Model 1, we develop the single objective programming problem as 
max(D) = 45.92w, + 109.56w, + 98.20ws 
subject to w € A and ye w= 1, w;,> 0 forg = 1,2, 3. 
Solving this problem with optimization software LINGO 11, we get the optimal weight vector as 
w = (0.35, 0.35, 0.30). 


Case 3 : When the attribute weights are completely unknown, we use Model 2 and Eqn. (18) and obtain the 
following weight vector: 


b = (0.18, 0.43, 0.39). 


Step 3: Determine the positive and negative ideal solutions. 


Since the cost of the laptop 1s cost type attribute, and warranty and quality are benefit type attributes, therefore, 
using Eqs.(19) and (20), we get the following neutrosophic positive and negative ideal solutions: 
({0.30,0.33,0.38,0.43];[0.10,0.20],[0.20,0.30],[0.20,0.30] 
At = [0.70,0.80,0.90, 1 .0];[0.20,0.30],[0.40,0.50],[0.60,0.70] 
[0.70,0.80,0.90, 1 .0];[0.40,0.50],[0.60,0.70],[0.80,0.90] 
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({0.50,0.60,0.75, 1.0};[0.60,0.70],[0.40,0.50],.0.40,0.50] ) 
Ae ({0.10,0.20,0.30,0.40];[0.10,0.20],{0.30,0.40].[0.60,0.70] 
({0.20,0.30,0.40,0.50];{0.10,0.20},[0.30,0.40],.0.70,0.80] 


Step 4 : Calculate the separation measure from ideal solutions. 


Case 1 : From Eq. (21), we get the separation measure d; of each A; from A*: 

dj = d(A,, At) = 0.179, df = d(Ao, At) = 0.425, dt = d(A3, At) = 0.106, df = d(Ay, AT) = 0.325 
From Eq. (22), we get the separation measure d; of each A; from A’: 

d, = d(A,, A~) = 0.304, dy = d(Az, A~) = 0.083, dy = d(A3, A~) = 0.485, dy = d( Ag, A~) = 0.503 
Case 2 : From Eq. (21), we get the separation measure d} of each A; from A*: 

di = d(A;, AT) = 0.185, df = d(Ao, At) = 0.434, dy = d(A3, At) = 0.141, df = d(Ay, AT) = 0.335 
From Eq. (22), we get the separation measure d; of each A; from A™: 

d, = d(A;, A~) = 0.299, dy = d(Ag, A~) = 0.084, dy = d(A3, A~) = 0.479, dy = d( Ay, A-) = 0.381 
Case 3 : From Eq. (21), we get the separation measure d} of each A; from A*: 

dj = d(A,, At) = 0.167, dj = d(Ao, At) = 0.429, dy = d(A3, At) = 0.126, df = d(Ay, At) = 0.307 
From Eq. (22), we get the separation measure d; of each A; from A™: 

d, = d(A,, A) = 0.604, dy = d( Az, A~) = 0.094, dy = d(A3, A~) = 0.554, dy = d( Ag, A~) = 0.467 


Step 5: Calculate the relative closeness co-efficient. 


In this step, using Eq. (22), we calculate the relative closeness coefficient of the alternatives A,, Aj, A3, A, 
and obtain the following results (see Table 1): 


Table 1: Relative closeness co-efficient 


RCC(A;) Case 1 Case2 Case 3 
RCC(A;) 0.629 0.618 0.783 
RCC(Ay) 0.163 0.162 0.180 
RCC(A3) 0.819 0.773 0.814 
RCC(Ag) 0.607 0.532 0.603 


From the above table, we see that RC'C(A3) > RCC(A,) > RCC(A,) > RCC(Az2) in all cases. Therefore, 
we conclude that 
A3 > Ay > Ay > Ao 


where Az is the best alternative. 
Step 6: End. 


5.1 Comparative analysis 


The study made by Liu [22] presents TOPSIS method for MADM based on trapezoidal intuitionistic fuzzy 
number and does not include indeterminate type information in the decision making process. The preference 
value considered in our paper is interval trapezoidal neutrosophic number, which deals with indeterminate type 
information effectively along with truth and falsity type information. The method presented by Ye [44] and 
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Subas [45] discusses some aggregation operators of trapezoidal neutrosophic number and the decision making 
method proposed by Biswas et al. [42] presents trapezoidal neutrosophic number based TOPSIS method for 
MADM with partially known, and completely unknown weight information. We know that interval trape- 
zoidal neutrosophic number is a generalization of trapezoidal neutrosophic number. The approach provided 
by Biswas et al. [43] discusses ITrNN based MADM with known weight information, whereas our proposed 
model develops ITrNN based MADM model with known, partially known, and completely unknown weight 
information. Furthermore, the methods suggested by Biswas et al. [42], Ye [44], and Subas [45] are not suit- 
able for the decision making problem in this paper. In Table 2, we compare our results with those obtained by 
the method given by Biswas et al. [43]. 


Table 2: A comparison of the results 


Method Type of weight information Ranking result 
Biswaseealsmemiod 4s) Partially known Not Applicable 
Completely unknown Not Applicable 

Partially known A3 > Ay > Ay > Ao 


Proposed method 
Completely unknown A3 > Ay > Ay > Ao 


Therefore, our proposed method 1s more general than the existing methods because the existing methods cannot 
deal with ITrNN based MADM with partially known, and completely unknown weight information. 


6 Conclusions 


TOPSIS method is a very popular method for MADM problem and this method has been extended under 
different environments like fuzzy sets, intuitionistic fuzzy sets and neutrosophic sets. In this paper, we have 
extended TOPSIS method based on ITrNN. First, we have developed an optimization model to calculate the 
attribute weight with the help of maximum deviation strategy when the weight information is partially known. 
We have also developed another model by using Lagrangian function to determine attributes’ weights for 
unknown weight information case. With these weights we have solved MADM problem by TOPSIS method. 
Finally we have provided a numerical example of MADM problem and compared with existing methods. The 
proposed strategy can be extended to multi-attribute group decision making problem with ITrNN. This model 
can be used in various selection problems like weaver selection problem [51,52], data mining [53], teacher 
selection problem [54], brick field selection problem [55], center location selection problem [56,57], etc. under 
ITrNN environment. 
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1 Introduction 


We generalize the soft set to the hypersoft set by transforming the function F into a multi-argument function. 

Then we make the distinction between the types of Universes of Discourse: crisp, fuzzy, intuitionistic fuzzy, 
neutrosophic, and respectively plithogenic. 

Similarly, we show that a hypersoft set can be crisp, fuzzy, intuitionistic fuzzy, neutrosophic, or plithogenic. 

A detailed numerical example is presented for all types. 


2 Definition of Soft Set [1] 


Let U be a universe of discourse, P(U) the power set of U, and A a set of attributes. Then, the pair (F, UW), 
where 

F:A — P(U) (1) 
is called a Soft Set over U. 


3 Definition of Hypersoft Set 


Let U be a universe of discourse, P(UW) the power set of U. 

Let Q,, Qz,...,QA,, forn = 1, ben distinct attributes, whose corresponding attribute values are respectively the 
sets A;,Ap,..,An, with A; N A; = @, fori # j, and i,j € {1, 2,..., n}. 

Then the pair (F, A, X A> X ... x A,,), where: 

F:A, X Az X...X Ay, — P(U) (2) 
is called a Hypersoft Set over U. 


4 Particular case 
For n = 2, we obtain the I—Soft Set [2]. 


5 Types of Universes of Discourses 


5.1. A Universe of Discourse U,; is called Crisp if Vx € Uc, x belongs 100% to Uc, or x’s membership (7°) 
with respect to U; 1s 1. Let’s denote it x(1). 

5.2. A Universe of Discourse U; is called Fuzzy if Vx € U,, x partially belongs to U;, or T,, © [0,1], where 
T,. may be a subset, an interval, a hesitant set, a single-value, etc. Let’s denote it by x(T,). 

5.3. A Universe of Discourse U,; is called Intuitionistic Fuzzy if Vx € U;p, x partially belongs (7,.) and 
partially doesn’t belong (F,) to U;,, or T,,F, S [0,1], where T,. and F, may be subsets, intervals, hesitant sets, 
single-values, etc. Let’s denote it by x(T,,, F,). 

5.4. A Universe of Discourse Uy, is called Neutrosophic if Vx € Uy, x partially belongs (7;.), partially its 
membership is indeterminate (J,.), and partially it doesn’t belong (F,) to Uy, where T,,, 1, F,, © [0,1], may be 
subsets, intervals, hesitant sets, single-values, etc. Let’s denote it by x(T,, I, F,). 

5.5. A Universe of Discourse Up over a set V of attributes’ values, where V = {v,, V5, ...,V,},n = 1, is 
called Plithogenic, if Vx € Up, x belongs to Up in the degree d2(v;) with respect to the attribute value v,, for all 
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i € {1,2,...,n}. Since the degree of membership d2(v;) may be crisp, fuzzy, intuitionistic fuzzy, or neutrosophic, 
the Plithogenic Universe of Discourse can be Crisp, Fuzzy, Intuitionistic Fuzzy, or respectively Neutrosophic. 

Consequently, a Hypersoft Set over a Crisp / Fuzzy / Intuitionistic Fuzzy / Neutrosophic / or Plithogenic Uni- 
verse of Discourse is respectively called Crisp / Fuzzy / Intuitionistic Fuzzy / Neutrosophic / or Plithogenic 
Hypersoft Set. 


6 Numerical Example 


Let U = {X1,X2,X3,x,} anda set M = {x,,x3} CU. 
Let the attributes be: a, = size, a, = color, a, = gender, a, = nationality, and their attributes’ values respec- 
tively: 

Size = A, ={small, medium, tall}, 

Color = A, ={white, yellow, red, black}, 

Gender = Az ={male, female}, 

Nationality = A, ={American, French, Spanish, Italian, Chinese}. 
Let the function be: 
F: A, X Az X Az X Ay — P(U). (3) 
Let’s assume: 

F ({tall, white, female, Italian}) = {x,, x3}. 

With respect to the set M, one has: 


6.1 Crisp Hypersoft Set 


F ({tall, white, female, Italian}) = {x,(1), x3(1)}, (4) 
which means that, with respect to the attributes’ values {tall, white, female, Italian} all together, x, belongs 100% 
to the set M; similarly x3. 


6.2 Fuzzy Hypersoft Set 


F ({tall, white, female, Italian}) = {x,(0.6), x3(0.7)}, (5) 
which means that, with respect to the attributes’ values {tall, white, female, Italian} all together, x, belongs 60% 
to the set M; similarly, xz belongs 70% to the set M. 


6.3 Intuitionistic Fuzzy Hypersoft Set 


F ({tall, white, female, Italian}) = {x,(0.6, 0.1), x3(0.7, 0.2)}, (6) 
which means that, with respect to the attributes’ values {tall, white, female, Italian} all together, x, belongs 60% 
and 10% it does not belong to the set M’; similarly, xz belongs 70% and 20% it does not belong to the set M. 


6.4 Neutrosophic Hypersoft Set 


F ({tall, white, female, Italian}) = {x,(0.6, 0.2, 0.1), x3 (0.7, 0.3, 0.2)}, (7) 
which means that, with respect to the attributes’ values {tall, white, female, Italian} all together, x, belongs 60% 
and its indeterminate-belongness is 20% and it doesn’t belong 10% to the set M; similarly, xz belongs 70% and 
its indeterminate-belongness is 30% and it doesn’t belong 20%. 


6.5 Plithogenic Hypersoft Set 
Xi (a? _(tall), dy, (white), dy, (female), dy, (Italian) ) 
Xe (a8, (tall), dy, (white), dy, (female), dy, (Italian) 


where d2 _(a) means the degree of appurtenance of element x, to the set M with respect to the attribute value a; 
and similarly dy. (a) means the degree of appurtenance of element x2 to the set M with respect to the attribute 
value a; where a € {tall, white, female, Italian}. 

Unlike the Crisp / Fuzzy / Intuitionistic Fuzzy / Neutrosophic Hypersoft Sets [where the degree of appurte- 
nance of an element x to the set M is with respect to all attribute values tall, white, female, Italian together (as a 
whole), therefore a degree of appurtenance with respect to a set of attribute values], the Plithogenic Hypersoft Set 
is a refinement of Crisp / Fuzzy / Intuitionistic Fuzzy / Neutrosophic Hypersoft Sets [since the degree of appurte- 
nance of an element x to the set M is with respect to each single attribute value]. 

But the Plithogenic Hypersoft St is also combined with each of the above, since the degree of degree of appurte- 
nance of an element x to the set M with respect to each single attribute value may be: crisp, fuzzy, intuitionistic 
fuzzy, or neutrosophic. 


F ({tall, white, female, Italian}) = 


(8) 
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7 Classification of Plithogenic Hypersoft Sets 


7.1 Plithogenic Crisp Hypersoft Set 


It is a plithogenic hypersoft set, such that the degree of appurtenance of an element x to the set M’, with respect 
to each attribute value, is crisp: 

d°2(a) = 0 (nonappurtenance), or 1 (appurtenance). 

In our example: 

F ({tall, white, female, Italian}) = {x,(1, 1,1, 1), x3(1,1,1,1)}. (9) 


7.2 Plithogenic Fuzzy Hypersoft Set 


It is a plithogenic hypersoft set, such that the degree of appurtenance of an element x to the set M’,, with respect 
to each attribute value, is fuzzy: 

d°(a) € P([0,1]), power set of [0, 1], 
where d2(:) may be a subset, an interval, a hesitant set, a single-valued number, etc. 

In our example, for a single-valued number: 

F ({tall, white, female, Italian}) = {x,(0.4, 0.7, 0.6, 0.5), x3(0.8, 0.2, 0.7, 0.7)}. (10) 


7.3 Plithogenic Intuitionistic Fuzzy Hypersoft Set 


It is a plithogenic hypersoft set, such that the degree of appurtenance of an element x to the set M’,, with respect 
to each attribute value, is intuitionistic fuzzy: 

d°2(a) € P([0, 1]*), power set of [0, 1], 
where similarly d2(@) may be: a Cartesian product of subsets, of intervals, of hesitant sets, of single-valued num- 
bers, etc. 

In our example, for single-valued numbers: 

x (0.4,0.3)(0.7,0.2) (0.6, 0.0) (0.5, 0.1) 

FAT VISCO etre x3 (0.8,0.1)(0.2,0.5)(0.7, 0.0) (0.7, es oo 


7.4 Plithogenic Neutrosophic Hypersoft Set 


It is a plithogenic hypersoft set, such that the degree of appurtenance of an element x to the set M’, with respect 
to each attribute value, is neutrosophic: 

d°(a) € P([0, 1]*), power set of [0, 1], 
where d2(a) may be: a triple Cartesian product of subsets, of intervals, of hesitant sets, of single-valued numbers, 
etc. 

In our example, for single-valued numbers: 

, _ (x_1 [(0.4,0.1, 0.3) (0.7, 0.0, 0.2) (0.6, 0.3, 0.0) (0.5, 0.2, ee 
Pata Wale semale ean) ae '(0.8, 0.1, 0.1)(0.2, 0.4, 0.5)(0.7, 0.1, 0.0)(0.7,0.5,0.4)5 1?) 


Conclusion & Future Research 


For all types of plithogenic hypersoft sets, the aggregation operators (union, intersection, complement, inclu- 
sion, equality) have to be defined and their properties found. 

Applications in various engineering, technical, medical, social science, administrative, decision making and 
so on, fields of knowledge of these types of plithogenic hypersoft sets should be investigated. 
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1 Introduction 


Uncertainty is something that we cannot be sure about. It is a common phenomenon of our daily existence, because our world is full of uncertainties. There are 
many situations and complex physical processes, where we encounter uncertainties of different types and often face many problems due to it. Therefore it is natural 
for us to understand and try to model these uncertain situations prevailing in those physical processes. From centuries, the Science, whether Physics or Biology, 
or in Philosophy, i.e. every domain of knowledge has strived to understand the manifestations and features of uncertainty. Perhaps that is the main reason behind 
the development of Probability theory and Stochastic techniques which started in early eighteenth century, which has the ability to model uncertainties arising due 
to randomness. But the traditional view of Science, especially Mathematics was to worship certainty and to avoid uncertainty by all possible means. Therefore 
the classical mathematics failed to model many complex physical phenomena such as complex chemical processes or biological systems where uncertainty was 
unavoidable. Again probabilistic techniques cannot also model all kinds of uncertain situations. Natural language processing is an example of such problem where 
the above method fails. Thus the need for a fundamentally different approach to study such problems, where uncertainty plays a key role, was felt and that stimulated 
new developments in Mathematics. 

Recently a new theory has been introduced and which is known as neutrosophic logic and sets. The term neutro-sophy means knowledge of neutral thought 
and this neutral represents the main distinction between fuzzy and intuitionistic fuzzy logic and set. Neutrosophic logic was introduced by Florentin Smarandache in 
1995. It is a logic in which each proposition is estimated to have a degree of truth (T), a degree of indeterminacy (I) and a degree of falsity (F). A Neutrosophic set is 
a set where each element of the universe has a degree of truth, indeterminacy and falsity respectively and which lies between, the non-standard unit interval. Unlike 
in intuitionistic fuzzy sets, where the incorporated uncertainty is dependent of the degree of belongingness and degree of non belongingness, here the uncertainty 
present, 1.e. indeterminacy factor, is independent of truth and falsity values. In 2005, Wang et. Al. introduced an instance of neutrosophic set known as single 
valued neutrosophic sets which were motivated from the practical point of view and that can be used in real scientific and engineering applications. The single valued 
neutrosophic set is a generalization of classical set, fuzzy set, intuitionistic fuzzy set and paraconsistent sets etc. 

The recently proposed notion of neutrosophic sets is a general formal framework for studying uncertainties arising due to indeterminacy factors. From the 
philosophical point of view, it has been shown that a neutrosophic set generalizes a classical set, fuzzy set, interval valued fuzzy set, intuitionistic fuzzy set etc. Also 
single valued neutrosophic (SVN) set can be used in modeling real scientific and engineering problems. The SVN set is a generalization of classical fuzzy set [54], 
intuitionstic fuzzy set [7] etc. Therefore the study of neutrosophic sets and its properties have a considerable significance in the the sense of applications as well as in 
understanding the fundamentals of uncertainty [See [2, 3, 4, 5, 8, 10, 15, 16, 28, 29, 32, 33, 35, 36, 37, 38, 39, 40, 55]]. This new topic is very sophisticated and only 
a handful of papers have been published till date but it has immense possibilities which are to be explored. 

Graphs and Digraphs play an important role to solve many pratical problems in algebra, analysis, geometry etc. A couple of researchers are continuously engaged 
in research on fuzzy graph theory, fuzzy digraph theory, intuitionstic fuzzy graphs, soft digraphs [17, 22, 23, 24, 49]. However Neutrosophic graphs, SVN graphs 
concept have been defined by Samarandache and Broumi et al. in their papers [12, 45]. We have defined the SVN digraphs in our previous paper [50] 

In this paper we have developed the notion of SVN digraphs. Some preliminaries regarding SVN sets, graph theory etc. are discussed in Section 2. In section 3, 
we have defined the some terminologies regarding SVN digraph with examples. We have discussed SVN signed digraphs for the first time in Section 4. In section 5, 
we have solved a real life networking problem by using SVN signed digraph. Section 6 concludes the paper. 


2 Preliminaries 


Neutrosophic sets play an important role in decision making under uncertain environment of Mathematics. Most of the preliminary ideas regarding Neutrosophic sets 
and its possible applications can be easily found in any standard reference say [30, 43, 45, 46]. However we will discuss some definitions and terminologies regarding 
neutrosophic sets which will be used in the rest of the paper. Also we have added some new definitions and results on SVN digraphs in this section. 


Definition 1 /30] Let X be a universal set. A neutrosophic set A on X is characterized by a truth membership function t 4, an indeterminacy function 14 and a 
falsity function f 4, where ta,ia, fa: X — [0,1], are functions andV x € X, x = x(t a(x), t14(x), fa(x)) € A is a single valued neutrosophic element of A. 
A single valued neutrosophic set (SVNS) A over a finite universe X = {%1,%2,...,2n} is represented as below: 


nm 


—— d. (ta (ai), tA (2), fa(ai)) 


i=l 
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Definition 2 //] Let A= {(x;ta(x);i4(a); fa(x)); x € X} be asingle-valued neutrosophic set of the set X . For a € {0, 1], the a-cut of A is the crisp set Aq 
Aa = {x € X : either(ta(x);ia(x)) > aor fa(z) <1— a}. 
Let B = {((a, y);tB(az, y);iB(a, y); fa(a, y))} be a neutrosophic seton EC X x X . Fora € [0,1], the a-cut is the crisp set Ba defined by, 


Ba = {(a,y) € E: either (tp(az,y);ip(a, y) > a) or 
fa(x,y) < i a}. 


Definition 3/30] Suppose N(X) be the collection of all SVN sets on X and A, B € N(X). A similarity measure between two SVN sets A and B is a function 
S:N(X) x N(X) > [0,1] which satisfies the following condition: 
(i) 0S S(A,B) <1, 
(ii) S(A, B) = 1 ifand only if A = B. 
(iii) S(A, B) = S(B, A) 
(iv) [AC BCC, then S(A,C) < S(A, B) and S(A,C) < S(B,C) forall A, B,C € N(X). 


Note that here (i)-(111) are essential for any similarity measure and (iv) is a desirable property although not mandatory. 


Definition 4 The entropy of SVNS A is defined as a function E : N(X) — [0,1] which satisfies the following axioms: 
(i) E(A) = 0 if A is a crisp set. 
(ii) E(A) =1if(ta(ax),t4(2), fa(x)) = (0.5, 0.5, 0.5) Va € X. 
(iii) L(A) > E(B) if A is more uncertain than B i.e. ta(x) + fa(x) < tp(x) + fa(ax) and jia(x) —tagc(x)| < lip(x) —ipe(x)|/ VxaE Xx A,BEX. 
(iv) E(A) = E(AS) VA € N(X), where N(X) is the collection of all SVNS over X. 


Example 5 An entropy measure of an element x1 of a SVNS A can be calculated as follows: 


Fy (#1) =1— (ta(x1) + fa(x1)) X |ta(v1) — tac(x1)I- 


Graph theory are widely used in different areas of neutrosophic theory. Many authors have used different types of graphs in neutrosophic theory. Consider a SVN set 
Vp =4 (0x Cae (Oz); Wp (i). IVs (v;))),2 =1,...,n} over a finite universal set X. 


Definition 6 /50] A SVN digraph D is of the form D = (Vp, Ap) where, 
(i) Vp = {v1, v2, 03,...,Un} and the functions ty, : Vp — [0,1], iv, : Vo — [0,1], fvp : Vp — [0,1] denote the truth-membership function, a 
indeterminacy-membership function and falsity-membership function of the element v; € Vp respectively such that 0 < ty, (vi) tivp (vi) + fvp (Vi) < 3, 
Vir 2 Vist. = 1, 2 sens h, 
(ii) Ap = {(ui, vj); (vi, v7) € Vp X Vp} provided 0 < E(v;) — E(v;) < 0.5 and the functions ta, : Ap — [0,1],t4, : Ap — [0,1], fa, : AD > 
[O, 1] are defined by 
tAp (LU, vj f) S minityp (%), tvp (e;)I, 
tAp (1%, 07 }) 2 maxlivy (vi), tVvp (v,)], 
TAs ({vi, vj }) = mazx| fvp (vi), IVs (v;)| 


where ta ,,4Ap,fAp denotes the truth-membership function, a indeterminacy-membership function and falsity-membership function of the arc (v;,v;) € 
Ap respectively where 0 < ta, (vi, vj) +tap (vi, vj) + fap (Vi, v7) <3, V(ui, vj) € Ap, 1,9 € {1,2,...n}. 
We call Vp as the vertex set of D, Ap as the arc set of D where E(v) is the entropy of the vertex v. Please note that if E(v;) = E(wv;), then {(u;, vj), (vj, vi) } € 
Ap. Since for a vertex v € Vp of a SVN digraph D we have E(v) = E(v), thus every vertex of a SVN digraph D contains a loop (v, v) at v. On the other hand, if 
E(v;) — E(u;) > 0.5, we define that there exists no arc between the vertices vj; and v;. 


Example 7 Consider the SVN digraph Do = (Vp,, AD, ) in Figure 1 with vertex set Vp, = {V1, V2, v3} and arc set Ap, = {(v2, v1), (v1, v3), (v2, v3) } with 


one loop at each vertex as follows: 


U1 V2 U3 

tv, 04 04 05 
iv, O1 03 0.2 |, 

fi. G2 0% 0s 

E 0.52 08 0.4 


(v2,v1) (v2,v3) (v1, v3) 


ta. 103 0.2 0.4 
ian 0.4 0.3 0.3 
fan, 02 0.6 0.4 


It is clear that the Do is a SVN digraph. 


Definition 8 Suppose D = (Vp, Ap) and H = (Vz, Az) be two SVN digraphs with |Vp| = |Vxz\| corresponding to the SVNS Vp and V7 over an universal set 
X. Then the cartesian product of two SVN digraphs D and H is defined as a SVN digraph C = (Vc, Ac) in which the following holds: 


(i) Vo = Vp x Vu, 
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U1 


v2 3 


Figure 1: The SVN Digraph Do 


(Gi) ty (v1, v2) < min(ty, (v1), tvy (v2); Ive (U1, v2) < Min(ivy (v1), ivy (V2)); 
fo (v1, v2) = max( fp (v1), IVe (v2));V (v1, v2) E Vp Vz and, 


(iii) Ag = {((vi, 05), (v~,U1)); (G3 03); (VK, U1) € Vo x Vo} provided 0 < E(vuj,v;) — E(vug, wy) < 0.5. 
Definition 9 The degree and the total degree of a vertex v; of a SVN digraph D = (V, A) are denoted by 
dp (vi) = (de (vi), di(vi), dp (v%)) 


= ( ye tAaluy, 07); ys tA (Uj, Vj), > fa(vi,vj)), 


JAtFI JAtFJ IAFI 
Tdp(vi) = (>> ta(visvy) +tv(v), D> ta(vi, vj) + 
ItFI INFI 
iv(vi), D> fa(vi, vj) + fv (ms). 
JAtFI 


Example 10 The degree and total degree of the vertex v2 of the digraph Do in Example 7 are dp(v2) = (0.5, 0.7, 0.8) and Tdp(v2) = (0.9, 1, 0.9). 
Definition 11 4 SVN digraph D = (Vp, Ap) is called a k-regular SVN digraph if dp(v;) = (k,k,k) Vu; € Vp. 
Definition 12 A SVN digraph D = (Vp, Ap) is called a totally regular SVN digraph of degree (k1, k2,k3) if Tdp(v;) = (k1, k2,k3) Vu; € Vp. 


It is quite clear that the concept of a regular SVN digraph and totally regular SVN digraph are completely different. We have seen that the arc set Ap in D forms a 
SVN set [50]. Now we consider the concept of degree and total degree of an arc of a SVN digraph in the next definition. 


Definition 13 The degree and the total degree of an arc (u,v) of a SVN digraph are denoted by dp(u,v) = (de(u, v), di(u, v), dg(u,v)) and Tdp(u,v) = 
(Tdi (u,v), Td; (u,v), Tdz(u, v)), respectively and are defined as follows: 
1 
dp(u,v) = dp(u) + dp(v) — 5 (ta(u,v), ta(u,v), Fa(u, »)), 
Tdp(u,v) = dp(u,v) + (ta(u,v),t4(u, v), fa (u, v)) 
Example 14 Consider the SVN digraph Do in Figure 1. Here the degree and total degree of the vertices {v1, v2, v3} of Do as follows: 
dp(v1) = (0.4, 0.3, 0.4), Tdp(v1) = (0.8, 0.4, 0.6), 
dp(v2) = (0.5, 0.7, 0.8), Tdp(v2) = (0.9, 1, 0.9), 
dp(v3) = (0,0,0), Tdp(v3) = (0.5, 0.2, 0.5). 
Now we calculate the degree and total degree of each arc of Ap, of Do as follows: 
dp(v2,v1) = (0.85, 0.8, 1.1), Tdp(v2,v1) = (0.6, 0.6, 0.1), 
dp(v2,v3) = (0.4, 0.55, 0.5), Tdp(v2, v3) = (0.3, 0.4, 0.2), 
dp (v1, v3) = (0.2, 0.15, 0:2); Tdp (v1 ) v3) = (0, 0, 0). 


Definition 15 The maximum degree of a SVN digraph D = (Vp, Ap) is defined as A(D) = (At(D), Ai(D), Az (D)) where 


Ai(D) = max{di(v) : v € Vp}, 
A;(D) = mazx{d;(v) :v € Vp}, 
A-(D) = max{ds(v): uv € Vp}, 


Definition 16 The minimum degree of a SVN digraph D = (Vp, Ap) is defined as 6(D) = (6¢(D), 6;(D), 6¢(D)) where 


6t(D) = min{di(v) : v € Vp}, 
6;(D) = min{d;(v) : v € Vp}, 
d¢(D) = min{ds(v) : vu € Vp}, 
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Example 17 For the SVN digraph Dg in Figure 1, we have A(D) = (0.5, 0.7, 0.8) and 6(D) = (0, 0,0, ). 


Definition 18 Suppose D = (Vp, Ap) be a SVN digraph corresponding to a SVN set Vp. Then D is said to be 
(i) arc regular SVN digraph if every arc in D has the same degree (k1, k2, k3). 
(ii) equally arc regular SVN digraph if ky = ko = kz. 
(iii) totally arc regular SVN digraph if every arc in D has the same total degree (k1, k2, k3). 


It is also quite clear that the above three concepts are completely different to each other. 


3 SVN Signed Digraph 


In this paper, we will define the SVN signed digraph for the first time. 


Definition 19 Suppose D = (Vp, Ap) be a SVN digraph over a single valued neutrosophic set Vp. A signing of a SVN digraph D is an assignment of a sign (+ 
or —) to each arc of the digraph; the sign of arc (v, w) is denoted sgn(v, w). The result of a signing of D is called a SVN signed digraph. 

However to assign the sign of the arcs, we will follow some rules. For this, we will consider the a-level subdigraph D1 of a SVN digraph D. Then we will assign 
+ sign only to those arcs of D which are also the arcs of D . For the rest of arcs of D, we will assign — sign. 


Example 20 Consider the SVN digraph D1 = (Vp,, Ap, ) in Figure 2 with vertex set Vp, = {v1, v2, U3, v4} and arc set Ap, = {(v2, U1), (v1, U3), (v2, U3), 
(v2, V4), (v3, v4), (V4, 01) } with one loop at each vertex as follows: 


VI V2 V3 VA 

tvp, 04 04 05 0.2 

ive. “OL. 03-02 0% 

iv5, 02 O10 05: 1038 
E 052 08 04 1 


(v2,v1) (v2,u3) (v4,v1) (v1,U3) (va, v2) 


tap, 0.3 Ue, 0.1 0.4 0.2 
tap, 04 0.3 0.5 0.3 0.5 
tas, 02 0.6 0.3 0.4 0.4 


We take a = 0.5. In this case, the vertices {v1,v2,v4} of D1 are a-level vertices and the arcs {(v2,v1), (v4, v1), (v4, v2)} are the a-level arcs. Thus we will 
assign the sign as follows to the arcs of D4 


sgn(v2, v1) = sgn(v4,v1) = sgn(v4,v2) = + 
sgn(v1, v1) = sgn(v2, v2) = sgn(va, v4) = +, 


sgn(v2, v3) = sgn(v1, v3) = sgn(v3, v3) = — 


v1 (0.4, 0.1, 0.2) v2(0.4, 0.3, 0.1) 


v4(0.2,0.5,0.3) — v3(0.5, 0.2, 0.5) 


Figure 2: The SVN Digraph D, 


Remark 21 Throughout this paper, we have taken the value of a is 0.5. However, for different values of a we will get different signed SVN digraphs. Also, by Kn, 
we denote the complete SVN digraph of n-vertices. 


Definition 22 The sets of positive and negative arcs of a SVN signed digraph D are respectively denoted by D* and D~. Thus D= Dt UD~-. 

Definition 23 A SVN signed digraph is said to be homogeneous if all of its arcs have either positive sign or negative sign, otherwise heterogeneous. 

Definition 24 The sign of a SVN signed digraph is defined as the product of signs of its arcs.A SVN signed digraph is said to be positive (negative) if its sign is 
positive (negative) i.e., it contains an even (odd) number of negative arcs. A signed digraph is said to be all-positive (respectively, all negative) if all its arcs are 
positive (negative). 


Example 25 /t is clear that the sign of the SVN digraph Dy, in Example 20 is negative. It is clear that the SVN digraph Dy, is neither all positive nor all negative. 


Definition 26 4A SVN signed digraph is said to be cycle balanced if each of its cycles is positive, otherwise non cycle balanced. 
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Definition 27 4 SVN signed digraph is symmetric if (u,v) € Dt (orD7~) then (v,u) € D* (orD7—) where u,v € Vp. 


Definition 28 The adjacency matrix of a SVN signed digraph D is the square matrix M = (a4; ) whose (i,j) entry aj; is +1 ifarc (vj, v;) in D has a + sign, —1 
if arc (v;,v;) in D has a — sign, and 0 if arc (v;,v;) is not in D. 


Example 29 The adjacency matrix M of the SVN signed digraph Dy in Figure 2 is as following: 


1 O —-1 O 
1 1 —-1 O 
ais 0 O -l O 
1 1 O 1 


Definition 30 The characteristic polynomial 6(t) = |tI — M| of the adjacency matrix M of a SVN signed digraph D is called the characteristic polynomial of D 
and it is denoted by p(t). The eigenvalues of M are called the spectral of the digraph D. 


Example 31 The characteristic polynomial 6(t) of the SVN signed digraph Dy, in Figure 2 is 6(t) = (t — 1)3(t + 1) and spectral values are 1,1,1, —1. 


Definition 32 Suppose D = (Vp, Ap) be a SVN signed digraph over a single valued neutrosophic set Vp = {v1,vV2,..-,Un}. Consider the complement SVN 
digraph D© corresponding to the complement SVN set Ve . The digraph Ve with a signing of arcs is called the signed complement of the SVN signed digraph Vp. 


Here we choose the same value of a as of D and also consider the a-arcs and a-vertices. According to the a-arcs and a-vertices we assign signs to the arcs of V;5. 


Example 33. Consider the SVN complement digraph D° of the SVN digraph Dy, in Figure 2. 


sgn(v2,v1) = sgn(va,v1) = sgn(va,v2) = —, 

sgn(v1,¥1) = sgn(v2,v2) = sgn(va, v4) = +, 

sgn(v2,u3) = sgn(v1, v3) = sgn(v3,v3) = +. 
v1 (0.4, 0.1, 0.2) v2(0 .4,0.3, 0.1) 


v4(0.2,0.5,0.3) — v3(0.5, 0.2, 0.5) 


Figure 3: The SVN Digraph D& 


4 Some important results of a SVN Signed Digraph 

In this section we will discuss some results regarding SVN signed Neutrosophic digraphs. Like wise a SVN digraph D, we define the terminologies of a SVN signed 
digraph. However, the order of a SVN signed digraph D, denoted by | D], is the number of vertices of D. The size of a SVN signed digraph D, is the number of arcs 
of D i.e. |A p|. 


Theorem 34 4 SVN (signed) digraph D # Ky of order > 3 is always acyclic. 

Proof 35 Suppose there exist a cyclic SVN (signed) digraph D = (Vp, Ap) has vertex set Vp = {v1,V2,U3,..-,Un}. Without loss of generality, let D has a 
cycle of length k, where k > 3 say (v1, v2,..., Ux). Then we have E(v1) > E(v2) >..., E(ug) > E(v1)- which is impossible. Hence D does not have a cycle 
of length k. 

Corollary 36 Any asymmetric SVN signed digraph of order > 3 is not balanced. 

Theorem 37 Any asymmetric SVN (signed) digraph H of order > 3 is not strongly connected. 


Proof 38 Since there does not exists any SVN (signed) digraph with a cycle of length > 3, hence the results follows. 


Theorem 39 Jn any complete symmetric SVN digraph D = (Vp, Ap), where Vp = {v1,v2,.--,Un}, 
S— dp(v%) = (dt(v;), di (vi), dp (v4 )) 
= ( oS ta(v;,v;), S— 1 (v;, Vj), S— fa(vi,v;)), 


JAtFJ JAZ JAZ 


Vu; € Vp. 
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Proof 40 For any symmetric complete SVN digraph D = (Vp, Ap), where Vp = {v1, v2,..-, Un}, we have, >) dp (vi) = (2 dt(vi), >) di (ui), 2 dz (vi )) 
= (de(v1), di(v1),dp(v1)) +... + (de(%n); di (Yn), dy (vn) 

= (yas; €4(V1,0;), jizz tA UG), ys; fa(v1,v;)) +...4+ 

( see tA (Un, v5); ees tA(Un, 05) eee fa (res v;)) 

= 2 inj tai ey)s Dy igg Ai Us) Dj izy fa(vi, Vy). 

However the converse of the Theorem 39 is not true for a asymmetric and incomplete SVN digraph which can be followed from the Example 10. The SVN digraph 
Do is asymmetric as well as incomplete. Clearly the Theorem 39 does not hold. 


Theorem 41 Suppose D = (Vp, Ap) be a SVN symmetric digraph which has a cycle C on p-vertices, say {V1, V2,..., Up}. Then, 


> ap(vi) 
= 5S dp(u,v;) + 5 ( ys tA (UH; 05); >, ia (vi, vj), Su fa(vi,v;)) 


JAtFJ GAtFI GAtFI 
where (v4,0;) EC Chi FZ. 
Proof 42 We have, \° dp(vi,vj) = dp(v1, v2) +... + dp(vp, v1) 
= dp(v1) + dp(v2) — 4 (ta(v1, v2),%4(v1, v2), fa(v1,v2)) +...+ 
dp (vp) + dp(v1) — 5(ta(vp, v1), ta (vp, v1), fa(vp,v1)), 
=h GEC dp (vi )— 
5{ res, ta (vi, V5), eee ta(vi, vj), ee falvi, vj) } 
= dwaee dp(vj)+, 
21 Deeg ta(vi, v5), ares, 14 (vi, Vj); are, fa(vs, i; )} 
—5( ere ta(vi, v5), ore, t4(vi, V5), ares fav, vj), 
= > ap (vi, v;)+, 
5 ( ares ta(vi, v5), ae, t4(vi, v5), pares fav, vj). 
Theorem 43 The maximum value of the degree of any vertex in a complete SVN digraph D with n vertices is (n — 1,n —1,n — 1). 
Proof 44 Suppose D = (Vp, Ap) be a complete SVN digraph. Then the maximum truth-membership value given to an arc is I and the number of arcs incident on 


a vertex can be at most n — 1. Hence the maximum truth-membership degree of any vertex in a complete SVN-digraph with n vertices is n — 1. Similar argument 
can be done for indeterminacy-membership degree and falsity-membership degree of any vertex. Hence the result follows. 


The following remarks are quite natural for a SVN signed digraph: 


Remark 45 (i) A single valued neutrosophic signed digraph is a single valued neutrosophic positive signed digraph if every even length cycles having all 
negative signed arcs. 
(11) Odd length cycle having all negative signed arcs is always a negative signed digraph. 


(iii) An odd length single valued signed neutrosophic cycle is balanced if and only if it contains at least one positive arcs or odd number of positive arcs. 


5S Applications of a SVN Signed digraph 


The applications of SVN sets in solving real life problems under uncertainty has been shown by many authors. In this section we have shown the application of our 
SVN signed digraphs in solving two problems namely a classification problem and a decision making problem. 


5.1 Classification problem 


Consider the SVN set V(D) = {v1, v2, v3.v4} in Example 20 and the corresponding SVN signed digraph D = (Vp, Ap) in Figure 2. To draw SVN signed 
digraph, we have taken a = 0.5. Based on this a, we find that the vertices {v1, v2, va} of D1 as a-level vertices and the arcs {(v2, v1), (v4, v1), (v4, v2)} as the 
a-level arcs. Then we assign the signs to the arcs of D as follows: 


sgn(v2,v1) = sgn(v4,v1) = sgn(va,v2) = +, 
sgn(v1, v1) = sgn(v2, v2) = sgn(va, v4) = +, 
sgn(v2, v3) = sgn(v1, v3) = sgn(v3, v3) = —. 


Hence, we can form a partition of two sets namely P,Q, where P = {v1, v2, v4} and Q = {v3} from the elements of a SVN set V(D). The partition is done on 
the basis of signing of the a-level vertices. Thus by drawing SVN signed digraph of a SVN set, we can get a 2-point classification of a SVN set. 


5.2. Algorithm for 2-point classification of a SVN set 


One can attempt for 2-point classification of a SVN set by using the following algorithm: 
(i) Consider a SVN set V(D). 
(ii) Draw a SVN digraph D = (V(D), A(D)), where V(D), A(D) are the vertex set and arc set of D respectively. 
(111) Choose the value of a and find out a level vertices of D. The choice of the value of the a is completely depend on the programmer. 
(iv) Assign the positive sign with the a level vertices, arcs and negative sign to rest of the vertices, arcs of D. In that case D turns into a SVN signed digraph. 


(v) Finally consider two sets P,Q s.t P consists the positive vertices and @ contains the negative vertices. Hence a partition of the SVN sets V(D) is done 
consisting of two sets P and Q respectively. 
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5.3. A Decision Making Problem 


Suppose A, B, C' be three nations willing to explore the possibility trade between them. Considering various situations in there countries like, political stability, case 
of doing business, human resource, trade laws etc. Each country was assigned grades of positive factors, indeterminacy and negative factors as follows: 


A(0.4, 0.3, 0.2), B(0.4, 0.1, 0.2), C(0.5, 0.2, 0.4). 


In these way, we can characterize the three country A, B, C respectively. We must to find the possibility of trade between them. For this, we consider A, B, C’ as the 
three vertices v1 , v2, v3 respectively as a vertex set Vp, of a proposed SVN digraph D4 = (Vp,, Ap, ). Now we draw the SVN digraph D4 as follows: 


U1 U2 U3 


(v1,v2) (v1,¥3) (v2, v3) 
tvp 04 04 0.5 i, ae ne 
ys ‘Oxo OA <Q |g) 2 
fvp 02 02 0.4 tAp 0. 0.3 0.3 

E 0.76 0.52 0.46 TAs 0.2 0.6 0.4 


Here, we have seen that Ap, = {(v1, v2), (v1, v3), (v2, v3) }. So we can say that, there is a good transport communication between the country pair (A, B), (A, C), (B, C) 


v2 


Figure 4: The SVN Digraph D4 


respectively. Now consider a = 0.3. Here, the vertices {v1, v2} of D4 are a-level vertices and the arcs {(v1, v2) } is the only a-level arcs. Thus we will assign the 
sign as follows to the arcs of D4 


sgn(vi,v2) = sgn(v1,v1) = sgn(v2,v2) =+, 
sgn(v2,v3) = sgn(v1,v3) = sgn(v3, v3) = — 


From this SVN signed digraph D4 we can conclude that both A and B have a common enemy C’. Hence although there is a good communication between two 
country (A, C’) and (B,C), it is not possible to do business between them due to their political situation. Hence a cyclic triple SVN signed digraph D4 with one 
positive arcs can evaluate the real networks. 


6 Conclusion 


F. Smarandache introduced the neutrosophic set theory in his paper [43] as a generalization of fuzzy intuitionistic set theory. After that many researchers have 
developed the neutrosophic set theory, SVN theory, neutrosophic graph theory etc. and have applied those theories in solving many practical problems ([{1, 6, 10, 12, 
13, 14, 19, 20, 21, 26, 31, 41, 42, 48, 50, 51, 52, 53] etc.). We have developed earlier SVN digraph theory corresponding to a SVN set in our paper [50]. In this 
paper we have further developed the SVN digraph theory and introduced the notion of SVN signed digraphs and studied some of its important properties and applied 
it in a decision making problem. In future, one may study the decision making problems using SVN signed digraphs. The study of deeper properties of SVN signed 
digraphs and solution of more real life problems will be done in our subsequent papers. 
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Abstract: In this paper, we introduce the notion of a single-valued co-neutrosophic graphs and study some methods 
of construction of new single-valued co-neutrosophic graphs. We compute degree of a vertex, strong single-valued 
co-neutrosophic graphs and complete single-valued co-neutrosophic graphs. We also introduce and give properties of 
regular and totally regular single-valued co-neutrosophic graphs. 


Keywords: Single-valued neutrosophic graphs; degree of a vertex; strong single-valued co-neutrosophic graphs; 
complete single-valued co-neutrosophic graphs; regular and totally regular single-valued co-neutrosophic graphs. 


1 Introduction and preliminaries 


Zadeh [21] introduced the concepts of fuzzy set theory as a generalized concept of crisp set theory. The concept 
of fuzzy graph theory as a generalization of Eulers graph theory was first introduced by Rosenfeld [17] in 1975. 
Later, Bhattacharya [5] gave some remarks on fuzzy graphs. The concept of cofuzzy graphs by M. Akram [1]. 
The concepts of intuitionistic cofuzzy graph by Dhavaseelan [9]. Smarandache [20] introduced the concept of 
neutrosophic sets. Certain types of neutrosophic graphs were introduced by R. Dhavaseelan et al. [10].Some 
more work in single valued neutrosophic set,interval valued neutrosophic set and their application may be 
found in Karaaslan,et .al., [13], Hamidi,et .al., [11,14], Broumi, et.al., [6—8, 15] and Shimaa Fathi,et.al [18]. 
Kandasamy, et.al [12], introduced the new dimension of neutrosophic graph. 

In this paper, we introduce the notion of a single-valued co-neutrosophic graphs and study some methods 
of construction of new single-valued co-neutrosophic graphs. We compute degree of a vertex, strong single- 
valued co-neutrosophic graphs and complete single-valued co-neutrosophic graphs. We also introduce and 
give properties of regular and totally regular single-valued co-neutrosophic graphs. 


Definition 1.1. [19] Let X be a space of points. A neutrosophic set A in X is characterized by a truth- 
membership function T’, (~), an indeterminacy membership function J , (x) and a falsity membership function 
F(x). The functions T', (x), J,(a)and F',(a) are real standard or non standard subsets of |0~,1*|. That is, 


A 
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T (2): X >]0-,17[, 1, (2): X 3)]07, 1° LF, (2): X 3/07, 17[ and0- < T,(4)4+J7,(4) 4+ F(a) < 37. 
From philosophical point view, the neutrosophic set takes the value from real standard or non standard subsets 
of ]O~,1*]. In real life applications in scientific and engineering problems, it is difficult to use neutrosophic 
set with value from real standard or non standard subset of |O~ , 17]. 


Definition 1.2. [2,4] A single-valued neutrosophic graph is a pair G = (A,B), where A : V — [0,1] is 
single-valued neutrosophic set in V and B : V x V -> [0,1] is single-valued neutrosophic relation on V such 
that 


Tay) Sin, 12), 2) (ey) Sm ee) yf Peg) Sex| Ft 


for all z,y € V. A is called single-valued neutrosophic vertex set of G and B is called single-valued neu- 
trosophic edge set of G, respectively. We note that B is symmetric single-valued neutrosophic relation on A. 
If B is not symmetric single-valued neutrosophic relation on A, then G = (A, B) is called a single-valued 
neutrosophic directed graph. 


2 Single-valued co-neutrosophic graphs 


Definition 2.1. A single-valued co-neutrosophic graph is a pair G = (A, B), where A: V — [0, 1] is a single- 
valued co-neutrosophic set in V and B : V x V -> |0, 1] is a single-valued co-neutrosophic relation on V such 
that 


Ty, (vy) = max{T),(7),T,(y)t 
I, (vy) 2 maxi, (7), 1,(y)t 
F,(vy) S ming F',(2), Fy, (y)5 


for all x,y € V. A and B are called the single-valued co-neutrosophic vertex set of G and the single-valued 
co-neutrosophic edge set of G, respectively. We note that B is a symmetric single-valued co-neutrosophic 
relation on A. If B is not a symmetric single-valued co-neutrosophic relation on A, then G = (A, B) is called 
a single-valued co-neutrosophic directed graph. 


Notation 2.1. The triples (7'4(), [4(x), F'4(x)) denotes the degree of membership, an indeterminacy member- 
ship and nonmembership of vertex x, The triples (Tp(ry), [p(xy), F'p(xy)) denote the degree of membership, 
an indeterminacy membership and nonmembership of edge relation xy = (x,y) on V. 


Definition 2.2. A partial single-valued co-neutrosophic subgraph of single-valued co-neutrosophic graph G = 
(A, B) is a single-valued co-neutrosophic graph H = (V’, E") such that 


(1) y’ G V, where T', (v;) = T'4(v;), LT’, (v;) < T4(v,), FY, (u;) ee F'4(v;) for all (be cw V. 

(Gi) Ta(xy) <Tp(xy)s[p(xy) < Ip(xy); Fp(xy) > Fp(xy) for every x and y 
Definition 2.3. A single-valued co-neutrosophic graph H = (A, B :) is said to be a single-valued co-neutrosophic 
subgraph of the single-valued co-neutrosophic graph G = (A,B) if A C Aand B C B. In other words if 


T, (x) = Ta(x);I4 (x) = a(x); F(x) = Fa(x) and Ta(xy)’ = Tp(ay)sIp(cy) = Ip(xy); Fa(cy) = 
F’p(xy) for every x and y 
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Figure 1: G: Single-valued co-neutrosophic graph 
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(0.6,0.6,0.4) 

(0.4, 0.4, 0.5) (0.5, 0.5, 0.5) 


Figure 2: H : Single-valued co-neutrosophic partial subgraph (H C G) 


Definition 2.4. A single-valued co-neutrosophic graph G = (A, B) is said to be strong single-valued co- 
neutrosophic graph if Tp(2y) = max(T4(x), Ta(y)),le(cy) = max(l4(x), La(y)) and Fa(ay) = min(F'4(x), Fa(y)), 
for all (xy) € E. 


Definition 2.5. A single-valued co-neutrosophic graph G = (A, B) is said to be complete single-valued co- 
neutrosophic graph if Tp (ay) = max(T4(x), Ta(y)), [p(vy) = max(La(x), La(y)) and Fe(ay) = min( F(x), Fa(y)), 
forevery 7,y € V. 


Definition 2.6. Let G = (A, B) be a single-valued co-neutrosophic graph. Then the degree of a vertex v 
is defined by d(v) = (dr(v),dr(v),dr(v)), where dr(v) = >), Ta(u,v), dr(v) = diz, Ja(u, v) and 
dp(v) _ er LB (u, v) 

Definition 2.7. The minimum degree of G is 6(G) = (d7(G), 67(G), dr(G)), where d7(G) = min{dr(v)|v € 
V }, 67(G) = min{d;(v)|v € V} and 6r(G) = maxr{dr(v)|v € V} 
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Figure 3: H : Single-valued co-neutrosophic subgraph 
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Figure 4: Complete single-valued co-neutrosophic graph 


Definition 2.8. The maximum degree of Gis A(G) = (A7(G), A7;(G), Ar(G)), where Ap (G) = max{dr(v)|v € 
V}, Ar(G) = maxr{d;(v)|v € V} and Ap(G) = min{dpr(v)|v € V} 


Example 2.1. Let G = (A, B) be a single-valued co-neutrosophic graph. Draw as below 


The degrees are dr(a) = 1.6,d;(a) = 1.6,dpr(a) = 1.0,dr(c) = 1.3, dz(c) = 1.8, dpr(c) = 0.5, dr(d) = 
if,d(d)=1:,,.dp(d) = Li,dpb) =1,0,07(0) = 1,0da(b) = 0.8. 
Minimum degree of a graph is 67(G) = 1.0,67(G) = 1.0, d7(G) = 1.1 
Maximum degree of a graphis A7(G) = 1.7, A7(G) = 1.7, Ar(G) = 0.5 


Definition 2.9. Let G = (A, B) be a single-valued co-neutrosophic graph. The total degree of a vertex v € V 
is defined as : 

Td(v) = Tdr(v)+Td;(v)+Tdr(v), where Tdr(v) = >> 
I,4(v) and Tdr(v) = 5 Fe(u,v) + Fa(v). 


Tet, o) la), Fao) =>. Ip(u,v)+ 


(u,vy)EE (u,vy)EE 


(u,vy)EE 
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(0.4, 0.4, 0.5) (b » < (0.3, 0.3, 0.6) 


(0.5,0.5,0.3) (0.7,0.7,0.2) 





(0.5, 0.5, 0.4) (a) TP TES Cc) (0.6, 0.6, 0.4) 


If each vertex of G has the same total degree (11,172,173), then G is said to be an (71, 72,73) totally regular 
single-valued co-neutrosophic graph. 


Definition 2.10. Let G = (A, B) be a single-valued co-neutrosophic graph. If each vertex has same degree 
(r,s, t), then G is called (r, s,t) regular single-valued co-neutrosophic graph. Thus r = dr(v), s = d7(v),t = 
dp(v);forv € V. 


Example 2.2. Let G = (A, B) be a single-valued co-neutrosophic graph. Draw as below 


0.7,0.7,0.3 
(0.3, 0.3, 0.5) ep (v) (0.5, 0.5, 0.4) 


(0.6,0.6,0.4) (0.6,0.6,0.4) 





(0.4, 0.4,0.5) (x) Cu) (0.5,0.5, 0.4) 


dy) = (381-38, bide) (heb, 1) da) =: (1831.8. 1) de) = Ces. 1.8. Tel); So; Gis: 
regular single-valued co-neutrosophic graph. But G is not totally regular single-valued co-neutrosophic graph. 
Since Td(y) = 5.8 £4 6.1 = Td(v). 


Remark 2.1. (a) For a single-valued co-neutrosophic graph, H = (A,B) to be both regular & totally regular, 
the number of vertices in each edge must be same. 


(b) And also each vertex lies in exactly same number of edges. 


Proposition 2.1. Let G = (A, B) be a single-valued co-neutrosophic graph. Then 74 : V > [0,1], l4:V —- 
(0, 1], F'4 : V — [0,1] is a constant function iff following are equivalent. 
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(1) Gis a regular single-valued co-neutrosophic graph, 
(2) Gis a totally regular single-valued co-neutrosophic graph. 


Proof. suppose that (74, [4, F'4) is a constant function. Let T4(v;) = ky, La4(u;) = ke, Fa(vi) = kg for 
all vu; € V. Assume that G is a (r1,72,73) regular single-valued co-neutrosophic graph. Then dr(v;) = 
Vis dr(v;) = 19, dp(v;) = r3 forallv; € V. So T d(v;) = T dr(v;) ai T dz(v;) i Tdp(v;) 

Tdr(v;) = dp (v;) = T'4(v;), for all Ue V 


= 7s kt = ch: 
T dz(v;) = dy(v;) =F I4(v,), for all UES V 
= rotke = cy. 


Tdpr(v;) = dp(v;) ae F',(v,;), for all US V 
=. Tas ks = C3. 
Hence G is totally regular single-valued co-neutrosophic graph. Thus (1) = (2) is proved. 
Now, suppose that G is a (1, ta, t3) totally regular single-valued co-neutrosophic graph, then Tdr(v;) = 
bis Tdr(v;) = tg, Tdpr(v;) = t3 for all UU; E V. 


T dr(v;) = dp (v;) tr T'4(v;) = bits 
=> dr (v;) =%tj,- T'4(v;) =ti}—- ky, for all v; € V. 


Similarly, T dz(v;) = dz(v;) + T4(v;) = tg, 
=> dr(v;) = fo — T4(v;) = ty — ko, for all vu; € V. 


Tdpr(v;) = dr(v;) ae F'4(v;) = tz, 
=> dp(v;) = ts — F'4(v;) = tz — kg, for all v; © V. So, G is a regular single-valued co-neutrosophic graph. 
Thus (2) = (1) is proved. Hence (1) and (2) are equivalent. 


Proposition 2.2. If a single-valued co-neutrosophic graph is both regular and totally regular, then (T'4, I, F'4) 
is constant function. 


Proof. Let G be a (r, s,t) regular and (k,, kz, k3) totally regular single-valued co-neutrosophic graphs. So, 
dr(v,) = r,dz(v,) = s,dr(v,) = t for v, € V and Tdr(v,) = ky, Tdr(v,) = ke, Tdr(v1) = kg for all 
Oe V. Now, 
Tdr(v1) = ky, for all (OF ace Vy, 
dr(vy) +T, = ky, forall v, € V, 
r+T (v1) k, for all v, € V, 
Ta(v1) = k, —71, forall v, € V. 


Hence 7'4(v;) is a constant function. 
Similarly, [4(v,) = ko — s for all vy € V and F4(v,) = ks — t for all vu; € V. Hence (Ty, [4, F'4) is a 
constant. [| 


3 Conclusion 
In this paper, we introduced the notion of a single-valued co-neutrosophic graphs and study some methods of 


construction of new single-valued co-neutrosophic graphs. We computed degree of a vertex, strong single- 
valued co-neutrosophic graphs and complete single-valued co-neutrosophic graphs. Properties of regular and 
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totally regular single-valued co-neutrosophic graphs are discussed. In future, we are introduce and discuss the 
energy of Single-valued co-neutrosophic graphs. 
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